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ABSTRACT

RELIABILITY AND VALIDITY OF THE RNR PROGRAM TOOL
Erin Crites, PhD
George Mason University, 2015
Dissertation Director: Dr. Faye S. Taxman

The risk-need-responsivity model (Andrews & Bonta, 2010; Andrews, Bonta, & Hoge,
1990; Andrews & Bonta, 2010; Andrews & Dowden, 2006; Andrews, Zinger, et al.,
1990a, 1990b) has become an important foundational principle for many scholars and
professionals in the correction’s field. In addition, principles of effective interventions for
justice-involved persons have also gained favor. Even when there is strong evidence on
what types of interventions are most effective, practitioners often struggle to implement
theoretically sound, evidence-based, and structured programs. Identifying the essential
features of programs—target, content, dosage, and implementation fidelity are key for
achieving good outcomes. The RNR Program Tool is designed to assist practitioners in
understanding how well their programs meet these essential features and how likely they
are to achieve their desired outcomes. It classifies programs based on target behaviors
and assesses the quality of programs relative to the features expected to be present based
on the program’s classification.
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This dissertation is built around a set of three papers, each addressing different aspects of
the development, reliability and validity testing, and relevance of the RNR Program Tool.
The first paper (presented in Chapter Three: Pilot Testing and Internal Consistency of the
RNR Program Tool) describes the pilot testing and scoring of the RNR Program Tool
using early pilot data. The results suggest the tool has sufficient internal reliability in its
domains to measure program adherence to the risk principle, need principle, responsivity
principle, dosage principles, sound implementation, additional characteristics or
restrictions, and an overall measure of program quality. The second paper (presented in
Chapter Four: Assessing the Predictive Validity of the RNR Program Tool uses data from
the Multi-site Adult Drug Court Evaluation (MADCE; Rossman, et.al, 2003-2009) to test
the predictive capabilities of the RNR Program Tool’s scoring areas. Although a clear
predictive relationship could not be modeled between the RNR Program Tool scores and
MADCE outcomes (re-arrest at 24-months) due to limitations in the data resulting in a
lack of variability in many of the scoring domain, this exercise reinforced the need for
making tools like the RNR Program Tool available to programs and to move towards a
process for describing programs in greater detail. A third, and final paper included in
Chapter Five: Identifying and Describing Program Targets and Interventions—A Key
Step in Moving Towards Systemic Responsivity extends the discussion on the
importance of collecting information on program features. Findings from this
investigation suggest programs targeting similar behaviors, have similar features, and
scores on the RNR Program Tool’s domains vary significantly between the program

xiv

classification groups. Finally, the concluding chapter identifies the theoretical, policy and
practice, and future research implications of this work.

xv

CHAPTER ONE: INTRODUCTION

Providing programming and treatment services to individuals involved in the
criminal justice system is one way to reduce the likelihood of recidivism (Wilson &
Petersilia, 2011). In order for programming to have its desired effect, research has shown
that it must adhere to a number of principles. These features of programming, termed by
one group of scholars as “Principles of Effective Correctional Interventions,” include
adhering to the risk-need-responsivity principles, employing human services strategies,
taking a multimodal approaches, using structured assessments, focusing on communitybased services, engaging a well trained staff, and maintaining a committed management,
among others (Andrews, 1990; Andrews & Bonta, 2010; Andrews, et al., 1990;
Gendreau, 1996; Gendreau & Goggin, 1996). Identifying the presence or absence of these
principles has led to the development of a number of assessment instruments (e.g. CPAI
(Gendreau & Andrews, 1994), SPEP (Lipsey, Howell, Kelly, Chapman, & Carver, 2010)
and using research evidence to assess program outcomes is a key feature in the Results
First Iniative (Pew/MacArthur Results First Initiative) based on the cost-benefit model
designed by Washington State Institute for Public Policy (WSIPP, 2015). While each tool
has been subjected to fairly extensive research and use, each also requires either a trained
evaluator (in the case of the CPAI), the presence of meta-analytic data focused on the
specific intervention (for the SPEP, Lipsey & Howell, 2012, p. 520 and Results First
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Initiative), or extensive data manipulation to generate inputs (for the Results First
Model). Local criminal justice organizations, treatment agencies, and service providers
may not have the resources to obtain formal professional evaluations using the CPAI,
implement only those interventions designed for juveniles for which the SPEP was
designed, or provide services that fit within one of the program descriptions provided by
WSIPP for the Results First Model and have access to necessary data points to complete
the full model.
A new web-based self report tool was developed to fill this gap. It is based on the
principles of effective correctional practices as well as research on effective behavioral
health interventions. The purpose of this study is to test the RNR Program Tool, both in
terms of its reliability, validity, and to identify common characteristics of programs
addressing similar target behaviors. The following sections will describe the theoretical
framework guiding this research. Further details of each component of the theoretical
framework and the RNR Program Tool are described in Chapter Two.
Theoretical Framework
This study draws primarily from the correctional treatment literature, but also
includes other health services research on program implementation, effectiveness, and
evaluation. Specifically, the tool being validated is based on the Principles of Effective
Correctional Interventions, which includes the Risk-Needs-Responsivity (RNR) Model.
Andrews and Bonta’s (2010) Psychology of Criminal Conduct describes their RNR
Model in detail. Notably they suggest that following the principles of risk, need, and
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responsivity, as well as, using human services approaches with an emphasis on
maintaining program integrity will lead to reduced criminal behavior.
Much of Andrews and Bonta’s work is consistent with research on effective
behavioral health interventions outside of criminal justice settings. Effective behavioral
health interventions use empirically supported theory (Michie & Abraham, 2004) and
improve implementation by creating precise, concrete guidelines for program
implementation and measurement of success (Michie, 2004). Doing these two things
makes it easier to determine what is occurring inside the intervention to promote behavior
change (Abraham & Michie, 2008). A key issue for the effectiveness of any behavioral
health intervention is the quality of the program (Magura, 2000). In addition to quality,
Bellg, Borrelli, Resnick, Hecht, Minicucci, Ory, and others (2004) suggest that without
addressing issues of fidelity, studies of effectiveness have limited internal and external
validity, and can lead to an increase in the costs of interventions. In order to ensure
treatment fidelity researchers must link theory and application in a number of areas
including: the design of the intervention and study; monitoring and improving training
and delivery of treatment; and ensuring patients receive treatment and can use the skills
gained in treatment.
Effective programs are often identified through demonstration and pilot projects.
Unfortunately, going to scale often becomes a challenge. Hollin and Palmer (2006)
describe a number of controversies and possible resolutions to improve programs
targeting offending behavior. One of the controversies they describe concerns expanding
programs from the initial pilot studies to wider implementation. They suggest that
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interventions are often deemed effective via demonstrations projects, and organizations
come to full-scale implementation with unrealistic expectations about how the program
will perform in the “real world.” Once a program is implemented it becomes important to
test the degree to which the program is operating with fidelity to the original design. One
way to do this is through evaluation. Hollin and Palmer also identify controversies
associated with evaluation. Most notably, it is difficult to determine what it means to be
effective. They suggest that programs are more likely to be effective when they are
grounded in theory, use treatment methods appropriate to the target population, are
designed specifically to achieve changes in behavior, and are delivered with integrity or
fidelity. When programs are evaluated and those evaluations published, the details of the
programs and their theory of behavior change are often excluded creating challenges to
replication (Michie, 2004). The RNR Program Tool being studied in this dissertation
aims to assist programs in this process of defining their target behaviors, identifying their
theory of behavior change, and assessing their consistency with effective practices.
Figure 1 presents the conceptual framework guiding this research. Program
effectiveness is defined, and affected, by a number of factors. Two specific constructs
that affect program effectiveness are implementation and program characteristics.
Implementation is composed of program, staff, and organizational features that contribute
to program operations. Specific characteristics of a given program are also associated
with stronger effects on the target behaviors of the program. Finally, the effectiveness of
a program can be defined in a number of ways. In the case of programs for justiceinvolved individuals, effectiveness can be based on changes in the target behavior (or
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symptoms), program completion, and reductions in recidivism. The specific program
features and implementation can affect each of these types of outcomes. Additionally,
program features and implementation can have a reciprocal relationship. Some program
features may improve the program’s implementation, and factors associated with
implementation can affect program characteristics. Each of these features is considered
within the RNR Program Tool.

Figure 1: Conceptual Framework

The purpose of this research is to test the reliability and validity of a web-based
classification and assessment tool (The RNR Program Tool) that can be completed by
program administrators, managers, or directors. The RNR Program Tool is used to
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identify what profiles of individuals programs are best suited to target, and how well
programs follow the principles of effective interventions (see Crites & Taxman, 2013 for
additional information on the RNR Program Tool). In addition to furthering the
validation of this tool, this research sought to provide evidence to support these principles
of effective interventions by identifying which characteristics of programs measured by
the RNR Program Tool predict program participant success.
Relevance of this Work
In order for criminal justice agencies to provide programming and services that
will effectively reduce recidivism and improve the functioning of individuals under their
jurisdiction, agencies must be aware of how well (or not) their programs are doing. Not
all agencies have the resources to conduct full evaluations of each of their programs
(including internal and referred services) on a regular basis. Providing access to an
online, self-report tool is an important step in expanding the availability of information
on effective practices to agencies to facilitate continuous improvement.
This dissertation will be comprised of three separate papers, each addressing
different aspects of the development, reliability and validity testing, and the larger
implications of the RNR Program Tool. Before these three papers, is a detailed literature
review describing the research surrounding the development of the RNR Program Tool
and the items and domains included in the tool. The remaining papers provide brief
reviews of the relevant literature to that paper. The first paper describes the development
and pilot testing of the scoring of the RNR Program Tool and its internal consistency.
The second paper uses data from the Multi-site Adult Drug Court Evaluation (MADCE;
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Rossman, Roman, Zweig, Rempel, & Lindquist, 2003-2009) to study the application of
the RNR Program Tool to drug treatment court programs, and attempted to test the
predictive validity of the tool. Finally, the third paper discusses the gaps in current
research that can be filled by the widespread use of this type of tool, and the need for this
type of classification and assessment of programs within the criminal justice field. The
concluding chapter discusses how these three papers inform theory, practice, and policy,
and suggests a future research agenda to continue to improve the RNR Program Tool and
the criminal justice system’s understanding of programs targeting its population.
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CHAPTER TWO: LITERATURE REVIEW

Finding ways to reduce offending behavior is one of the main objectives of
criminal justice systems whether through prevention, deterrence, or rehabilitation. At last
count approximately 7.3 million individuals were under some form of criminal justice
system control in the United States (Pew Center on the States, 2009); of individuals
released from prison in 1994, 67.5% will be re-incarcerated within three years; and, of
those on parole 17% will have their community supervision revoked and be sent back to
prison (Langan & Levin, 2002). These sobering statistics suggest the standard operating
procedures focused on deterrence through incarceration have not been effective.
Numerous strategies for reducing offending, based on various understandings of
the causes of crime have been sought and tested. These have included situational crime
prevention (Clarke, 1995), intensive supervision (Petersilia & Turner, 1993), three strikes
policies (Zimring, Hawkins, & Kamin, 2003), and rehabilitation or treatment programs
(for a summary see Chapter 11 in Andrews & Bonta, 2010). While there are strong and
passionate supporters for many of these approaches, few have evidence to support their
use as proficient or cost-effective strategies for reducing offending (Drake, Aos, &
Miller, 2008; Latessa, Cullen, & Gendreau, 2002; Lipsey, 1992). The following literature
review describes the research supporting programming as a method for achieving
recidivism reduction, and discusses the role of providing programming to criminal
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justice-involved individuals to improve individual well-being. This chapter will also
detail the features of effective programs, including specific content, general
characteristics, and features of implementation. Finally, past attempts at describing and
measuring features of programs are discussed, and a new web-based self-report
classification and assessment tool is presented.
Since the debate between rehabilitation and punitive philosophies of crime control
has been long-standing and well documented (Cullen & Gendreau, 1989, 2000; Rothman,
1980), it will not be discussed in detail here. These philosophies drive the practices of
correctional agencies, both institutional- and community-based, throughout the developed
world (Nagin, Cullen, & Jonson, 2009; Tonry, 2009). Additionally, providing programs
and services to individuals involved in the criminal justice system has become an
important tool for both managing justice involved persons’ time while in custody or on
supervision, and for improving their prognosis for desistance. Providing programming is
not enough to meet these goals. In order to be most effective, programs must be based on
a strong theory connecting the program activities to expected changes in individual
behavior.
Behavior Change Through Programming and Interventions
Correctional programs and interventions can be successful mechanisms for
reducing recidivism. However, studies also suggest that in order for the greatest
reductions in recidivism to be realized, programs must conform to some general
principles (Gendreau, Goggin, & Smith, 1999; Smith, Gendreau, & Swartz, 2009). The
following section will discuss these principles and the research supporting their use.
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Shift Towards Evidence-based Rehabilitation
The 1990s saw the development of a set of theoretically based features necessary
for rehabilitation in corrections. Following the initial theory-driven discussions, empirical
research was conducted to determine whether these features did in fact contribute to
successful rehabilitation. The results of many of these studies concluded these principles
consistently predict or explain successful and unsuccessful rehabilitation efforts. Decades
of research since this initial movement have supported the impact of following the
Principles of Effective Correctional Interventions (Andrews & Bonta, 2010; Andrews &
Dowden, 2005; Andrews, Zinger, et al., 1990a; Bourgon & Armstrong, 2005; Cullen &
Gendreau, 2000; Dowden & Andrews, 2000, 2004; Ferguson, 2002; Gendreau et al.,
1999; Goggin & Gendreau, 2008; MacKenzie, 2006; McGuire, 1999; Ogloff & Davis,
2004; Smith et al., 2009).
The early work on these principles was conducted by a group of Canadian
psychologists who identified four main principles they believed had an effect on criminal
behavior—risk, need, responsivity, and clinical judgment (Andrews, Bonta, & Hoge,
1990; Andrews, Zinger, et al., 1990b). Additional work by these and other scholars
sought to provide empirical evidence in support of these principles (Andrews & Dowden,
2005; Latessa et al., 2002; Lipsey & Howell, 2012; Lowenkamp, Latessa, & Smith,
2006). Each of the four main principles is discussed below. Following this discussion,
additional features of the expanded RNR Model, termed the Psychology of Criminal
Conduct, will also be described. This section will conclude with a brief discussion of
some of the criticisms of the RNR Model. The RNR Program Tool, which is the focus of
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this dissertation research, was developed using these principles as a guide. Therefore the
following discussion also presents the theoretical and empirical support for the tool’s
items and scoring areas discussed later.
Risk Principle
Andrews and Bonta (2010a) describe the Risk Principle as containing two
aspects: risk can be predicted and service intensity should be matched to risk. The
primary focus for providers tends to be on high-risk offenders, followed by those
identified as moderate risk. Low-risk individuals, according to this model, are generally
excluded from any type of intervention. Most importantly, the Risk Principle suggests
that higher risk and lower risk individuals should have minimal interactions with one
another. The risk principle has the strongest empirical support base of the four main RNR
principles. For example, Lowenkamp, Latessa, and Holsinger (2006) found that providing
more intensive services to higher risk individuals could produce an 18% decrease in
recidivism. Yet, providing intensive services to lower risk individuals could, in some
cases, increase the likelihood of recidivism (Andrews & Dowden, 2006). Fidelity to the
Risk Principle (targeting high risk, increased dosage for higher risk individuals, and
minimizing contact between high and low risk individuals) is one program component
measured in the RNR Program Tool.
Need Principle
Andrews, Bonta, and Hoge’s (1990) description of the Need Principle suggests
that criminogenic, rather than non-criminogenic, needs should be targeted by
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interventions if recidivism reduction is the goal. Criminogenic needs are dynamic factors
shown to be directly associated with offending. According to Andrews and Bonta (2010)
there are eight criminogenic needs: history of antisocial behavior, antisocial personality
pattern, antisocial cognition, antisocial associates, family or marital circumstances,
school or work conditions, leisure and recreational activities, and substance abuse. The
first four associated with antisocial propensities comprise what they call “The Big Four.”
These four criminogenic needs have the strongest statistical relationship with offending
behavior. The remaining criminogenic needs are called “The Moderate Four,” because
they are correlated with offending, but not to the same degree as those needs associated
with antisocial traits. Programming focused on specific criminogenic needs tends to show
more robust effects on reducing reoffending (Andrews, Bonta, & Wormith, 2006).
Although other scholars have argued in favor of different individual characteristics that
predict delinquency and adult offending (e.g. Agnew, 1992; Glueck, 1960; Gottfredson &
Hirschi, 1990; Hirschi & Gottfredson, 2000), these eight criminogenic needs highlighted
by the RNR Model have the strongest predictive validity for offending behaviors
(Andrews, Bonta, et al., 1990).
In addition to criminogenic needs, non-criminogenic needs are also identified
within the RNR Model (Andrews & Bonta, 2010). Non-criminogenic needs include,
among others, mental health disorders and conditions, self-esteem, intelligence, and
housing. These needs, while important clinically, are not likely to directly produce
changes in offending behavior. Therefore, less attention should be given to these needs
within the context of interventions designed to reduce recidivism. Services for non-
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criminogenic needs can be provided to help improve individual well-being, reduce
barriers to success, or increase motivation to comply with interventions targeting
criminogenic needs.
Although, separating these criminogenic and non-criminogenic needs improves
the RNR Model’s predictive abilities, some scholars criticize the RNR model’s
conceptualization of needs (Ward & Stewart, 2003). Ward and Stuart argue that the
conversation about needs proposed by Andrews and Bonta is incomplete. They suggest
that instead of focusing on instrumental needs (those directly tied to recidivism),
rehabilitation should focus on categorical needs (those tied to a universal understanding
of human well-being). The goal of rehabilitation in Ward and Stuart’s view is to improve
well-being, build social attachments and enhance productivity. Recidivism reduction may
also result, but Ward and Stewart would not consider it to be the primary goal of
intervention. A model that focuses solely on recidivism, according to Ward and Stewart,
is a risk reduction model. Risk reduction models give priority to society’s perception of
the offending individual. Rehabilitation in their view should take an “enhancement”
approach. In the enhancement approach, the needs identified by Andrews and Bonta are
neither criminogenic nor non-criminogenic, but are instead “internal and external
obstacles associated with need distortion” (Ward & Stewart, 2003, p. 125). When needs
become distorted individual well-being is threatened. Threatened well-being affects
individual behavior and can result in offending.
To meet the needs principle interventions should focus on more criminogenic,
compared to non-criminogenic, needs (Andrews, Bonta, et al., 1990). However, as argued
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above, criminogenic needs are not the only targets programs can or should address. The
approach used in the RNR Program Tool, discussed below, can be described as a hybrid
of these two theoretical camps. While the tool recognizes that needs showing direct
relationship to recidivism are important targets of correctional interventions, it also
recognizes other factors are important contributors to the likelihood of an individual
successfully desisting from crime (Crites & Taxman, 2013). As such, emphasis is placed
on targeting the traditional criminogenic needs defined in the model put forward by
Andrews and Bonta including history of antisocial behavior, antisocial personality
pattern, antisocial cognition, antisocial associates, family or marital circumstances,
school or work conditions, leisure and recreational activities, and substance abuse.
However, traditionally non-criminogenic needs are also recognized to have a much more
prominent role than frequently given by proponents of a pure RNR approach, including
mental health disorders, lack of social skills, interpersonal difficulties, and inadequate life
skills.
The recognition of individual needs is an important component to connect with
static risk when identifying an appropriate strategy for rehabilitation. For example, many
high-risk individuals also present with multiple needs (Andrews & Bonta, 2010). At
times it can be difficult to disentangle risk from needs. One assessment tool used to
identify criminogenic needs in correctional populations, the Level of Service InventoryRevised (LSI-R) (Andrews, Bonta, & Wormith, 2004), uses a combination of items
measuring both static (criminal history) and dynamic (needs) risk. As a result, “risk”
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often includes needs, and separating risk, from criminogenic and non-criminogenic needs
is often challenging.
Responsivity Principle
Improving buy-in and increasing the likelihood that a program will be effective in
reducing the influence of risk and needs on criminal behavior is addressed in the
responsivity principle. The responsivity principle suggests programs will be more
effective if they are consistent with an individual’s learning style, use cognitivebehavioral or social learning techniques, and address characteristics of the individual’s
personality that affect motivation or amenability to treatment (Andrews & Bonta, 2010;
Andrews, Zinger, et al., 1990a). The responsivity principle, as described by the original
authors, includes two components: general responsivity (using cognitive-behavioral and
social learning techniques) and specific (addressing individual personality characteristics
that affect motivation). Broadly the responsivity principle, as compared to the risk and
need principles, is the most difficult to measure and has the least amount of evidence
directly supporting its role in changing offending behavior.
Previous studies have measured responsivity using a proxy defined as
“appropriate treatment” (Andrews, Zinger, et al., 1990a; Smith et al., 2009; Taxman, &
Marlowe, 2006). In Andrews, Zinger, et al, (1990a) meta-analytic techniques were used
to test the impact of the responsivity principle (or “appropriate treatment”) in correctional
interventions and found that appropriate treatment (defined as that which targets high risk
individuals, uses behavioral techniques, includes specific responsivity factors, and targets
criminogenic needs) was more effective than sanctions or inappropriate programming
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(defined as absence of the characteristics of appropriate treatment). The general
responsivity principle has gained more evidence in support of its effectiveness (Andrews
& Bonta, 2010a; Gendreau & Andrews, 1990). Yet, in the criminal justice system,
especially within the context of community corrections, few professionals have the
training and skills required to properly provide cognitive-behavioral-based services
(Bonta et al., 2008; Bourgon, Bonta, Rugge, Scott, & Yessine, 2010).
A third type of responsivity has recently been proposed. Taxman (2014) suggests
research and practice should also identify and account for “systemic” responsivity.
Systemic responsivity suggests that there are sufficient resources available in a
jurisdiction to address risk, needs, and general and specific responsivity for the
population. As with specific responsivity, this is not easy attain. To achieve systemic
responsivity a jurisdiction needs to know their population (its risks, profiles of needs,
specific responsivity factors) and have the resources available to provide the dosage,
content, and quality of services necessary to address these population characteristics.
Clinical Judgment
The fourth principle in the RNR model is clinical judgment (Andrews, Bonta, et
al., 1990). This component of the model recognizes that professionals must use their
experience and knowledge to make decisions about what type and level of treatment will
be consistent with the individual’s risk level, criminogenic and non-criminogenic needs,
and other factors affecting responsivity (e.g. availability of cognitive-behavioral or social
learning-based programming). Judgments should be based on sound evidence and reflect
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the best possible response given the constraints of available resources, and the risk level
and needs of the individual.
Additional Components
In addition to the four main features described above, the RNR model is expanded
to include a number of other clinical and organizational principles (Andrews & Bonta,
2010). These clinical and organizational principles are all important in creating,
identifying, and assessing effective programs. Clinical principles that affect program
outcomes include the range of criminogenic and non-criminogenic needs addressed,
strengths of the individual, use of structured and validated assessments to identify
individual risk level and needs, and recognition of the value of professional discretion in
identifying the best placement of an individual into programming (Andrews & Bonta,
2010). Organizational Principles include providing services in community settings,
implementing programs using staff who have strong relationship and structuring skills,
and having management that encourages an environment supportive of implementing
effective correctional practices (Andrews & Bonta, 2010). These principles are not
unique to the field of corrections or correctional interventions. Many of these features of
effective interventions are similar across various behavioral health specialties. As such,
these other features (described briefly below) guide areas of the RNR Program Tool.
These principles are important features of the RNR model as it relates to who is
targeted, what is targeted, and how individual needs are expected to change, but they
cannot be effective without being properly implemented. Effective programs cannot only
address who, what, and how, as it relates to the client; but, they must also address who,
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what, and how at the program level. Who includes the staff providing the programs, what
includes the mechanisms expected to achieve behavior change, and how involves a
number of operational and organizational components. These implementation and
treatment fidelity issues play a role in how effective correctional interventions and
rehabilitation programs can be.
Implementation and Fidelity
Implementation and program fidelity drive the likely impact of a program. Taking
the lead from mental health and substance abuse treatment programs (Dusenbury,
Brannigan, Falco, & Hansen, 2003; Moncher & Prinz, 1991; Quay, 1977; Teague, Bond,
& Drake, 1998), correctional treatment programs have begun to address the role of
implementation in explaining outcomes (Duwe & Clark, 2015; Farabee et al., 1999;
Hamm & Schrink, 1989; Latessa et al., 2002; Latessa & Holsinger, 1998; Lipsey, 2009;
Lowenkamp, 2004; Lowenkamp et al., 2006; Smith et al., 2009). Under the framework of
the RNR Model a number of program characteristics fall under the umbrellas of
implementation and fidelity (Andrews and Bonta, 2010a). These include structured
programs with clear targets and objectives; programs focused on matching individuals to
appropriate programming (based on risk, need, and responsivity factors); using cognitivebehavioral or behavioral interventions (general responsivity); and characteristics of
treatment integrity.
The three main principles of risk, need, and responsivity continue to play a role in
discussions of programming. These principles not only affect how to serve individuals in
the criminal justice system, but also can be used within programs to discuss
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implementation. Of note, programs that do not claim to adopt an RNR-based approach in
the program design are presumed to be less effective, regardless of their fidelity, based on
the weight of empirical evidence supporting the RNR principles (Andrews & Dowden,
2005). The following sections will summarize the literature on key features of program
implementation and program fidelity, and discuss how these concepts are related to
program participant outcomes.
Program implementation can include a number of different features and
characteristics. Important features of program implementation generally include: having a
sound treatment theory, closely following the program design, staff training and
certification, strong organizational support, built in fidelity monitoring and evaluation, as
well as, adherence to the principles of risk, need, and responsivity. These concepts are not
new to the human services field. Quay (1977) argues that treatment integrity is often
ignored, but that it is an important “third face” of program evaluation answering
questions about “what” and “how” programs function. He defines four areas of
intervention integrity: treatment characteristics and empirical base, services delivered,
personnel, and match of treatment to both the provider and client. This is especially
difficult in corrections because programs are designed with the expectation that
individuals all respond similarly to the treatment. In other areas of behavioral health this
is not the case. Correctional programming could learn this lesson from other behavioral
health services: not all individuals will respond similarly to a program, even if they have
a need for what the program offers.

19

In corrections, at the time of Quay’s (1977) writing, few studies addressed
program integrity. This changed some in the last 35 years (Andrews & Dowden, 2005;
Latessa & Holsinger, 1998; Lipsey, 2009; Smith et al., 2009). Yet, despite the increase in
the use of the language of program implementation and attempts at measuring treatment
integrity, there is still limited evidence on what defines quality implementation and how
much influence it has on individual outcomes (Moncher & Prinz, 1991). Moncher &
Prinz (1991) conducted a review of 359 outcome studies from 1980 thru 1988 to
determine whether these studies were addressing fidelity including training of providers,
procedures used to promote fidelity, verified aspect of treatment, methods used to assess
fidelity, and use of a fidelity assessment in their study. Key aspects of fidelity present
included: defining the treatment and providing training, use of treatment manuals,
supervision of treatment providers, adherence to a treatment protocol, and using fidelity
data. The most frequently used fidelity check was use of a manual. Over time, the authors
found an increase in reports of using supervision, adherence checks, manualization, or all
three. To improve fidelity the authors recommend that programs clearly define the
treatment provided (including outcome, common features, distinctive features, and
dosage), address implementer issues (including training, experience, and readiness),
improve fidelity promoting procedures (including supervision and manualization), verify
treatment through documentation and sampling of sessions, use diverse methods of
verification, and use data to measure implementation.
Sound theory. Cordray and Pion (2006) provide a reflection on and expansion of
the arguments put forward by earlier researchers. Seachrest and colleagues (1979)
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suggested that treatment often does not work because of the nature of treatment delivery
and the lack of theoretical founding for the treatment intervention. They argue that
treatment strength (intensity) and treatment integrity (fidelity) should be measured
separately, however, in research they are often merged together. Andrews and Bonta
(2010) also argue, “well-trained and well-supervised paraprofessionals working within a
well-formulated model of criminal conduct and service delivery can have demonstrably
positive effects” (p. 390).
What is most important, then, is that programs attempting to change behavior are
developed based on theories that demonstrate the practices used in the program can
change the targeted behavior. This is not always the case. Lowenkamp (2004) in a test of
the relationship between halfway house participant outcomes and indicators of treatment
integrity using the CPAI concluded that many programs are not based on a solid
theoretical framework. Similarly, Cordray and Pion (2006) note evaluation studies often
identify a lack of theory or rational models underlying programs as a limitation to their
effectiveness.
Closely following program design. Research in the mental health field found that
programs scoring higher in treatment integrity were more effective (Latimer, 1999;
McGrew, Bond, Dietzen, & Salyers, 1994). In a study of mental health services, McGrew
and colleagues (1994) found that patients in programs that closely followed a specific
treatment model (demonstrating higher program fidelity) had more positive outcomes,
specifically, fewer days in a hospital compare to participants in programs with less
integrity (r= 0.06; p < 0.01). Similarly, Dusenbury, Brannigan, Falco, & Hansen (2003)
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defined fidelity using five measures: adherence to program design, dose, quality of
delivery, participant responsiveness, and program differentiation. After reviewing articles
from mental health, prevention of psychopathology, personal and social competence,
education, and drug abuse treatment and prevention programs the authors conclude key
elements to high fidelity implementation are using adaptive planning, training that is
customized to the site, having a necessary number of participants, and developing
program material locally. Implementation can also be improved by providing concrete
training, keeping program models relatively simple, and paying attention to provider and
organizational characteristics. Following their review they make a number of
recommendations for future work: developing consistent definitions of fidelity, defining
measures that parallel their five elements of fidelity, conducting research designed to
identify and confirm factors that influence fidelity, requiring the assessment of fidelity,
and developing strategies to improve fidelity.
One tool designed to assess implementation fidelity is discussed in Teague, Bond,
& Drake (1998). Their development and test of a scale designed to assess the fidelity of
implementation was for a specific program, Assertive Community Treatment (ACT). The
authors created a scale designed to test the adherence to the key features of the ACT
model and then tested this scale on programs representing four different degrees of ACT
implementation. What is important is the “careful specification of the critical components
of a model, and use of measures based on operational definitions of these components
provide a means both to inhibit drift away from the model and to evaluate the respective
contributions of theoretically distinct components” (Teague et al., 1998, p. 217).
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Monitoring how closely a program follows its design can help to improve program
operations: “by monitoring the strength, integrity, and effectiveness for the duration of
the treatment, we can make appropriate mid-course corrections and determine the
relationship among these three critical dimensions of treatment” (Yeaton & Seachrest,
1981, p. 156).
Yeaton and Seachrest (1981) suggest that appropriate fidelity monitoring requires
distinguishing between strength of the treatment and the integrity of its implementation.
Strength is defined as the “a priori likelihood treatment can have its intended outcome,”
while treatment integrity is the degree to which treatment is delivered as intended” (p.
156). They conclude, “any valid comparison of effectiveness of treatments simply cannot
be made without considerable attention to their strength and integrity” (p. 166). Strength
and integrity of treatment are not always easy to measure, as they require knowing both
what the program intends to accomplish (integrity) and how much of each of the
program’s components is needed (strength). Using a treatment manual is one way to
improve adherence to a program model or design. Mann (2009) notes that using a
treatment manual can improve consistency and structure within treatment, while not
compromising the necessary therapeutic relationship. Treatment integrity is an important
component of treatment effectiveness and the use of a treatment manual can help ensure
integrity to a treatment protocol or program design.
Staff training and certification. Stanard (1999) found that training case managers
in a specific treatment protocol improved client outcomes. In this study case managers
working with clients diagnosed with severe mental illnesses were trained on a strengths-
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based approach to case management. Clients who worked with trained case managers
demonstrated higher quality of life and improved vocational and educational outcomes
compared to those clients who worked with case managers who were not trained in this
approach. Similarly, Simons and colleagues (2010) found that clients had greater
improvement in depression and anxiety symptoms following clinician training in
cognitive behavioral interventions (F (2,13)= 53.40; p, 0.001). In addition to training, it is
also important to continually supervise treatment and program providers. Mann (2009)
argues that while manualization can improve consistency in treatment, continuing to
monitor providers to ensure their compliance with the manual is also necessary. Research
in probation has found that training officers in using cognitive restructuring skills and
continuing to provide booster sessions can increase the use of these skills in officeroffender interactions, and improve outcomes for offenders (Bonta et al., 2011).
Treatment matching. Many programs are designed to address specific types of
problem behaviors with certain types of clients. Therefore, ensuring that programs
include clients who match the services provided is an important feature of
implementation. One way to accomplish this is through proper assessment of individual
risk and needs (Andrews, Bonta, & Wormith, 2006), and clearly defining the types of
clients and needs programs are designed to treat. This is a common practice in substance
abuse treatment and is the subject of two clear sets of criteria: the American Society of
Addiction Medicine (ASAM) Patient Placement Criteria (Mee-Lee, Shulman, Fishman,
Gastfriend, & Griffith, 2001) and the American Association of Community Psychiatrists
(ASCP) Level of Care Utilization for Psychiatric and Addiction (LOCUS) (Thornton,
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Gottheil, Weinstein & Kerachsky, 1998). Treatment matching in the criminal justice field
is often conducted through risk-needs assessments. Research by Lowenkamp (2004)
found that using actuarial assessment to identify risk level and needs and then using this
assessment to place individuals into programming and services improves outcomes.
Organizational concerns. In addition to individual and program-level factors,
more general organizational issues can also affect program outcomes. These
organizational issues can be especially important when diverse organizations or agencies
are required to work together. The “challenge of delivering treatment in a criminal setting
requires the cooperation and coordination of two disparate cultures: the criminal justice
system organized to punish the offender and protect society, and the drug abuse treatment
systems organized to help the addicted individual” (Chandler, Fletcher, & Volkow, 2009,
p. 189). Effectiveness of interventions depends on the ability to match interventions to
the organization in which they are implemented. Another organizational issue important
to program implementation is staff communication. Communication is essential for
coordinating care of individuals between treatment and criminal justice systems.
Although this communication is important, Taxman and Bouffard (2000) found that
many correctional facilities and treatment providers did not have structures in place to
move beyond the organizational boundaries and communicate across systems.
Measuring Program Quality
Program implementation and quality are important, but less often measured,
components when evaluating program effectiveness (Cordray & Pion, 2006; Latessa &
Holsinger, 1998; Salisbury, 2015; Quay, 1977; Zajac, 2015). Strauss and Falkin (2000) in

25

a study of female offenders in a prison-based program measured quality through clients’
perceptions and found these were associated with individual likelihood of completion.
Magura (2000) define program quality in substance dependency treatment as the “degree
of excellence.” The author notes that operationalization of quality is often vague, making
measurement of quality difficulty. Of import, Magura (2000) suggests, researchers
evaluating programs should clearly define and report specific treatment characteristics
and their outcomes in order that providers can gain a better understanding of quality
effective programming should look like. This suggestion is echoed by a number of
researchers in the health field (for example see Abraham et al., 2015; Craig et al., 2008;
Michie, Fixsen, Grimshaw, & Eccles, 2009).
In the field of corrections a number of tools have been developed to address
program quality and implementation. The most common are the Correctional Program
Assessment Inventory (CPAI, Gendreau & Andrews, 2001) and the Standardized
Program Evaluation Protocol (SPEP, Lipsey, 2008) for juvenile programs. These
instruments include a number of the features discussed above to identify the strength of
the program theory and the quality with which a program is implemented. The following
sections will discuss these tools, their use in assessing correctional programs, and how
they might not be fully meeting the needs of organizations attempting to implement
effective correctional practices.
Correctional Program Assessment Inventory (CPAI). Gendreau and his
colleagues developed the Correctional Programs Assessment Inventory to specifically
assess the degree to which a program is following the RNR Principles (Andrews &
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Bonta, 2010). The CPAI is a protocol completed by a specially trained evaluator who
must visit the program site to complete the assessment. Data gathering for the assessment
includes interviews, observations of program activities, document reviews, and
systematic observations. Key features of the CPAI include: program implementation, preservice assessment, program characteristics, staff characteristics, program evaluation, and
an other group that catches miscellaneous items not fitting into one of the aforementioned
features.
Items on the program implementation area of the CPAI are largely focused on the
characteristics and role of the program director including his or her education and
experience, role in the development of the program and hiring and training of staff,
assessment of need for the program, and evaluation of the cost-effectiveness of the
program. Implementation also includes whether a literature review was conducted as part
of designing the program, and whether the program was pilot tested prior to full-scale
implementation. The pre-service assessment area includes identifying a primary problem;
the appropriateness of the client for the program; any exclusion criteria and its
appropriateness; and consideration and appropriate measurement of risk, need, and
responsivity factors.
Program characteristics include: the behavior the program is attempting to
change; the treatment modality used to change the target behavior; location of the
program; whether it uses a manual; the proportion of time clients spend in programming;
degree to which high-risk individuals receive higher doses of the program; measures of
responsivity including the matching of staff and clients to programs and to one another
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based on their respective skills and abilities to work together; the ratio of rewards to
punishments; theoretical rationale for punishment and assessment of its negative effects
on participants; clear program completion criteria; use of social learning practices
including modeling, anticipating problems, and practicing responses; inclusion of
additional services as needed; integration of client’s support networks into treatment; and
use of follow-up, aftercare, or booster sessions. Evaluation of program features is also
important in the CPAI. The evaluation section includes presence of quality assurance
practices, assessment of client satisfaction with the program, measuring client progress
on target behaviors, monitoring recidivism outcomes of clients following the program,
evaluation of the program outcomes using a comparison group, and presentation of these
outcome studies in published (peer reviewed) or unpublished (internal documents)
manuscripts.
Staff characteristics are another feature of the CPAI. Items on the CPAI used to
measure staff characteristics include: education (level and discipline), experience
working in treatment programs, clinical skills (e.g. empathy, pro-social modeling, firm
but fair communication style, etc.), low rates of turnover (at least half of the staff have
been working in the program for two or more years), yearly supervision and assessment
of clinical skills, receive formal and ongoing training, and have a say in how the program
is implemented. Finally, the CPAI includes an Other category which focuses on how
client records are stored, the presence of clear ethical guidelines for the program, any
changes made to the program in recent years, and the support for the program in the

28

community. Nesovic (2003) and Lowenkamp (2004) conducted two of the most detailed
studies of the psychometric properties of the CPAI.
Nesovic’s (2003) study looked into content and predictive validity of the CPAI, as
well as its reliability. To test the reliability of the CPAI, Nesovic had program directors
or treatment providers complete a modified version of the CPAI as a questionnaire. Then
these same program sites participated in an interview during which the CPAI was
administered by a trained researcher, and responses were audio recorded. Finally,
additional raters used the audiotapes to score the CPAI. Nesovic expected that the
different ways in which the CPAI was administered (self-report versus interview) would
lead to different scores, but that researchers scoring the audiotapes would score each
program similarly as had the interviewer. Her results suggest that in 90% of the items the
two raters (interviewer and audio-tape review) agreed on their coding of the CPAI. In
comparing the two different scoring methods (program completion of a survey and
researcher completion via interview), Nesovic concludes that while differences were
found between the scoring on nearly all of the CPAI sections and the total score, only
Program Implementation scores were significantly different between the two
administration methods. These findings suggest that program administrators can
accurately complete a program assessment tool, and can do so almost as well as trained
research interviewers.
Nesovic (2003) also tested the content and predictive validity of the CPAI. To
accomplish this, she used a questionnaire of effective practices completed by treatment
staff, psychologists, and criminologists who were considered experts on these matters to
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identify to what extent the effective practices considered in the CPAI were considered to
be important to this group of experts. Content validity was assessed using the intra-class
correlation. The results suggest that the items on the CPAI were valid measures of the
constructs (ICC greater than or equal 0.89 p< 0.01 for all samples) associated with
effective correctional treatment programs according to these experts.
Nesovic (2003) used a revised CPAI scoring manual to code studies from
Dowden’s 1998 meta-analysis, to assess the predictive validity of the CPAI. The
revisions were necessary because a pilot test demonstrated that only around 40% of the
CPAI items could be scored using the studies selected. The results suggest that higher
CPAI total scores were correlated with higher treatment effects, providing support for the
CPAI as a valid measure of program quality. Additionally, Nesovic modeled a regression
equation using the CPAI sections as predictors of the effect size of the programs in these
meta-analyses and found that when all sections were included the CPAI accounted for
27% of the variance in effect sizes (R=0.52).
Overall, Nesovic concludes the results of her research indicate that the CPAI has
sufficient reliability and validity to be used as an assessment of correctional program
quality, which is related to reductions in recidivism. A number of limitations to her
analysis are noted including: having to revise the CPAI coding manual in response to a
large portion of missing data using the original coding manual; using past studies and
program descriptions to score the CPAI and obtain outcome data; and using studies from
meta-analyses to validate the tool that were originally used to help develop the CPAI’s
items. Nesovic notes that these limitations, while they do create possible challenges to
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generalizability of her findings, are not sufficient to lead one to dismiss the finding that
the CPAI is a valid measure of the likelihood correctional programs will reduce
recidivism. Additional studies of the CPAI also lend support to Nesovic’s findings.
Lowenkamp (2004) analyzed the nature of the individual items of the CPAI using
data collected on halfway houses for offenders returning to the community to determine
which program characteristics were strongly related to program effectiveness. He, like
Nesovic (2003), used an abridged version of the CPAI completed by program staff to test
the consistency between staff perceptions and the CPAI. He also tested the relationship
between the CPAI items and halfway house participants’ outcomes.
In his study, Lowenkamp (2004) matched individuals in the treatment group to a
control group using risk level, county of conviction, sex, and type of offense. Results of
this study suggest that almost 40% of the variation between treatment and control group
outcomes can be explained by the CPAI measures of program integrity. Specifically,
program integrity, treatment characteristics, client assessment, evaluation of the program,
and staff characteristics were significant contributors to program effects using the CPAI.
Using the staff survey of similar items to those included on the CPAI, treatment
characteristics, client characteristics, and the other category were significantly related to
participant outcomes. Overall, the total scores for both the CPAI and the staff survey
were significantly correlated with program outcomes. Almost 40% in the variance of
outcomes could be explained by the total program integrity measure, however, the
individual items showed much smaller relationships to outcomes. Lowenkamp concludes
it is likely that measuring integrity using programmatic and non-programmatic factors,
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and creating levels of integrity (low, medium, and high), would improve the ability of
measures like the CPAI to predict program outcomes.
Standardized Program Evaluation Protocol (SPEP). The SPEP is a tool
designed to assess how well juvenile justice programs adhere to characteristics of
effective programs. Lipsey generated this tool based on the analysis of hundreds of
research studies on interventions designed to reduce juvenile offending. It contains a
number of components including: primary service, supplemental services, service quality,
treatment amount, and risk level. While the SPEP is based on decades of research, most
of which includes high quality experimental and quasi-experimental studies, it can only
be used to assess program for which there is already a substantial base of research
evidence.
In a report for the Juvenile Justice Service Division (JJSD) of the state of Arizona,
Lipsey (2008) used the SPEP to assess programs offered to youth under the supervision
of the JJSD, and to test the predictive validity of the SPEP using 6 and 12-month
recidivism rates for youth in these programs. Even after adjusting for risk, Lipsey found
that the SPEP had a significant and strong relationship with recidivism. Similar to later
studies using the CPAI (e.g. Lowenkamp, Latessa, & Smith, 2006; Smith, Gendreau, &
Swartz, 2009), most of the programs received fewer than 60% of the possible points
available on the SPEP. Despite the programs generally scoring low on the SPEP
assessment, the results of the validation of the SPEP do indicate that it is a good measure
of the recidivism reduction potential of juvenile justice programs. For example, the
recidivism reduction at 12 months for programs scoring above 50 points on the SPEP was
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-0.12 and for programs scoring less than 50 points the observed recidivism reduction was
only -0.01.
The CPAI and the SPEP have provided a foundation for organizations and
agencies to begin to identify the features of their programs that are reflective of core
correctional practices. Generally though, as Ferguson (2002) argues there is “little
practical guidance on how organizations can take this research and implement it in daily
practice” (p. 476). Many organizations make a good faith effort to follow best practices
and implement evidence-based programs. However, they are often not aware of how
well, or not, they are meeting their implementation objectives. While the tools discussed
above provide an opportunity for organizations to be evaluated on program
implementation, they require a fair number of resources to hire a trained consultant to
come in and observe program implementation, complete the inventories, and prepare a
report. The RNR Program Tool, discussed below, was designed to provide a similar
opportunity, without the requirement of hiring an outside consultant and scheduling site
visits and interviews with staff.
RNR Program Tool
The RNR Program was designed with four goals in mind: (1) classify programs so
they can be matched to individuals, (2) determine how well programs currently target risk
and criminogenic needs, (3) assess programs on their use of evidence-based practices,
and (4) provide for an assessment of implementation quality. This tool builds on the
strengths of the CPAI and SPEP, and addresses some of the weaknesses of these tools,
and includes components of treatment matching common in the mental health and
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substance abuse treatment field (Gastfriend & McLellan, 1997; Mee-Lee et al., 2001;
Thornton, Gottheil, Weinstein & Kerachsky, 1998) and recent literature on the need to
clearly target risk and needs (Andrews & Bonta, 2010; Andrews, Bonta, & Hoge, 1990;
Andrews & Bonta, 2010; Andrews & Dowden, 2006; Andrews, Zinger, et al., 1990a,
1990b). The RNR Program tool draws upon the available research evidence defining
effective correctional programs (like the CPAI and the SPEP). It further combines one of
the strengths of the SPEP (that it can be completed by practitioners) with one of the
strengths of the CPAI (that it is based on broad principles of effectiveness) to create a
tool that is grounded in the empirical literature on treatment matching and effective
correctional practices; and can be completed by someone familiar with the program, but
does not require lengthy site visits, interviews, and document reviews or formal training
in how to score the assessment. The following sections will describe the theoretical
foundation of the RNR Program Tool, including the rationale behind both the
classification of programs, and the scoring of programs based on their classification and
the degree to which they adhere to principles of effective interventions.
The approach taken in the RNR Program Tool differs from the approaches taken
by the SPEP and the CPAI. Notably, it begins with an emphasis on treatment matching.
From there, the tool is designed to assess how well a program meets evidence-based
practices within this treatment-matching group. In substance abuse and mental health
treatment the emphasis is on matching services to the target behavior and to the severity
of the need for treatment. The focus, then, is on providing the appropriate content,
dosage, and restrictiveness to address the target behavior, and to do so while attending to
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treatment fidelity and quality. Based on this approach to understanding program quality,
the RNR Program Tool has four main sections, scored on six domains. Target, content,
dosage, and implementation make up the four sections of the tool. These four sections are
scored on the six domains: risk principle, need principle, responsivity principle, dosage,
program integrity, and restrictiveness. The following sections will illustrate how
programs are classified into groups based on the primary target. Then each section of the
tool used in the assessment of how well a program adheres to evidence-based practices
will be described.
Classifying Programs
One of the goals of the RNR Program Tool is to classify programs into groups
based on the primary target behavior to improve responsivity. This is based on the
treatment matching approach used in the American Society of Addiction Medicine
(ASAM) Patient Placement Criteria (2001) and the American Association of Community
Psychiatrists (ASCP) Level of Care Utilization for Psychiatric and Addiction (LOCUS)
(2010). LOCUS considers care environment, clinical services, supportive services, and
crisis stabilization and prevention services as major components of treatment programs
for substance use disorders. ASAM considers setting, support systems, staff, type of
interventions included, level of assessment used to define eligibility, and degree of
documentation patient’s progress. The purpose of these tools is to define key features of
each level of care necessary to meet the needs of individuals. While the ASAM and the
LOCUS were used as guides in creating the program groups, some adjustments were
necessary. Instead of different levels of care, the RNR Program Tool uses target behavior
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to classify programs. This is done to better address the varied and complex needs of the
criminal justice population. Program placement should focus on the issue that has the
strongest relationship to offending behavior. Therefore the RNR Program Tool defines
six primary targets of programming:
Dependence on “hard” drugs—Focus treatment on use of heroin, cocaine,
amphetamines, and methamphetamine where the linkage between criminal behavior and
drug use are clearer (Holloway, Bennett, & Farrington, 2006). Treatment for dependence
on these highly addictive drugs should occur before other issues, such as criminal
thinking or self-management, are addressed. Using these hard drugs and engaging in
criminal activities are problem behaviors that can be reduced by treatment (Holloway,
Bennett, & Farrington, 2006; Prendergast, Huang, & Hser, 2008).
Criminal thinking/Cognitive restructuring—Focus on the Big 4 criminogenic
needs including history of antisocial behavior, antisocial personality pattern, antisocial
associates, and antisocial cognitions (Andrews & Bonta, 2010). Research demonstrates
that criminal thinking patterns are strongly correlated with continued criminal behavior.
Adjusting these patterns by reducing antisocial thinking and increasing pro-social
connections provide a foundation for reducing future criminal behavior (Andrews &
Bonta, 2010).
Self-improvement and self-management—Focus programming on improving
social problem solving skills and self control to help individuals resist pressures to be
involved in drug use, delinquency, and crime (Botvin & Wills, 1984; Botvin, Griffin, &
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Nichols, 2006). Additionally, this group of programs can provide a foundation for
improving social and interpersonal skills.
Social and interpersonal skills—Focus on family issues, relationships, conflict
resolution, etc. Family and marital circumstances are one of Andrews and Bonta’s (2010)
“Moderate Four.” Improving relationships by reducing interpersonal conflict and
developing more positive interactions with others through structured counseling where
clinicians model appropriate behavior and individuals have an opportunity to practice
relationship skills can not only improve relationships, but also reduce offending
(Andrews & Bonta, 2010).
Life skills—Programs focus on employment, education, and housing. Education
and employment deficits are also part of the Moderate Four dynamic needs described by
Andrews and Bonta (2010). Inability to find employment, low education, and unstable
housing can be stressors that make going back to a criminal lifestyle more appealing, or
make maintaining a crime-free lifestyle more challenging.
Punishment only—In some instances, punishment is the most appropriate target
for intervention as a result of criminal behavior. This group is reserved for low-risk, lowneed individual for whom none of the above targets are indicated.
These program groups are designed to reflect the differing dynamic needs of
individuals within the criminal justice system, regardless of setting (e.g. community, jail,
prison). Many individuals will present with a need for programming in more than one of
these groups. These program groups represent a continuum of care, where each of the
intermediate targets can be addressed by sequenced programming with the ultimate goal
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of reducing recidivism (Andrews & Bonta, 2010; Andrews, Dowden, & Gendreau, 1999;
Lipsey & Cullen, 2007). Of utmost importance is ensuring the target of programming
reflects the most serious need of an individual.
Assessing Programs
Goals two and three of the RNR Program Tool focus on assessment. This requires
addressing the content, dosage, implementation, and restrictiveness of programs.
Program Content. Program content is based on the treatment orientation, primary
treatment focus, and rewards and sanctions used in the program to reinforce compliance.
Programs that target criminogenic factors, such as antisocial thinking or peers and
substance dependence, have been shown to have larger impacts on reducing recidivism
(Andrews & Bonta, 2010), and are weighted more heavily in the content domain than
programs that address non-criminogenic factors, such as housing, education, or
employment. Specific programs, curricula and modes of treatment have been found to be
more effective than others at reducing problem behaviors and recidivism. For example,
cognitive-behavioral theory based interventions that focus on changing criminal thinking
patterns or address substance dependence are especially effective at reducing recidivism
(Aos, Miller, & Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007; Lipsey,
Landenberger, & Wilson, 2007; Pearson, Lipton, Cleland, & Yee, 2002; Wilson,
Bouffard, & MacKenzie, 2005). Therapeutic communities are also effective based on
current research evidence (Aos, Miller, & Drake, 2006a; Mitchell, Wilson, &
MacKenzie, 2007). Other programs (i.e. intensive supervised probation without
treatment, boot camps, GED programs) are less effective at reducing recidivism. For
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example, meta-analyses on intensive supervised probation (ISP) have consistently found
only small reductions in recidivism (Drake, Aos, & Miller, 2009). However, when
treatment is provided in addition to supervision, the effects on recidivism reductions can
be increased to result in an 18% reduction (Drake, Aos, & Miller, 2009). Community
supervision that follows the principles of risk-need-and responsivity was found to
produce a 16% reduction in recidivism (Drake, 2010). Most of the available research
focuses on substance abuse and dependence in criminal justice population. Fewer metaanalyses have been conducted on programs and treatment modalities targeting the Big
Four criminogenic needs (antisocial attitudes, personality pattern, behavior, and peers).
Program content also includes controls on individual behavior. Controls are useful
tools for enhancing the impact of programs’ content and dosage. Criminal justice agents
use social controls to assist in stabilizing, monitoring, and supporting offenders in their
efforts to change negative behaviors. These can be used for both punitive and therapeutic
purposes. Constraining the movement of individuals through the use of electronic
monitoring, curfews, or day programs can improve success on supervision (Drake, Aos,
& Miller, 2009; Padgett, Bales, & Blomberg, 2006; Pattavina, Tusinski-Miofsky, &
Byrne, 2009). One study of a batterer’s intervention found that participants who were
under increased monitoring (check-ins, court-orders, drug testing, and court
appearances), were more likely to complete the program, compared with those who were
not under increased supervision (Barber and Wright, 2010).
Dosage. The dosage of treatment offered affects the likelihood of longer-term
positive outcomes. In the RNR Program Tool, dosage is based on the definition provided
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in Huber, Hall, and Vaughn (2001) and includes the frequency of treatment or program
sessions, length and duration of sessions, and the availability and duration of aftercare.
All four components should be measured in order to assess the total dosage in behavioral
(or non-medical/pharmacological) interventions. Programs with higher dosage meet more
frequently, have a greater length of services per meeting, and have a longer duration. Few
empirical studies in the correctional interventions literature clearly define dosage in such
specific terms. Frequently information on dosage must be inferred from substance abuse
and mental health treatment studies (e.g. Bourgon & Armstrong, 2005; Landenberger &
Lipsey, 2005; Simpson, 1979; Taxman, Byrne, & Thanner, 2002; U.S Department of
Health and Human Services, 2009). In a review of therapy (mostly cognitive behavioral
in nature) for patients with psychiatric disorders it took between 13 and 18 sessions
(approximately one session per week for 3-5 months) in order to see a 50% reduction in
symptoms (Hansen, Lambert, & Forman, 2002). In a similar review of CBT for offender
populations, Landenberger and Lipsey (2005) found the number of sessions per week,
hours per week, and total hours of treatment received were positively related to the effect
of the program on recidivism. Similarly, in a study of “comprehensive structured
cognitive behavioral programs” provided in prisons, Bourgon and Armstrong (2005)
found that program effects on recidivism increased 1.2% to 1.7% for each 20-hour week
of treatment received.
The dose of treatment required to gain clinical or statistically significant change
may also be affected by type and degree of individual need for treatment. More acute
needs may see larger effects with shorter treatment. Bourgon and Armstrong (2005)
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found that offenders scoring low on risk assessments had reduced recidivism rates
following five weeks worth of programming compared to high-risk offenders in the same
program (12% for lower risk versus 62% for higher risk). An emerging literature in the
criminal justice field suggests that higher-risk individuals should receive at least 300
hours of cognitive-behavioral-based interventions, moderate-risk individuals about 200
hours, and lower risk less than 100 hours (Bourgon & Armstrong, 2005).
Implementation. Program implementation fidelity is strongly linked to
effectiveness (Andrews & Dowden, 2005; Lipsey & Landenberger, 2005; Lowenkamp, et
al., 2006). Important implementation features associated with effective correctional
interventions were described above. These include: staff credentials, staff training,
quality assurance measures, communication between treatment staff and correctional
staff, use of a program manual, history of evaluation of the program, and receipt of
technical assistance.
Scoring of the Tool
The behavioral targets of a program correspond to a group of similar programs
and programs are scored relative to the essential features of programs in these groups
based on the research defining evidence-based practices. Table 1 describes the essential
features in five of the six program groups. These typical features of the four domains
(target, content, dosage, and implementation) of the tool are divided into six scoring
categories: risk principle, need principle, responsivity principle, dosage, program
integrity, and restrictions. Each category is weighted based on its importance as identified
in the research literature. A program is initially classified into one of the six program
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groups based on its target (substance dependence, criminal thinking, self-improvement
and management, interpersonal and social skills, life skills, and punishment only). Once
classified, each program is scored within the six scoring areas relative to ideal features of
programs within this group. All final area and total scores reflect a proportion of the
number of points received out of the total number of points possible.

Table 1: Essential Features of Program Groups
Targets
Content

Dosage
(desired
Clinical
Hours)
Implementation
(Eligibility
Screening)
Implementation
(Manual)

Group A
Dependence
on “hard”
drugs
TC
CBT-based
intervention
s
Medication
assisted
treatments
Manualized
treatment
Residential
treatments

Group B
Criminal
thinking

Group C
Selfimprovement

Group D
Interpersonal/
Social skills

Group E
Life skills

CBT-based
criminal
thinking
interventions
Behavioral
interventions
(contingency
contracting,
token
economies)
ISP with
treatment
Sex, DV, and
restorative
justice
curriculums
300 hours

CBT-based
social skills
interventions
Behavioral
interventions
ISP without
treatment
Individual
counseling
Group
counseling

Group,
individual,
family
counseling
Mentoring
Self-help
groups (e.g.
AA/NA)
DV education/
awareness
Social
connections
(incl. faithbased
programs)

GED classes
Vocational
skills
training
ISP without
treatment
Employmen
t services
Educational
classes
Access to
support and
entitlement
services

200 hours

200 hours

100 hours

High risk

HighModerate Risk

Moderate
Risk

Moderate-low
risk

Low risk

Evidencebased

Evidencebased

Evidencebased or
internally

Internally
generated

Internally
generated

300 hours
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Group A
ImpleAdvanced
mentation
Degree
(Staff
Credentials)

Group B
College degree

Group C
generated
Certification
in curriculum

Group D

Group E

Generic
certification

Experience

Conclusion
Previous research on correctional interventions and programming, and the
research on effective treatment have identified some key features that are important for
programs to be effective in any field. The above review suggests that while a number of
strides have been made in assessing correctional programs using instruments like the
CPAI and the SPEP. The proceeding research will extend this past work to advance both
theory and practice. In the area of theory this research will help continue efforts to
document what goes on in behavioral interventions (Michie, 2004). This requires
determining what are the key features necessary in programs operating in the “real
world” to have an impact on individual well-being and reduce factors associated with
recidivism. In advancing the theory of effective interventions in such a way,
advancements in practice can also be made.
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CHAPTER THREE: PILOT TESTING AND INTERNAL CONSISTENCY OF
THE RNR PROGRAM TOOL

Abstract
Research over the last 25 years has identified a number of features of programs
for justice-involved individuals that consistently predict better outcomes. The challenge
for programs comes in translating this research into useful practices for their specific
context. This study describes the development and pilot testing of a web-based self-report
program classification and assessment tool. The RNR Program Tool was designed to
identify programs’ ideal target behavior, and to assess the degree to which program
operations are consistent with the best available evidence on practices in the areas of risk,
need, responsivity, dosage, implementation, and restrictiveness. The current study used
data from 53 programs in 7 jurisdictions to test the internal consistency of the RNR
Program Tool. Pilot testing of the RNR Program Tool for Adults found that programs had
an average score of 58.7%. This finding is consistent with the research conducted by
Lowenkamp, Latessa, and Smith (2006) using the CPAI in which they found that halfway
house programs scored 45.5%. Findings also suggest that the RNR Program Tool has
respectable internal reliability (α = 0.703 for the Program Tool Total Score).
Additionally, exploratory factor analysis suggests that the RNR Program Tool includes
two factors reflecting a treatment-matching or individual component, and a program
operations or system’s level component. Future research based on this study should test
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this two-component model with additional data, including an assessment of the predictive
validity of the two components identified here.
Pilot Testing and Internal Consistency
In the last 25 years researchers in the criminology, criminal justice, and forensic
psychology fields have been making strides in identifying “what works” in terms of
program content and implementation. The general consensus is that staff characteristics,
program features, fidelity, and participant selection criteria are important to the delivery
of programs that improve the outcomes of offenders (Andrews & Bonta, 2010; Andrews
& Dowden, 2006; Andrews, Zinger, et al., 1990a; Cullen & Gendreau, 2000; Dowden &
Andrews, 2000; Gendreau et al., 1999; Gendreau, Little, & Goggin, 1996; Landenberger
& Lipsey, 2005; Lipsey, 1995). Although a body of literature has been developing that
has begun to identify and describe these features of effective programs and interventions,
translating the findings of this research into practice can prove challenging.
The RNR Program Tool is a new tool available to assist programs in translating
research on program quality into practice. The tool was designed to assess the quality of
program implementation, as well as, classify the program in terms of a general category.
It contains features that are consistently described in the theoretical and empirical
literatures to affect program outcomes, including how well programs conform to the
principles of Risk, Need, Responsivity, and evidence-informed practices for effective
implementation. One feature unique to the RNR Program Tool is that it begins with
classifying programs based on the behavior the program is designed to change. It then
uses this target behavior as a basis for scoring the program’s quality.
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The development of the RNR Program Tool progressed through a number of
stages. First, researchers recognized the importance of identifying and helping programs
identify what they are actually doing (i.e. what behaviors they are trying to change, what
methods they are using to change that behavior, and how they are going about
implementing these methods). Second, translational tools need to be responsive to the
field. During the development of the RNR Program Tool a process of pilot testing,
obtaining feedback, and making revisions to ensure the tool was responsive to the field
was followed. Third, this tool uses advancements in technology (i.e. use of an internetbased electronic self-report system) to improve access to this resource. The final stage of
development is testing the reliability of the constructs created in the tool. These
constructs are theoretically driven, and reflect a number of evidence-based and promising
practices. However, it will be important to demonstrate that these constructs, as measured
on the RNR Program Tool are reliable and valid measures of program quality. This paper
will describe the development of the RNR Program Tool, some of the challenges
associated with its development, and the results of early pilot testing of the tool.
Effective Interventions for Criminal Justice Populations
Correctional programs and intervention can be effective mechanisms for
addressing individual needs and reducing recidivism. In order for the greatest reductions
in recidivism to be realized, studies suggest that programs must conform to some general
principles including the risk principle, need principle, responsivity principle, clinical
judgment, program quality, and program integrity (Gendreau et al., 1999; Landenberger
& Lipsey, 2005; Lipsey, 1995; Lipsey, 2008; Smith, Gendreau, & Swartz, 2009). The
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challenge for programs is to put these components into place because there is very little
guidance on how to accomplish this. Research discusses what effective programs look
like, but rarely do studies describe how programs can practically implement many of
these practices within their current organizational context and constraints.
Empirical research has been conducted to determine whether these features did in
fact contribute to successful rehabilitation. In many instances studies confirmed what was
theoretically expected. Principles such as risk, need, responsivity, program quality, and
program fidelity consistently predict or explain differences between successful and
unsuccessful rehabilitation efforts (Andrews & Bonta, 2010; Andrews & Dowden, 2005;
Andrews, Zinger, et al., 1990a; Bellig, et al., 2004; Bourgon & Armstrong, 2005;
Bonta, Rugge, Scott, Bourgon, & Yessine, 2008; Cullen & Gendreau, 2000; Dowden &
Andrews, 2000, 2004; Gendreau et al., 1999; Landenberger & Lipsey, 2005; Lipsey,
1999; MacKenzie, 2006; McGuire, 1999)1. Effective programs result from a combination
of their characteristics and their implementation.
Figure 1 (in Chapter One: Introduction) describes the conceptual framework
guiding this research. Program effectiveness is defined, and affected by, two specific
constructs that affect program effectiveness are implementation and program
characteristics. Implementation includes the program, staff, and organizational features
that contribute to how well a program operates. Specific characteristics of a given
program are also associated with stronger effects on the target behaviors of the program.
Finally, the effectiveness of a program can be defined in a number of ways. In the case of
1

Appendix 1 provides details on the program features addressed and the results reported for each of these
studies.
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programs for justice-involved individuals, effectiveness can be based on changes in the
target behavior (or symptoms), program completion, and reductions in recidivism. The
specific program features and its implementation can affect each of these types of
outcomes. Additionally, program features and implementation can have a reciprocal
relationship. Some program features may improve the program’s implementation, and
factors associated with implementation can affect the program characteristics.
The RNR Program Tool was designed with a similar conceptual model in mind. It
measures program characteristics (i.e. adherence to risk-need-responsivity model, target
behaviors, content of the program, and dosage) and implementation features (e.g. staff
qualifications, program administrator qualifications, training, technical assistance,
communication, and evaluation). These two groups of factors (program and
implementation features) are based on the empirical literature on effective programs for
justice-involved individuals (for summaries of these principles see Andrews & Bonta,
2010; Gendreau et al., 1999; Smith et al., 2009) and literature from the behavioral health
field (Bellg, et al., 2004; McGrew, et al., 1994). The proceeding sections will describe the
underlying concepts of effective interventions, including the RNR Model and program
structure, format, and delivery. The RNR Model and components of the program’s
structure and format are associated with program characteristics, while program delivery
and other components of the program’s structure and format are related to
implementation features.
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The Risk-Need-Responsivity (RNR) Model
Early work to develop a general interpersonal and social psychological model to
explain criminal behavior and mechanisms for reducing it was conducted by a group of
Canadian psychologists. They proposed four main principles—risk, need, responsivity,
and clinical judgment—associated with effective rehabilitation programs for offender
populations (Andrews, Bonta, & Hoge, 1990; Andrews, Zinger, et al., 1990b). Additional
work by these and other scholars sought to provide empirical evidence in support of these
principles (Andrews & Dowden, 2005; Latessa et al., 2002; Lipsey & Howell, 2012;
Lowenkamp, Latessa, & Smith, 2006). Three of these four principles lay the foundation
for much of the current work on developing and assessing correctional interventions.
First, the Risk Principle suggests that risk for recidivism can be predicted, and service
intensity should be matched to risk (Andrews & Bonta, 2010). Higher levels of
programming dosage should be provided to higher-risk offenders. Low-risk individuals,
according to this model, are generally excluded from most of intervention. Most
importantly, higher risk and lower risk individuals should have minimal interactions with
one another to avoid low risk individuals being influenced by higher risk individuals. The
Risk Principle has strong empirical support for its relationship to recidivism (Andrews, et
al., 1990; Andrews & Dowden, 2006; Lowenkamp & Latessa, 2004; Lowenkamp,
Latessa, & Holsinger, 2006; Lowenkamp, Pealer, Smith, & Latessa, 2006). For example,
Lowenkamp, Latessa, and Holsinger (2006) found that providing more intensive services
to higher risk individuals could produce an 18% decrease in recidivism. However,
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providing intensive services to lower risk individuals could, in some cases, increase the
likelihood of recidivism (Andrews & Dowden, 2006).
Second, the Need Principle suggests criminogenic needs, dynamic factors directly
related to offending behavior, should be targeted by interventions if recidivism reduction
is the goal (Andrews, Bonta, and Hoge, 1990). Andrews and Bonta (2010) identify eight
criminogenic needs: history of antisocial behavior, antisocial personality pattern,
antisocial cognition, antisocial associates, family or marital circumstances, school or
work conditions, leisure and recreational activities, and substance abuse. Noncriminogenic needs are also relevant, even though they do not necessarily predict,
involvement in criminal behavior are also identified within the RNR Model (Andrews &
Bonta, 2010). These needs include, among others, mental health disorders and conditions,
self-esteem, intelligence, and lack of housing. These needs, while clinically relevant, are
not likely to produce changes in offending behavior when treated if other criminogenic
needs exist. According to this model more attention should be given to criminogenic
needs within the context of interventions designed to reduce recidivism. Noncriminogenic needs may be addressed to help engage individuals in treatment and
improve the responsivity of programming.
Third, the Responsivity Principle suggests programs will be more effective if they
are consistent with an individual’s learning style, use cognitive-behavioral or social
learning techniques, and address characteristics of individual’s personality that affect
motivation or amenability to treatment (Andrews & Bonta, 2010; Andrews, Zinger, et al.,
1990a). Responsivity addresses how treatment interventions or programs are presented
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and received by an individual. General responsivity (using cognitive behavioral and
behavioral-based interventions) has been supported through empirical research (Andres
& Bonta, 2010a; Bourgon & Gutierrez, 2013; Gendreau & Andrews, 1990). Previous
studies have typically measured responsivity using a proxy measure termed “appropriate
treatment” (Andrews, Zinger, et al., 1990; Smith et al., 2009; Taxman & Marlowe, 2006),
and concluded that programs using appropriate treatment have greater effects on
recidivism reduction.
Another way of framing responsivity is as treatment matching. Treatment
matching is a common practice in substance abuse treatment and is the subject of two
clear sets of criteria: the American Society of Addiction Medicine (ASAM) Patient
Placement Criteria (Mee-Lee, Shulman, Fishman, Gastfriend, & Griffith, 2001) and the
American Association of Community Psychiatrists (ASCP) Level of Care Utilization for
Psychiatric and Addiction (LOCUS) (Thornton, Gottheil, Weinstein & Kerachsky, 1998).
Treatment matching in the criminal justice field is often conducted through risk-needs
assessments (Lowenkamp, 2004). Matching only on severity of the problem (risk level or
needs) may not be enough. For example, Barbor (2008) in a study of drug treatment
programs (Project MATCH and the VA Effectiveness Study) concludes that low
effectiveness of treatment may have been due to the lack of specificity in the treatment
match, because patients were only matched to treatments based on the severity of their
use disorder. Other moderating factors later identified in these studies suggest the
severity of psychiatric symptoms, anger, and social support for drinking in addition to the
severity of the alcohol use disorder contributed to the likelihood of successful treatment
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outcomes within different treatment types (12-step versus CBT) (Barbor, 2008). For
criminal justice interventions, this research suggests program assignment should consider
risk and needs (severity of the problem in Barbor’s study), and specific responsivity
(anger or psychiatric symptoms in Barbor’s study) factors.
The Responsivity Principle, compared to the Risk and Need Principles, is the
most difficult to measure and has the least amount of evidence directly supporting its role
in changing offending behavior (Andrews & Bonta, 1998; Bonta, 1995; Crites &
Taxman, 2013). Focusing on “how” interventions are provided at the individual-level
alone is not enough. Responsivity, as a general concept, can be applied to larger systems
issues to help researchers and practices understand more completely the relationship
between program characteristics, individual client characteristics, and organizational or
systems-level factors in achieving program outcomes.
Responsivity is extended in the model presented here to include not only these
individual factors, but also systems level factors that affect how treatment interventions
and programs are provided. These systems level factors incorporate the evidence for
organizational and implementation characteristics. Program fidelity and quality are key
features in systems-level responsivity. A traditional approach to the Risk-NeedResponsivity Model is insufficient for helping organizations and systems identify how to
address risk and needs using an individually based responsivity principle to meet larger
systemic goals. Therefore we look to program structure, format and delivery as key
indicators of systems level responsivity. For a formal discussion of the concept of
systematic responsivity see Taxman (2014).
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Program Structure, Format, and Delivery
Program outcomes are affected by how they actually work within larger systems.
The nature and type of correctional programs vary considerably. Some programs are
stand-alone, while others are embedded within larger correctional programs. For
example, some therapeutic communities are operated within prisons while others are
attached to community-based residential programs. Program structure and format
includes the content of the program, dosage, and individual responsivity factors. Program
delivery includes implementation, fidelity, and quality.
Program structure and format. Programs’ outcomes are affected by how they
operate. This includes the program’s theory of behavior change and how the program
content is designed to achieve behavior change. Appropriate program content requires
that the methods (i.e. group therapy, individual counseling, etc.), modalities (therapeutic
orientation, use of behavioral techniques, etc.), and curricula used are rigorously tested,
or at minimum have a strong theoretical link with the behavioral changes desired. In the
case of interventions aimed at reducing recidivism, programs that target clearly
criminogenic factors, such as antisocial thinking or severe substance use disorders, have
been shown to have larger impacts on reducing recidivism (Andrews & Bonta, 2010),
compared to those programs that target non-criminogenic needs.
Some program content or curricula have been found to be more effective than
others at reducing problem behaviors and recidivism. Table 2 provides a summary of the
research on various programs and interventions targeting criminal justice involved
populations. For example, cognitive-behavioral-based interventions that focus on
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changing maladaptive thinking patterns or address substance addiction are especially
effective at reducing recidivism (Aos, Miller, & Drake, 2006a; Mitchell, Wilson, &
MacKenzie, 2007; Lipsey, Landenberger, & Wilson, 2007; Pearson, Lipton, Cleland, &
Yee, 2002; Wilson, Bouffard, & MacKenzie, 2005). Therapeutic communities are also
generally effective (Aos, Miller, & Drake, 2006a; Mitchell, Wilson, & MacKenzie,
2007). Other programs (i.e. intensive supervised probation without treatment, boot
camps, GED programs) are less effective if the goal is recidivism reduction. Metaanalyses on intensive supervised probation (ISP) have consistently found only small
reductions in recidivism (Drake, Aos, & Miller, 2009). However, when treatment is
provided in addition to supervision, the effects on recidivism reductions can be increased
(Drake, Aos, & Miller, 2009).

Table 2: Program Content and Recidivism Reduction
Intervention
Drug Dependence

% Reduction Source(s)

Therapeutic Community

16%c – 27%

Therapeutic Community
(Hard Drugs)

45%

TC (Inpatient < 90 Days)

7%

TC (Inpatient 90+ Days)

18%

TC (No Aftercare)

13%

TC (With Aftercare)

20%

Narcotic Maintenance
(Hard Drugs)

27%c
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Lipton, Pearson, Cleland & Yee,
2008; Mitchell, Wilson &
MacKenzie, 2007
Holloway, Bennett &
Farrington, 2006
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Holloway, Bennett &
Farrington, 2006

Intervention
Narcotic Maintenance

% Reduction Source(s)
Mitchell, Wilson & MacKenzie,
-9%e
2007

Criminal Thinking
Cognitive Behavioral Therapy

25%

Moral Reconation Therapy

16%c - 35%

Reasoning and Rehabilitation

14%

CBT for Anger Management
51%
ISP with Treatment Orientation 17.9%
Intensive Supervision Program

33%c

EM for Moderate to High Risk
Social/Interpersonal Skills

2%c

General Drug Treatment

12%c –
22%c

Counseling (General)

20%

Counseling (< 90 Days)

22%

Counseling (90+ Days)

18%

Counseling (No Aftercare)

18%

Counseling (With Aftercare)

29%

Restorative Justice

14%a

Post-Release Supervision

26%d

Post-Release Supervision
(Hard Drugs)

33%c

Mental Health Treatment

17%c

Incarceration (vs. community)

-14% e

Intermediate Sanctions

2%

Lipsey, Landenberger & Wilson,
2007
Little, 2005; Wilson, Bouffard
& MacKenzie, 2005
Tong & Farrington, 2008;
Wilson, Bouffard & MacKenzie,
2005
Beck & Fernandez, 1998
Drake, Aos & Miller, 2009
Perry, Darwin, Godfrey,
McDougall, Lunn, Glanville &
Coulton, 2009
Renzema & Mayo-Wilson, 2005
Holloway, Bennett &
Farrington, 2006; Prendergast,
Poduc, Chang & Urada, 2002
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Mitchell, Wilson & MacKenzie,
2007
Lattimer, Dowden & Muise,
2005
Dowden, Antonowicz &
Andrews, 2003
Holloway, Bennett &
Farrington, 2006
Martin, Dorken, Wamboldt &
Wootten, 2001
Smith, Goggin & Gendreau,
2002
Smith, Goggin & Gendreau,
2002
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Intervention
Boot Camp
Boot Camp

% Reduction Source(s)
Wilson, MacKenzie & Mitchell,
1%
2008
Mitchell, Wilson & MacKenzie,
5%
2007

Life Skills
Counseling (12 Step)

21%

General Vocation/Education

21%

Ex-Offender Employment

3%c

Academic/Educational

18%

Post-Secondary Correctional
Education

27%

Vocational

22%

Life Skills Training

27%

Correctional Industries

19%

Mitchell, Wilson & MacKenzie,
2007
Wilson, Gallagher &
MacKenzie, 2000
Visher, Winterfield &
Coggeshall, 2005
Wilson, Gallagher &
MacKenzie, 2000
Wilson, Gallagher &
MacKenzie, 2000
Wilson, Gallagher &
MacKenzie, 2000
Beckmeyer (not sure if we
should include)
Wilson, Gallagher &
MacKenzie, 2000

*Ainsworth, S. A. & Caudy, M. (2012). Correctional Interventions. EMTAP Review Series.
Fairfax, VA: Center for Advancing Correctional Excellence (ACE!); Department of Criminology,
Law & Society; George Mason University.
a Standardized mean difference was converted to odds ratio. Phi coefficient was converted to an
odds ratio with an assumed 0.50 control recidivism. Success/failure rates for treatment and control
groups were used to calculate odds ratio
b Insufficient information to calculate confidence interval.
c Calculation assumed 0.50 control recidivism.
d Treatment and control group recidivism rates were converted to percent reduction.
e Negative percent reductions represent an increase in recidivism for the treatment group.

Program content for justice-involved persons also includes controls on individual
behavior. Controls are useful tools for enhancing the impact of programs’ content and
dosage by assisting in stabilizing, monitoring, and supporting offenders in their efforts to
change negative behaviors. Constraining the movement of individuals through the use of
electronic monitoring, curfews, or day programs has been shown to improve success on
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supervision (Drake, Aos, & Miller, 2009; Padgett, Bales, & Blomberg, 2006; Pattavina,
Tusinski-Miofsky, & Byrne, 2009). In a study of a batterer’s intervention, participants
who were under increased monitoring (such as check-ins, court-orders, drug testing, and
court appearances), were more likely to complete the program, compared with those who
were not under increased supervision (Barber and Wright, 2010). While restrictions can
be punitive in response to program violations, they can also be used as a tool to provide
individuals with appropriate boundaries to build engagement in treatment while reducing
temptations to engage in negative behavior.
A third component of program structure and format is dosage. Dosage can be
measured as a combination of four characteristics—amount, duration, frequency, and
quantity (Huber, Hall, & Vaughn, 2001). Few empirical studies in the correctional
interventions literature clearly define dosage in such specific terms. Since the research on
dosage in correctional interventions is still developing, information on dosage must be
inferred from substance abuse and mental health treatment studies (e.g. Bourgon &
Armstrong, 2005; Landenberger & Lipsey, 2005; Simpson, 1979; Taxman, Byrne, &
Thanner, 2002; U.S Department of Health and Human Services, 2009). The dose of
treatment required to gain clinical or statistically significant change may also be affected
by the type and degree of the individual’s need for treatment. More acute needs may see
larger effects with shorter treatment, while more chronic issues will require higher dosage
spread out over greater amounts of time.
In a prison population, Bourgon and Armstrong (2005) found that prisoners
scoring low on risk assessments had reduced recidivism rates following five weeks of
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cognitive-behavioral-based programming compared to high-risk offenders in the same 5week program (12% for lower risk versus 62% for higher risk). This emerging literature
in the criminal justice field suggests higher-risk individuals should receive at least 300
hours of cognitive-behavioral-based interventions, moderate-risk individuals about 200
hours, and lower risk less than 100 hours (Bourgon & Armstrong, 2005). Sperber,
Latessa, and Markarios (2013) in a study of dosage within community-based correctional
facilities came to similar conclusions. Notably, increasing dosage improves outcomes for
higher risk individuals, the greatest impact for increasing dosage for high-risk/high-need
individuals, and in many instances 200 or more hours made the difference but increasing
above 300 may not have a substantial impact.
Program delivery. Program delivery includes implementation, fidelity, and
quality. Program implementation fidelity is strongly linked to effectiveness (Andrews &
Dowden, 2005; Bourgon, et al., 2010; Lipsey & Landenberger, 2005; Lowenkamp, et al.,
2006). Key measures of program implementation include: use of a curriculum manual,
staff credentials, staff training, quality assurance measures, history of evaluation of the
program, receipt of technical assistance, communication between treatment staff and
correctional staff. In a review of 359 treatment outcomes studies, Moncher and Prinz
(1991) identified the types of fidelity measures included in program evaluations. Key
measures of fidelity included defining the treatment and providing training, use of
treatment manuals, supervision of treatment providers, adherence to treatment protocol,
and using fidelity data. The most frequently used fidelity measure in Moncher and Prinz’s
study was the use of a manual. Their study did not connect the fidelity measures with
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outcomes. In a study of mental health services, McGrew and colleagues (1994) found that
patients in programs that closely followed a specific treatment model had more positive
outcomes, specifically, fewer days in a hospital compared to participants in programs
where a treatment model was not followed (r= 0.06; p < 0.01).
Following a specific treatment model is another way to ensure fidelity in program
implementation. After reviewing articles from mental health, prevention of
psychopathology, personal and social competence, education, and drug abuse treatment
and prevention programs the Dusenbury, Brannigan, Falco, & Hansen (2003) conclude
key elements to high fidelity implementation are adaptive planning, training that is
customized to the site, having a necessary number of participants, and developing
program material locally. Implementation can be further improved by providing concrete
training, keeping program models relatively simple, and paying attention to provider and
organizational characteristics (Dusenbury, et al., 2003). Training staff in specific
treatment models also improves outcomes for clients (Simons, et. al. 2010; Stanard,
1999). For example, clients with depression treated after clinicians received training in
cognitive-behavioral techniques saw larger improvements in quality of life compared to
clients in the control group whose case managers did not receive training (F(1, 44)=5.97,
p<.05) (Stanard, 1999). In Simons and colleagues’ (2010) study, clients who received
cognitive-behavioral treatment by trained community therapists had a significant
reduction in symptoms compared to the control group (F(2, 113)=53.40, p<.001). In both
of these studies, training in specific treatment modalities improved client outcomes
compared to a control group where clinicians did not receive this training.
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Finally, communication is also essential for coordinating care of individuals
between treatment and criminal justice systems. Taxman and Bouffard (2000) found that
many correctional facilities and treatment providers did not have structures in place to
move beyond the organizational boundaries and communicate across systems.
Communication typically includes formally, and jointly, sharing information using the
same process. However, according to Taxman and Bouffard a more responsive
organization moves beyond this definition and creates an integrated process where the
focus is on the larger goal, rather than each organization’s separate goals. This requires
not only communication, but also cooperation between agencies. In their study of jailbased drug treatment services programs (specifically RSAT), they found that one of the
challenges during implementation was a lack of communication and coordination
between the various systems involved (i.e. jails, treatment providers, community aftercare
services). This led to shorter stays in the program while participants were in jail and lack
of aftercare services once released. Both of which went against the program theory model
for the RSAT program.
Measuring Program Quality in Corrections
In the field of corrections a number of tools have been developed to measure
program quality and implementation. The most common are the Correctional Program
Assessment Inventory (CPAI, Gendreau & Andrews, 2001) and the Standardized
Program Evaluation Protocol (SPEP, Lipsey, 2008) for juvenile programs.
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Table 3 compares the CPAI, SPEP, and RNR Program Tool.

Table 3: Comparison of CPAI, SPEP, and RNR Program Tool Features

RNR Program Categorization
Tool
Community Liberty
Restrictions
Drug Testing in Program
Drug Testing out of Program
Programming Frequency
Programming Hours/Week
Programming Duration
Total Hours
Includes Aftercare
Treatment Orientation
Primary Treatment
Programming
Other Components of
Treatment
Process for Designing Program
(Literature review, pilot
testing, E-B curriculum)
Program Context (Residential,
CJ facility, etc.)
Rewards
Punishment
Clear Completion Criteria
Staff Training or Credentials
Role of Program Director
Credentials of Program
Director
Staff Turnover
Evaluation of the Program
Set Program Eligibility
Target Population by Risk
Level
Exclusionary Criteria
Use Treatment Manual
Quality Assurance of
Treatment Program
Community Support for
Program

Correctional
Program
Assessment
Inventory (CPAI)

Standardized
Program
Evaluation
Protocol (SPEP)

X

RNR Program
Tool for Adults

X
X

X

X
X
X
X
X
X
X
X
X

X

X

X

X

X

X

X
X
X

X
X

X

X

X
X
X
X
X
X

X

X

X
X
X
X

X

X
X
X
X
X

X
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X
X
X
X
X
X
X
X
X

X

X
X
X

X

X

Research-based Tool

X

X

X

CPAI
The CPAI is a 77 item structured assessment completed by a trained evaluator
who visits the program site. Data gathering for the assessment includes activities such as
interviews, document reviews, and systematic observations. Key features of the CPAI
include: program implementation, pre-service assessment, program characteristics, staff
characteristics, program evaluation, and an other group that catches miscellaneous items
not fitting into one of the aforementioned areas. Items on the program implementation
area of the CPAI are largely focused on the characteristics and role of the program
director, assessment of need for the program, and evaluation of the cost-effectiveness of
the program. The pre-service assessment area includes identifying a primary problem; the
appropriateness of the client for the program; any exclusion criteria and its
appropriateness; and consideration and appropriate measurement of risk, need, and
responsivity factors.
Program characteristics include items such as the behavior the program is
attempting to change; the treatment modality used to change the target behavior; location
of the program; whether it uses a manual; dosage; adherence to risk principle; measures
of responsivity; the ratio of rewards to punishments; clear program completion criteria;
use of social learning practices; inclusion of additional services as needed; integration of
client’s support networks into treatment; and use of follow-up, aftercare, or booster
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sessions. Evaluation of program features includes presence of quality assurance practices,
assessment of client satisfaction with the program, measuring client progress on target
behaviors, monitoring recidivism outcomes of clients following the program, evaluation
of the program outcomes using a comparison group, and presentation of these outcome
studies in published (peer reviewed) or unpublished (internal documents) manuscripts.
Staff characteristics are another feature of the CPAI. Items on the CPAI used to
measure staff characteristics include: education, experience, clinical skills (e.g. empathy,
pro-social modeling, firm but fair communication style, etc.), low rates of turnover (at
least half of the staff have been working in the program for two or more years), yearly
supervision and assessment of clinical skills, receive formal and ongoing training, and
have a say in how the program is implemented. Finally, the CPAI includes an Other
category which focuses on how client records are stored, the presence of clear ethical
guidelines for the program, any changes made to the program in recent years, and the
support for the program in the community. Nesovic (2003) and Lowenkamp (2004)
conducted two of the most detailed studies of the psychometric properties of the CPAI.
Nesovic (2003) tested the reliability and predictive validity of the CPAI and found
that the CPAI has strong inter-rater reliability (two raters agreed 91% of the time when
scoring the CPAI based on taped interviews) and internal consistency (alphas ranged
from .47 for Implementation to .93 for Total Score). She also found that the CPAI
sections (i.e. Pre-Service, Program Characteristics, Treatment, and Total Score) were
significantly correlated with program effect sizes. Additionally, when included in a
regression model the Implementation section of the CPAI explained 2% of the variance
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in effect sizes, Program Evaluation 9% of the variance, Staff Characteristics 10% of the
variance, Pre-service Assessment 19% of the variance, and Program Characteristics 21 %
of the variance. When all sections of the CPAI were included in the model 52% of the
variance in program effect sizes was explained. Lowenkamp, Latessa, and Smith (2006)
also tested the predictive validity of the CPAI. Their study found that Program
Implementation, Pre-service Assessment, and Total Score were significantly correlated
(p<.05) with the programs’ treatment effects measured by new offense, technical
violation, and return to prison.
Lowenkamp (2004) found the CPAI Total Score to be correlated with the effect
sizes for halfway houses (r=0.41). This correlation was improved when only those items
on the CPAI that were significantly correlated with the programs’ effect size were used to
calculate the CPAI total score (r=0.60). The alpha reliability coefficients in
Lowenkamp’s study using the full implementation of the CPAI (interviews, document
reviews, and observations) were lower than those found by Nesovic who used taped
interviews to complete the CPAI. Lowenkamp’s study found alpha coefficients ranging
from 0.10 for Staff Characteristics to 0.74 for the Total Score (only items that were
significantly correlated with program effect size was included in the calculation of the
Total Score). While the CPAI provides a valid predictor of program outcomes, it is not
without limitations.
SPEP
The SPEP is a tool designed to assess how well juvenile justice programs adhere
to characteristics of effective programs. Lipsey generated this tool using analyses of
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hundreds of research studies on interventions designed to reduce juvenile offending.
Although the SPEP is based on systematic reviews of decades of research, most of which
includes high quality experimental and quasi-experimental studies, it can only be used to
assess programs for which there is sufficient research to engage in meta-analysis.
The SPEP includes items in five areas: primary service, supplemental service,
treatment amount, treatment quality, and youth risk level. The types of services are
grouped into those with high average effects (e.g. programs operating from a therapeutic
philosophy, especially behavioral and cognitive behavioral-based), moderate average
effects (e.g. surveillance), and low average effects (e.g. discipline and deterrence).
Qualifying supplemental services include those that differ from the primary service, but
that are also shown to be effective. Treatment amount, or dosage, is a combination of
duration and contact hours specific to the types of services included in Lipsey (2009)
meta-analysis. Treatment quality is measured by staff turnover, poor training, high drop
out rates, and lack of fidelity; however, in many studies these features associated with
quality were not adequately measured to combine using meta-analytic techniques.
Finally, the SPEP scores programs based on the proportion of youth who are medium risk
and the proportion that are high risk. Lipsey (2008) found programs with the highest
SPEP scores saw recidivism rates, after controlling for risk, 12% points lower than
expected, while the lowest scoring programs saw now real differences between expected
and actual recidivism rates.
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Comparison of Tools
These instruments include a number of the features discussed in the literature
review above—presence of strong theory, use of a program or treatment manual, staff
training and supervision, measuring outcomes, dosage, etc.—to identify how well a
program is designed and implemented. However, these tools are limited in their utility for
the corrections field as a whole. First, the CPAI requires a trained evaluator to come
onsite and time to observe the program, interview staff, review documentation, and
generate a report. This may be limiting to programs without the funds to hire an
evaluator. Additionally, some programs may not yet desire such a detailed evaluation, but
instead, would like to get a general idea of how well their program tracks with evidencebased practices. Second, the SPEP, while requiring fewer resources than the CPAI, can
only be used to assess programs for which a meta-analysis has been conducted. This
limits the tool’s utility, as many programs and services offered in the field have not been
the subjects of meta-analytic review.
Conclusion about the Need for Tools to Measure Program Features
As the foregoing discussion suggests, we do know something about effective
programs for criminal justice involved populations. Generally, the research evidence
suggests programs adhering to the principles of risk, need, and responsivity have better
outcomes compared to those that do not follow at least two of the principles (Andrews, et
al., 1990). Additionally, a growing body of research has identified a number of general
principles of more effective programs (Andrews & Dowden, 2005; Lipsey, 2009; Lipsey
& Cullen, 2007; Lipsey & Landenberger, 2005; Lowenkamp, 2004). However, it is
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difficult for programs to operationalize these principles (Ferguson, 2002). Many
organizations make a good faith effort to follow best practices and implement evidencebased programs. Yet, they are often unaware of how well they are meeting their
implementation objectives. The RNR Program Tool was designed to assist programs in
translating this research into daily practice.
The RNR Program Tool
The RNR Program Tool was designed with four goals in mind: (1) classify
programs so they can be matched to individuals, (2) determine how well programs
currently target risk and criminogenic needs, (3) assess programs on their use of
evidence-based practices, and (4) provide for an assessment of implementation quality.
This tool builds on the empirical evidence on features of effective programming
(Andrews & Dowden, 2005; Lipsey, 2009; Lipsey & Cullen, 2007; Lipsey &
Landenberger, 2005; Lowenkamp, 2004), while also using a treatment matching
framework (Gastfriend & McLellan, 1997; Mee-Lee et al., 2001; Thornton, Gottheil,
Weinstein & Kerachsky, 1998) emphasize the need to clearly target individual
criminogenic risk, dynamic needs, and responsivity factors (Andrews & Bonta, 2010;
Andrews, Bonta, & Hoge, 1990; Andrews & Bonta, 2010; Andrews & Dowden, 2006;
Andrews, Zinger, et al., 1990a, 1990b).
Classifying Programs
One of the primary goals of the RNR Program Tool is to classify programs into
treatment matching groups based on the primary target behavior of the program. The
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RNR Program Tool uses a program’s target behavior for classification. Programs are
classified based on six primary targets drug dependence or addiction, criminal thinking,
self-improvement and self-management, social and interpersonal skills, life skills, and
punishment only. Table 5 describes each of the program classification groups, the target
behaviors and mechanisms of action to target these behaviors, and some of the research
evidence in support of this group.

Table 5: Program Classification Groups
Program Group

Mechanism of Action

Research Evidence

Group A
Severe Substance
Use Disorders

Treatments to reduce use of
heroin, cocaine,
amphetamines, and
methamphetamine

Group B
Criminal Thinking

Cognitive restructuring to
change maladaptive thinking
patterns

Group C
Self-Improvement
and Management

Developing social and
problem solving skills to
address MH, SA, and selfcontrol.
Structured counseling and
modeling of behavior to
reduce interpersonal conflict
and develop more positive
interactions.
Stabilize education, housing,
employment, and financial
concerns.

Holloway, Bennett, & Farrington,
2006; Prendergast, Huang, & Hser,
2008; Prendergast, Podus, Chang &
Urada, 2002; Lipton, Pearson,
Cleland & Yee, 2008; Mitchell,
Wilson & MacKenzie, 2007
Andrews & Bonta, 2010; Lipsey,
Landenberger & Wilson, 2007;
Wilson, Bouffard & MacKenzie,
2005; Little, 2005; Tong &
Farrington, 2006 & 2008
Botvin & Wills, 1984; Botvin,
Griffin, & Nichols, 2006; Martin,
Dorken, Wamboldt & Wootten,
2011
Botvin & Wills, 1984; Beckmeyer,
2006; Wilson, Gallagher &
MacKenzie, 2000; Visher,
Winterfield & Coggeshall, 2005

Group D
Social and
Interpersonal
Skills
Group E
Life Skills

78

Andrews & Bonta, 2010;
Beckmeyer, 2006

Assessing Programs
Goals two thru four of the RNR Program Tool focus on assessment of the quality
of programs. This requires addressing the program’ conformity to the risk, need, and
responsivity principles; its content; standard dosage; implementation features; and
restrictiveness. Users respond to a set of 42 questions designed to identify key features of
the program’s content, dosage, implementation, and restrictiveness. These key features
are based on previous research identifying common factors that influence program
quality and outcomes (Andrews & Bonta, 2010; Andrews & Dowden, 2005; Andrews,
Zinger, et al., 1990a; Bourgon & Armstrong, 2005; Bonta, et al., 2008; Cullen &
Gendreau, 2000; Dowden & Andrews, 2000, 2004; Gendreau et al., 1999; Lipsey, 1999;
Lowenkamp, et al., 2006). Together these sections are scored creating a total score
reflecting the degree to which programs reflect evidence-based practices and quality
treatment interventions. Each scoring area is described briefly below.
Risk. Key items in the risk scoring area include the program’s use of a validated
risk assessment and focusing on appropriate risk levels (i.e. not mixing higher risk and
lower risk clients). These are based on the Risk Principle described by Andrews and
Bonta (2010).
Need. Key items included in the needs scoring area are a focus on a primary target
behavior, and use of appropriate content based on the target. Another scoring components
in the Need area of the RNR Program Tool is the specific emphasis on one primary target
behavior. Andrews, Bonta, and Hoge’s (1990) description of the Need Principle suggests
that criminogenic needs (dynamic risk characteristics that statistically predict offending)
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should be targeted by interventions if the intervention’s goal is to reduce recidivism
Other scholars have argued in favor of different individual characteristics that predict
delinquency and adult offending (e.g. Agnew, 1992; Glueck, 1960; Gottfredson &
Hirschi, 1990; Hirschi & Gottfredson, 2000), yet the eight criminogenic needs
highlighted under the RNR Model have the strongest predictive validity (Andrews,
Bonta, et al., 1990). Criminogenic needs should be targeted first (to help improve
reductions in criminal behavior), but other noncriminogenic needs are also possible
targets for programming, especially when criminogenic needs are not present. Within the
RNR Program Tool an emphasis is placed on criminogenic needs (Andrews, Bonta, and
Hoge, 1990) and stabilizers and destabilizers (Ward & Stewart, 2003) using specifically
targeted interventions.
Responsivity. The RNR Program Tool captures responsivity using items related to
program content, use of rewards and sanctions, and specific target populations (e.g.
women, youth, individuals with intellectual disabilities, etc.). The original concept of
responsivity defined by Andrews and colleagues (e.g. Andrews & Bonta, 2010; Andrews,
Zinger, et al., 1990a) suggests that programs will be more effective if they are consistent
with an individual’s learning style, use cognitive-behavioral or social learning techniques,
and address characteristics of individual’s personality that affect motivation or
amenability to treatment. Responsivity can also be defined using a treatment-matching
framework (see Crites & Taxman, 2013). This approach, common in the behavioral
health field (see Mee-Lee, et al., 2001 and Thornton, et al., 1998 for two models)
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considers general and specific responsivity factors, as well as other stabilizing and
destabilizing factors when matching individuals to appropriate treatment.
Implementation. The RNR Program Tool measures implementation using items
related to completion criteria, appropriate program administration, appropriate staff
credentials based on the behaviors targeted, staff communication, program evaluation,
use of a treatment manual, coaching, technical assistance, and quality assurance
protocols. In order for programs to be effective they must be implemented as they were
designed (Andrews & Dowden, 2005; Fixsen, et al., 2005; Landenberger & Lipsey, 2005;
Lipsey, 2009). Selecting staff based on appropriate credentials, providing supervision or
coaching, engaging in evaluation, and using a treatment manual all influence program
effects (see Resource Note 11.1 in Andrews & Bonta, 2010, p. 369). Providing specific
training on the program, treatment, or service model used improves outcomes for clients
receiving these services (Standard, 1999; Simons, Padesky, Montemarano, Lewis,
Murakami, Lamb et al., 2010). Additionally, strong communication networks between
program stakeholders are essential for program implementation (Fletcher et al., 2009;
Taxman & Bouffard, 2000).
Dosage. Dosage is a difficult concept to define and operationalize. In the RNR
Program Tool dosage is measured using a number of items including total clinical hours,
duration, intensity, frequency, use of phases of treatment, and length of aftercare.
Although research on dosage is sparse, studies have provided general guidelines for
establishing how much treatment might be required to achieve behavioral change.
Landenberger and Lipsey (2005) in a meta-analysis of cognitive behavioral therapy-based
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programs for offenders found the number of sessions and hours per week, as well as the
total hours of treatment received were positively related to the effectiveness of the
treatment at reducing re-arrest or re-incarceration. Similarly, Bourgon and Armstrong
(2005) found a decrease in recidivism from 1.2% to 1.7% for each week (equating to
about 20 hours) of treatment received after controlling for risk and need.
Restrictiveness. To measure restrictiveness of programs, the RNR Program Tool
looks at any supplemental services or programming offered, use of drug testing, and
addition controls placed on individuals participating in the program (e.g. electronic
monitoring, daily reporting, etc.). Controls on individual behavior can be useful tools for
enhancing the impact of program content and dosage. Criminal justice agents use social
controls to assist in stabilizing, monitoring, and supporting individual clients in their
efforts to change. Placing constraints on the movements and activities of individuals
through the use of electronic monitoring, curfews, or day programs can improve
individual success on supervision (Drake, Aos, & Miller, 2009; Padgett, Bales, &
Blomberg, 2006; Pattavina, Tusinski-Miofsky, & Byrne, 2009).
These six areas—risk, need, responsivity, dosage, implementation, and
restrictiveness—are weighted based on their importance identified in the research
literature on effective correctional interventions, and add up to a total score. Programs
are initially classified into a group based on their target behavior (substance dependence,
criminal thinking, self-improvement and management, interpersonal and social skills, life
skills, and punishment only). Then items are scored relative to their assigned group on
each of the six categories. All final scores reflect the sum of points received in each of the
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scoring areas. This scoring system, similar to that used by the CPC and the CPAI, is
based on an ideal program.
Methods and Analysis
The main research question for this paper is: What is the internal reliability of the
RNR Program Tool’s items and scoring domains? The data used to answer this research
question was obtained from the pilot testing of the RNR Program Tool described above.
Sample
The sample for this study was obtained through the pilot testing of the RNR
Program Tool. Jurisdictions participating in the pilot study include seven agencies from
across the United States. A total of 53 programs (32 adult and 21 juvenile programs)
completed the tool. Programs were offered in a variety of settings: 15 were offered in
criminal justice facilities, one in a criminal justice treatment facility, seven in a noncriminal justice residential facility, 14 in a community corrections agency, 14 in noncriminal justice community agency, and two other types of facilities. The two “other”
programs are offered in a combination of settings. Table 6 provides the descriptive
statistics for the programs that participated in the pilot testing. Early tests of the RNR
Program Tool largely included programs that targeted severe substance use disorders
(group A), while programs included in the testing of later versions of the tool included
more criminal thinking-and punishment-oriented programs (group B and group F
respectively). In early versions of the tool users reported that there were not always
options available that reflected what the program targeted. To better reflect all of the
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classification groups, the tool was adjusted to include more detailed options within these
categories so programs were more likely to find relevant response choices.

Table 6: Descriptive Statistics for Pilot Test Programs
Tool Version

# of Programs

# of Sites

1
2
3
All Versions

16
5
32
53

3
1
4
8

Modal Program
Classification
A
B
F
F

Average Program
Tool Score (std. dev.)
65.72 (13.90)
63.80 (06.95)
54.42 (15.97)
58.72 (15.50)

Measures
The RNR Program Tool is a self-report questionnaire that, at the time of the pilot,
included 43 questions. These questions are a combination of checklists, forced choice,
and open-ended items to gather detailed information on programs. Any items that were
left blank, or items where “other” or “unsure” were selected are given a value of zero for
scoring purposes. Three different versions of the RNR Program Tool were tested during
the pilot. Each of the versions built on the previous one. No questions were removed
from the tool, but some questions were re-structured and additional options were added in
response to users’ feedback. Versions 1 and 2 were completed on paper prior to the
online version going live. Version 3 was the first web-based version and provided easier
access and entry of data. In both the paper and online versions items are coded such that
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questions that went unanswered, or those in which respondents selected “don’t know,”
were given scored as zero.
Table 7 provides a summary of the number of items and total points possible for
each of the scoring domains on the RNR Program Tool. The varying number of items
included in each scoring area reflects the number of questions required to obtain
information about the scoring area. For example, the risk and need scoring areas are more
straight-forward (assess risk and target a specific risk level or assess needs and target
specific needs), while the implementation domain is fairly complex (includes questions
related to staff, program operations, training, communication, evaluation, etc.).

Table 7: Summary of RNR Program Tool Scoring Domains
Domain
Risk Total
Need Total
Responsivity Total
Dosage Total
Implementation Total
Restrictiveness Total
Total Score

# Items Included
in the Domain
2
2
3
6
9
4
26

Maximum
Total Score
15
15
15
20
25
10
100

Average Score on the
Domain (St. Dev.)
9.83 (4.79)
8.68 (5.60)
12.08 (1.94)
9.53 (4.46)
13.32 (3.72)
5.28 (1.78)
58.72 (15.50)

Analysis
Two processes were used to test the internal reliability of the RNR Program Tool.
First, the consistency of the items was tested using correlations and Cronbach’s alpha.
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Then, exploratory factor analysis was used to test the internal reliability of the RNR
Program Tool. The items on the RNR Program Tool reflect the theoretical constructs
outlined in the RNR Model and research on principles of effective interventions, as
described above. It was expected that many of the items could also reflect a program
implementation and overall quality construct. This analysis tested whether items within
each of the tool’s six scoring domains (risk, need, responsivity, dosage, implementation,
and restrictiveness) are internally consistent and reflect the constructs they are designed
to describe. The Risk area includes two items, Needs three items, Responsivity three
items, Implementation area has nine items, Dosage has six items, and
Restrictive/Additional Features has four items. Exploratory factor analysis, and
calculating Cronbach’s alpha were chosen because other tests, such as the split-half
correlation, require there to be a sufficient number of items to divide into scales. The
scales on the RNR Program Tool, with the exception of Implementation, do not include
enough items to use split-half correlations (Norusis, 2008). All items scored as missing
were coded to zero. The research hypothesis was that the items and subscales would have
suitable internal consistency using exploratory factor analysis.
Results
The primary purpose of these analyses was to test the internal reliability of the
RNR Program Tool. To accomplish this Cronbach’s alpha coefficients were calculated
for each of the subscales and for the total RNR Program Tool score. The sections below
present the results of these analyses and discuss some of the limitations of the data.
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Internal Consistency and Reliability
Items on the RNR Program Tool are grouped into scoring domains based on their
theoretical and logical relationships with other items in the group. To test the internal
consistency of the scoring domains and the program tool as a whole, Cronbach’s
Coefficient Alpha were computed. With six subscales, 53 programs provided a sufficient
number of cases to conduct this testing. Inter item correlations for the scoring domains
ranged from .13 to .60 with a mean of .30 (See Table 8). A total of 53 programs were
included in the analysis. Mean subscale scores ranged from 5.28 for Restrictiveness to
13.32 for Implementation. Not all subscales have the same number of items or maximum
score.

Table 8: Summary Item Statistics for RNR Program Tool Total Score
N of
Mean
Min
Max Range Max/Min Variance Items
Item Means
9.79
5.28 13.32
8.04
2.52
7.86
6
Item Variances
16.60
3.17 35.95 32.78
11.35
155.76
6
Inter-Item Covariance
4.69
0.74 15.19 14.46
20.59
17.96
6
Inter-Item Correlations
0.30
0.13
0.60
0.47
4.55
0.02
6

The values for alpha in the scoring domains varied greatly: Risk (α= 0.331), Need
(α = 0.460), Responsivity (α = -0.648), Dosage (α= 0.473), Implementation (α = 0.256)2,

2

Due to the low alpha value, further investigation into this scoring domain occurred. Based on the analysis,
removing three items—program administration type, staff qualifications, and coaching—improves the
alpha reliability of the Implementation domain (α = .430). These three items likely reflect a different
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and Restrictiveness (α = 0.055). The negative alpha for Responsivity is concerning. This
suggests that the measure for Responsivity could have too few items and too few cases in
this sample to accurately reflect the true population covariance of the items. The highest
alpha was obtained for the Total Score (α = 0.703) when all six scoring domains were
included (see Table 9). Overall, the RNR Program Tool has strong internal consistency
based on the value of Cronbach’s alpha for the total score (α = 0.703; standardize α =
0.724). If Responsivity is removed due to its negative alpha value, the alpha remains
unchanged at 0.703 and the standardized alpha improves slightly (α = 0.727) (see Table
10).

Table 9: Item Total Statistics for RNR Program Tool
Mean if
Item
Deleted
Risk Total
48.887
Need Total
50.037
Responsivity Total 46.642
Dosage Total
49.188
Implementation Total 45.396
Restrictiveness Total 53.434

Variance if
Item
Deleted
157.381
123.114
218.917
176.021
169.436
216.097

Corrected
Item-Total
Correlation
0.499
0.611
0.308
0.376
0.588
0.403

Squared
Multiple
Correlation
0.346
0.498
0.151
0.188
0.477
0.226

Cronbach's
Alpha if Item
Deleted
0.641
0.604
0.703
0.684
0.618
0.692

After testing the internal reliability of the RNR Program Tool and its scoring
domains, exploratory factor analysis was conducted. The goal of this analysis was to
determine whether the scored items on the RNR Program Tool reflected a number of
construct from the other items included in the domain. However, this reduced Implementation domain
reduces the reliability of the Total Score (α = .696; standardized α = .720).
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underlying constructs. The items are theoretically linked to each of the six scoring
domains—risk, need, responsivity, dosage, implementation, and restrictiveness—into
which they were grouped based on available literature as discussed in the background
section.

Table 10: Reliability for Items in RNR Program Tool
Reliability Coefficient for all 6 items
Reliability Coefficient for 5 items

Alpha
0.703
0.703

Standardized Item Alpha
0.724
0.727

The first step in the exploratory factor analysis was to generate a correlation
matrix of all of the scored items (see Appendix 2 for full correlation matrix). Twenty-two
(22) of the 26 scored items on the RNR Program Tool were significantly correlated with
at least one other item with an absolute value greater than or equal to 0.30, suggesting
that items are related to one another at least modestly. The items that were not
significantly correlated included supplemental features, community-based, additional
restrictions, and drug testing. These are all items included in the Restrictiveness scoring
domain. To further test whether the assumptions required for conducting exploratory
factor analysis are met, the Kaiser-Meyer-Olkin (KMO) measure of sampling adequacy
was calculated. The KMO equaled 0.433, which is below the acceptable value of 0.6,
suggesting that factor analysis may not be appropriate (Norusis, 2008). Additionally,
factor analysis is not generally appropriate when the ratio of variables to sample size is
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less than five to one. Because of this limitation in the pilot test data for the RNR Program
Tool, exploratory factor analysis using all 26 scored items is not appropriate. An
exception to the inadequacy of the sample for factor analysis is the scoring domains.
These scoring domains are at least moderately correlated in nearly all instances (except
Restrictiveness). These six items do meet the assumptions for factor analysis: KMO=
0.679 and Bartlett’s test of sphericity (χ2 (15) = 66.285, p < .001), and with 6 items and
53 program has an item to sample ratio of 8.8 to 1.
Since these initial pilot test data did not provide sufficient power with only 53
cases for completing a full factor analysis, future research should consider conducting
confirmatory factor analysis using a larger sample of data. More cases are needed to
increase the variability in the sample with the goal of obtaining a sample that will more
accurately reflect the variation in programs in the population. Additional data are
currently being collected, which will likely provide a sufficient number of cases for
testing the internal consistency of the items and scoring domains on the RNR Program
Tool in the future. This is important given that the items within each scoring domain and
the domains together reflect a compilation of the current research on effective programs
and correctional practices. Additionally, the items on the tool and the scoring areas are
correlated with one another, suggesting that these domains are related.
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Table 12: Correlations (Pearson's r) Between Scoring Domains and Total Score
Need

Responsivity Dosage Implementation Restrictiveness Total
Score
Risk
.529** .334*
.232*
.279*
.206
.713**
Need
.183**
.260** .596**
.286**
.824**
Responsivity
.222
.596**
.214
.419*
Dosage
.382**
.260
.609**
Implementation
.441**
.734**
Restrictiveness
.497**
*p<0.05
**p<0.01

Table 12 presents the correlation matrix for the six RNR Program Tool scoring
domains. Nearly all of the scoring domains are significantly correlated with on another,
with the exception of the Restrictiveness scoring area, which is only significantly
correlated with Need and Implementation. Some of these small correlations, especially
those between the Restrictiveness domain and the other scoring domains might suggest
that Restrictiveness reflects a different construct. For example, most of the scoring areas
may be considered measures of program quality, while restrictiveness may reflect
structuring of programs to provide control or sanctions for participants. To further
evaluate the relationships between the scoring areas and the total score exploratory factor
analysis was conducted.
Exploratory factor analysis was conducted using the default settings: no rotation
and selection based on an eigenvalue greater than one. This analysis resulted in one
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component being extracted (eigenvalue=2.565) explaining approximately 43%3 of the
variance. These results suggest that overall the six scoring domains do reflect a single
construct. However, less than half of the variance was explained suggesting that some
important information may be missing. The next lowest component had an eigenvalue of
0.988, which is close to the threshold of 1. Including this second factor increases the
variance explained to approximately 59%. Following a two-component model, the first
component would include Risk, Need, and Implementation. This first component is
consistent with previous research findings that suggest focusing on risk and needs of
individuals while ensuring quality implementation are important pieces of program
success (Andrews & Bonta, 2010). The second component would include Responsivity,
Dosage, and Restrictiveness. These three features would fit with the treatment-matching
model described above that emphasizes matching programs’ dosage and restrictiveness to
risk while also addressing responsivity factors. To further test whether this twocomponent structure for program quality is appropriate, Treatment Matching and
Program Operation domains were calculated by the summing the subscales within each
component and testing the correlation between the two. The two components were only
moderately correlated (r=0.452), suggesting that they are likely separate constructs.

3

Analyses were also run using the reduced Implementation domain. The eigenvalue for the single factor
did not improve with the reduced domain (eigenvalue=2.5610, nor did the explained variance (remained at
around 43%).
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Table 13: Exploratory Factor Analysis Factor Loadings

Risk
Need
Responsivity
Implementation
Dosage
Restrictiveness

One component
1
.629
.616
.739
.777
.348
.444

Two components
1
2
.666
.431
.780
-.092
.464
.724
.768
-.432
.583
-.091
.607
-.274

Table 13 presents the factor loadings for each of the scoring domains for one
component, and two components. Results from the internal consistency tests suggest that
the six scoring domains do reflect a fairly stable measure of programs’ operations as
measured by the RNR Program Tool. Unfortunately, it was not possible to determine the
factor structure of the RNR Program Tool’s 26 scored items given the sample size and
the nature of the data (i.e. no KMO measure of sample adequacy reaching at least 0.6).
There are some limitations to this analysis. As noted, the sample size used here
was quite small. This reduced the variability of responses obtained and the sample might
not be representative of the varied programs offered to justice-involved individuals.
Second, a look at the user-friendliness of the tool suggests that there may be some
concerns about the reliability of the data entered in the early versions of this self-report
tool. Testing user-friendliness using quantitative data from the RNR Program Tool itself
was able to provide only a limited glimpse into the potential problems users experienced
when completing the tool. The assumption here is that users selected other and unsure
because a valid response option was not available, or chose to leave the question blank
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when unsure of which response to use. To test this assumption the frequency with which
users select “other,” “not applicable,” “unsure,” or left the question blank these responses
were recoded and reviewed for any patterns that might be visible. Table 14 provides a
comparison of the average number of times a user left items blank (missing), or selected
not applicable, other, or unsure. As expected the average number of times these items
were selected did vary some across the different versions of the tool. Contrary to
expectations, version 3 (administered online) had a similar average number of items
missing as version 1 (paper administration). One caveat here is that version 3 had more
questions (42 compared to 24 in version 1). Version 3 also included conditional questions
based on responses to the standard 42 items, which further increases the number of items
on the tool.

Table 14: Comparison of Mean Numbers of Responses Across Versions
Tool Version
1
2
3
Total

Missing
Mean (SD)
1.13 (0.89)
0.60 (0.89)
1.09 (1.28)
2.53 (2.67)

Not Applicable
Mean (SD)
50.44 (20.89)
64.20 (14.87)
70.88 (27.21)
69.81 (1.07)

Other
Mean (SD)
2.69 (1.66)
4.80 (2.49)
3.78 (2.55)
3.43 (2.38)

Unsure
Mean (SD)
1.00 (0.73)
0.20 (0.45)
0.72 (1.25)
0.75 (1.07)

Users may have selected “other” for any number of reasons, and when they did
they were asked to describe why. These responses were compiled for each question. In
some cases users selected other, but in their narrative response it was clear that their
answer fit into one of the predefined categories. In these instances the original answer

94

was recoded to reflect one of the available answer options. Doing this changed the
average Program Tool total score. Table 12 presents the differences in subscale and total
scores based on these recoded variables compared to the original. No users selected
“other” for items in the Risk subscale or the Need subscale. In most cases users benefitted
from having “other” recoded, or saw no change in their scores. The largest average
change in the scores was observed in the Responsivity subscale, followed by the Dosage
and then the Implementation subscales.
Table 15 also presents the results of a paired sample t-test conducted on the six
RNR Program Tool scoring domains. The paired sample t-test was conducted to identify
if the mean differences between the subscales in the two conditions (other coded as 0 and
other recoded to relevant response). There were no significant differences between the
two conditions for Risk and Need. There were significant differences between the two
conditions for Responsivity, Implementation, Dosage, Restrictiveness, and the Total
Score. The results of the paired sample t-test suggest, as would be expected, recoding
“other” responses does affect the scores for programs in four of the six scoring domains
and in the total score.

Table 15: Comparison of Scores for Different Scoring of "Other" Responses

Scoring Area
Risk
Need

Average Score
When Other
Coded as 0
(Std. Dev.)
9.83 (4.79)
8.68 (6.00)

Average Score
when Other is
Recoded
(Std. Dev.)
9.83 (4.79)
8.68 (6.00)
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T-test Results
Mean
Difference
(Std.
Dev.)
t
0
-0
--

Scoring Area
Responsivity

Average Score
When Other
Coded as 0
(Std. Dev.)
8.76 (4.58)

Implementation 11.28 (5.75)

Average Score
when Other is
Recoded
(Std. Dev.)
12.07 (1.94)
13.32 (3.73)

Dosage

7.21 (4.53)

9.53 (4.46)

Restrictiveness

5.25 (1.72)

5.28 (1.78)

Total Score

51.01 (21.67)

58.72 (15.50)

T-test Results
Mean
Difference
(Std.
Dev.)
t
-3.31
-6.17*
(3.91)
10.75
13.93*
(5.62)
-2.31
-5.01*
(3.37)
4.72
22.17*
(1.55)
-7.71
-6.29*
(8.92)

*significant at p<.0001

Analysis of the content of respondents’ descriptions of their “other” selections by
pilot site participants was informative. One of the most common responses in the write-in
section for the other selection was some form of “all of the above” or “varies by
individual.” Other responses were associated with various program features being courtordered (common in the drug testing and dosage sections). What this brief review of
these responses highlights, is that self-report instruments can prove challenging to users.
This suggests that some amount of training or preparation might be helpful to bridge the
gap between a research-based classification and assessment tool, and what programs look
like in the field.
Discussion
The purpose of this paper was to present an initial analyses of the internal
consistency of the RNR Program Tool. Results suggest a number of findings that warrant
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further investigation. First, tests of the internal consistency of the tool proved to be
limited. Notably, the small sample size (53 programs in 7 jurisdictions) and lack of
sampling adequacy measured using the KMO measure made it unwise to test the
dimensional structure of the 26 scored items to determine if they reflect the six scoring
domains conceptualized from theory using factor analysis. Exploratory factor analysis
was conducted using the six scoring area totals to identify if these reflect a single
construct of program operations. This analysis did find these six scoring domains to be
associated with a single component. However, this single component only explains 43%
of the variance in the total score. It is possible that conducting factor analysis using the
26 scored items might demonstrate that items theoretically grouped into these scoring
area, might actually be better associated with another area, thus more accurately
reflecting underlying constructs in the data and improving the proportion of the variance
explained by the components. Reattempting this analysis with additional data is
important, because the scores on the RNR Program Tool have strong theoretical and
empirical support independently and as measures of program operations and quality.
The results of this internal reliability analysis are somewhat consistent with
previous studies on the CPAI (see Lowenkamp, 2004 and Nesovic, 2003). This study
used slightly more programs (N=52) compared to Nesovic (2003) who used 20 programs
and Lowenkamp who used 38 programs to test internal consistency. Major differences
between this study of the RNR Program Tool and the studies on the CPAI are the use of
entirely self-report data from programs compared to observations, interviews, and
document reviews in the CPAI studies. A second difference is the variety of programs
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included in this study. Programs included in this pilot study ranged from jail-based
reentry programs to community-based substance use treatment programs. In the studies
on the CPAI, Lowenkamp used only community-based residential programs and Nesovic
used programs specifically focused on recidivism reduction and all were located in secure
facilities.
While this study differed some from previous studies addressing the internal
consistency of a program evaluation tool, the findings are fairly consistent. Specifically,
the alpha values for the RNR Program Tool are similar to those found by Lowenkamp
(2004) for the CPAI. Lowenkamp found a range of alpha values for the various subscales
of the CPAI (Implementation, Pre-Service Assessment, Program Characteristics, Staff
Characteristics, Evaluation, Other, Treatment Score, and Total Score) from 0.10 to 0.74
when all items were included and -0.30 to 0.67 when only those items that were
significantly correlated were included. This is similar to, although the range for the
program tool is slightly larger, the range of alpha values found for the RNR Program
Tool scoring domains (Risk, Need, Responsivity, Dosage, Implementation,
Restrictiveness, and Total Score) from -0.648 to 0.703.
Additional tests of the internal properties of the RNR Program Tool may help
explain the presence of a second construct identified during the exploratory factor
analysis and calculation of Cronbach’s alpha. As suggested above, this two-factor design
may reflect the presence of two interrelated constructs that influence programs namely
individual (treatment-matching) and systems-level (program operations) constructs. The
challenge for programs is to disentangle these two different features of their programs.
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Measuring how well they engage in treatment matching—focusing on connecting
individuals to appropriate programs based on individual risk, needs, and responsivity
factors—and how well their programs operate. The goal of the RNR Program Tool is to
assist programs in self-assessing the degree to which their practices are consistent with
evidence-based practices in each of these areas. Based on these initial tests of the internal
reliability of the RNR Program Tool, it appears that the tool does separate out treatmentmatching features from program operations. Future research will look at the scored items
within each domain and test the degree to which these items, and the constructs identified
in this study predict participant outcomes.
Conclusion
Overall, the results of this study could not fully confirm or fail to confirm the
hypotheses put forth. Cronbach’s alpha values suggest that the RNR Program Tool has
fairly strong internal consistency. However, exploratory factor analysis could not be
conducted on all 26 scored items due to violations of the assumptions of the test. The six
RNR Program Tool scoring domains met the assumptions for exploratory factor analysis,
but the results were disappointing. The six scoring domains explained only about half of
the variance in the total score, suggesting some other unmeasured constructs are
involved. Expectations that the number of missing, unsure, and other selection would
decrease on later versions of the tool due to putting the tool online (simplifying skip
patterns from the user perspective) were also not supported. As suggested above other
factors may be at play in predicting user-friendliness and additional research using focus
groups or user surveys would be beneficial.
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Due to the number of limitations noted above the results of this study should be
viewed as a preliminary look at testing the internal reliability of the RNR Program Tool.
Future research to replicate the methodology used here to test the internal reliability of
the scoring domains and items on the tool using a greater number of programs is
recommended. Additionally, the inclusion of program outcome data, not available from
the pilot tests of the RNR Program Tool can be used to test the predictive validity of the
tool. Finally, future work on this and other web-based survey instruments could benefit
from testing different strategies for presenting questions to users (see Christian, Dillman,
& Smyth, 2007; Smyth, Dillman, & Christian, 2009; Smyth, Dillman, Christian, & Stern,
2006). Research on surveying and survey methodology has noted that the ways in which
questions and response options are presented and formatted can influence how a question
is answered (see Smyth, et al., 2006 on forced choice versus select all questions; see
Christian, et al., 2007 on use of instructions and design in user filled responses). This
type of analysis is beyond the scope of this paper, and might provide some insights into
the limitations noted throughout this study.
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CHAPTER FOUR: ASSESSING THE PREDICTIVE VALIDITY OF THE RNR
PROGRAM TOOL

Abstract
Program implementation and quality are often identified as important components
of program effectiveness. The present study tests a web-based self-report tool designed to
classify and assess programs designed for criminal justice involved populations based on
the degree to which these programs are consistent with evidence-based practices and
principles. Using data from the Multisite Adult Drug Court Evaluation (Rossman,
Roman, Zweig, Rempel, & Lindquist, 2003-2009) the study tested the relationship
between scores on the RNR Program Tool’s six scoring domains, the Total Score, five
drug court domains, and a Drug Treatment Court score. The results of the study using
tests of correlation suggest that the RNR Program Tool and Drug Treatment Court
specific domain scores are related to program outcomes, especially courts’ effect sizes.
However, multilevel models using the RNR Program Tool Total Score and a Drug
Treatment Court Total domain did not show these two program level measures as
significantly impacting the total number of re-arrests 24-months post intake into the drug
court. Implications of the study and the importance of creating accessible self-assessment
tools for criminal justice programs are discussed.
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Assessing Predictive Validity
Assessing programs for their quality is an important step in the evaluation of
programs effectiveness. The RNR Program Tool was designed to assist programs with
quality assurance by engaging in self-assessment. While the tool provides beneficial
insight for programs as to their strengths and areas for improvement, the question
programs always want to answer is: “How do we know the program is effective?” This
requires an assessment of outcomes, but it is also necessary to be aware of program
fidelity to ensure that in the evaluation of outcomes a Type 1 (false assertion of
effectiveness) or Type 2 (false assertion of no effect) error are not made (Salisbury,
20015; Zajac, 2015). The purpose of this paper is to test the degree to which the scores on
the RNR Program Tool, a tool designed to assess program quality and fidelity, are
associated with criminal justice outcomes (i.e. recidivism). To accomplish this, data from
the Multi-site Adult Drug Court Evaluation (MADCE) (Rossman, Roman, Zweig,
Rempel, & Lindquist, 2003-2009) were used. The data from the MADCE study provide
both program and individual-level information allowing for the assessment of program
features, individual level outcomes, and the relationship between the two.
Background
This paper is the second in a three part series designed to test the reliability and
validity of the RNR Program Tool. The tool is a self-report questionnaire that classifies
and assesses programs based on their target behaviors and adherence to evidence-based
practices. Figure 1 depicts the conceptual model for the tool. In this model, program
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effectiveness is influenced by two broad categories of characteristics including
implementation and program features. Implementation features relate to program
operations, staff characteristics, and organizational features that contribute to how the
program operates. Specific program characteristics are also associated with effects on
target behaviors. These include the content of the program, the behavior being targeted,
and the amount of dosage the program provides. Specific program features and
implementation can independently affect outcomes. Program features and
implementation can have a reciprocal relationship with both program features affecting
implementation and implementation affecting program features. Some program
characteristics may improve implementation (e.g. having a clearly defined treatment
model), while other might detract from it (e.g. not having a clear target for the
intervention). Factors associated with implementation can affect program characteristics
in a positive way to improve quality (e.g. having a manual to ensure fidelity to the
specific treatment model), or implementation can detract from quality (e.g. not having
staff trained in the program model they are using).
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Figure 2: Conceptual Model

The model suggests program and implementation factors will have an influence
on outcomes. The goal for the use of the RNR Program Tool is to measure these factors
in such a way that one could predict program outcomes based on the measurement of
each of the components of this conceptual model. Because the RNR Program Tool was
designed using research evidence demonstrating the relationships between various
program and implementation characteristics and program outcomes, it was anticipated
that the tool would have reasonable predictive validity. The general categories of
program features, implementation, operations, and fidelity are broad, and it is unknown
which of these areas contribute to outcomes. It is also generally unknown, although
research is building in some areas, how (or how much) specific program characteristics or
groups of characteristics (e.g., staffing, dosage, restrictiveness, etc.) contribute to specific
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program outcomes (e.g. changes in the target or related behaviors). More clearly
articulating which components of programs are impacting their degree of effectiveness is
a needed step in improving the evaluation of programs (Michie, Abraham, Eccles,
Francis, Hardeman, & Johnston, 2011).
Generally, it is known that correctional programs and interventions can be
effective resources for reducing recidivism. However, studies suggest that for these
outcomes to be realized, programs must possess certain general characteristics (Gendreau
et al., 1999; Smith, Gendreau, & Swartz, 2009). The following sections will describe the
research evidence supporting the use of correctional programs and the research
suggesting the role that specific program and implementation features have in influencing
program outcomes.
Characteristics of Effective Programs
Decades of research have identified a number of practices that are consistently
associated with more and less effective interventions for individuals involved in the
criminal justice system. Higher quality programs have a number of consistent features:
(1) follow the principles of risk-need-responsivity; (2) use content that is theoretically
and empirically linked to changes in behavior (including recidivism); and (3) seek fidelity
and consistency in implementation (Andrews & Bonta, 2010; Andrews & Dowden, 2005;
Andrews, Zinger, et al., 1990a; Bourgon & Armstrong, 2005; Cullen & Gendreau, 2000;
Dowden & Andrews, 2000, 2004; Ferguson, 2002; Gendreau et al., 1999; Goggin &
Gendreau, 2008; MacKenzie, 2006; McGuire, 1999; Ogloff & Davis, 2004; Smith et al.,
2009). Each of these features of program quality will be described below.
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Following RNR Principles
Andrews, Bonta, and Hoge (1990) identified three main principles essential to
reducing criminal offending. The risk principle argues for who should be targeted for
intervention. Generally, supervision and programming resources should focus on higherrisk individuals and the dosage of services should compliment risk level (i.e. increased
dosage for high risk, and limited dosage for lower risk). Identifying what to target is the
focus of the needs principle. Interventions should aim to address criminogenic, rather
than non-criminogenic needs. Top criminogenic needs include antisocial attitudes, values,
beliefs, associates, and behaviors. Secondary criminogenic needs include substance use,
financial difficulties, deficiencies in employment or education, and family or marital
stressors. Finally, the responsivity principle focuses on how these needs should be
targeted. Programs addressing criminogenic needs are most effective when they are based
on cognitive, cognitive-behavioral, or social-learning principles and when they account
for individual learning style, culture, or other special needs (e.g. gender, age,
developmental level, etc.). Studies have demonstrated that programs conforming to none
of the RNR principles can expect to see small increase in recidivism, those that follow
one principle a small reduction, those that follow two a 3.24% point reduction, and those
that follow three, a 6.76% point reduction in recidivism (Andrews & Bonta, 2006;
Andrews & Bonta, 2010).
Program Content
Programs that target criminogenic needs using evidence-based curriculum and
treatment modalities are more likely to yield desired results compared to those that do
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not. For example, Dowden and Andrews (2010) in a meta-analysis of criminal justice
interventions found increased rates of recidivism when noncriminogenic needs were
targeted (e.g. fear of additional punishment), while a reduction in recidivism was visible
for programs targeting criminogenic needs (e.g. negative affect/anger or relapse
prevention). Additionally, Andrews and Bonta (2006) also used meta-analytic techniques
to determine that use of any human services (treatment) oriented programming
demonstrated a 12% point decrease in recidivism compared to participants in a treatment
as usual group.
Specific approaches to treatment have also been found to be more effective than
others at reducing problem behaviors and recidivism. For example, cognitive-behavioralbased interventions are reported in many meta-analyses as effective for reducing
recidivism (Aos, Miller, & Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007; Lipsey,
Landenberger, & Wilson, 2007; Pearson, Lipton, Cleland, & Yee, 2002; Wilson,
Bouffard, & MacKenzie, 2005). Lipsey, Landenberger and Wilson (2007) found a 25%
decrease in recidivism for individuals participating in cognitive behavioral interventions.
Therapeutic communities (TC’s) also demonstrate consistent evidence for their
effectiveness (Aos, Miller, & Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007).
TC’s are associated with reductions in recidivism from 7% to 25% depending on the
target (i.e. hard drugs or any drug use) and dosage (i.e. greater than 90 days or less than
90 days). Other types of programs are generally less effective at reducing recidivism. For
example, meta-analyses on intensive supervised probation (ISP) find only small
reductions in recidivism (Drake, Aos, & Miller, 2009). However, when treatment is
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added to intensive supervision an 18% reduction in recidivism was evident (Drake, Aos,
& Miller, 2009). Likewise, community supervision models that follow the risk-need-and
responsivity principles can produce a 16% reduction in recidivism (Drake, 2013).
Implementation
Program implementation and quality are important, but less often measured,
components when evaluating effectiveness (Cordray & Pion, 2006; Latessa & Holsinger,
1998; Quay, 1977). When implementation and quality are measured, they often are found
to have some influence on the effectiveness of the program (Andrews & Dowden, 2005;
Bourgon, et al., 2010; Lipsey & Landenberger, 2005; Lowenkamp, et al., 2006). The
challenge is to develop consistent definitions and measures for features of
implementation and quality. Magura (2000) defines program quality in substance
dependency treatment as the “degree of excellence.” The author notes that
operationalization of quality is often vague making measurement difficult. Therefore,
Magura suggests researchers evaluating programs should clearly define and report
specific treatment characteristics and their outcomes in order that researchers and
practitioners can gain a better understanding of factors contributing to program
implementation, quality, and successful outcomes. More recently, Michie and her
colleagues have worked to design tools to facilitate defining and reporting those
components of a program that are effective in changing individual behavior (Cane,
O’Connor, & Michie, 2012; Michie, et al., 2011a; Michie et. al., 2011b).
In the model proposed by Michie and her colleagues, effective behavioral health
interventions use empirically supported theory (Michie & Abraham, 2004); improve
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implementation by creating precise, concrete guidelines for program implementation and
measurement of success (Michie, 2004); and in doing these two things make it easier to
determine what is occurring inside the intervention to promote behavior change
(Abraham & Michie, 2008). The RNR Program Tool is designed to assist programs in
identifying features of their programs in greater levels of detail, and to use this
information to connect what programs to evidence-based practices.
Programs are designed to solve problems and change behavior. Correctional
programs seek to reduce behaviors and needs that are associated with criminal activity.
One of the goals of evaluating and assessing programs is to predict how likely positive
outcomes (reduction in symptoms, reduced recidivism, etc.) would be given a program’s
characteristics. The closer the program resembles an ideal evidence-based program, the
more likely it is to achieve its desired outcomes. In the field of corrections a number of
tools have been developed to address program quality and implementation. The most
common are the Correctional Program Assessment Inventory (CPAI, Gendreau &
Andrews, 2001) and the Standardized Program Evaluation Protocol (SPEP, Lipsey, 2008)
for juvenile programs. These instruments have common goals (to evaluate the degree to
which programs align with known effective practices) and include a number of shared
features designed to measure implementation and quality. The CPAI (Gendreau &
Andrews, 1997) includes 65 items spread across six sections including program
implementation, pre-service assessment, program characteristics, staff and program
practice characteristics, evaluation, and a miscellaneous section. The SPEP includes five
sections totaling100 points, and was developed using a comprehensive meta-analysis of
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548 studies (see Lipsey, 2009) of interventions for juvenile offenders. Key areas on the
SPEP include primary service type, supplemental services, treatment amount, treatment
quality, and youth risk level. Both tools provide a mechanism for programs to be assessed
to determine how well the programs adhere to practices associated with effective
interventions. While identifying how well programs reflect evidence-based practices is
important, it is also important to identify to what degree this fidelity to evidence-based
practices contribute to and predict individual outcomes.
Studies using the CPAI and the SPEP have assessed whether these tools have the
ability to predict outcomes. Nesovic (2003) studied the internal and predictive validity of
the CPAI. She found that score between a questionnaire administered CPAI and that
completed from a recorded interview of program administrators were fairly consistent,
and did not significantly differ from one another. Nesovic also modeled a regression
equation using five of the six (the Other section was removed because it could not be
scored) sections of the CPAI as predictors of program effect sizes in a number of metaanalyses, and found that when these sections were included together they accounted for
27% of the variance in effect sizes (R=0.52). Individually, the CPAI sections accounted
for between 2% and 21% of the variance in effect sizes between programs. In
Lowenkamp’s (2004) study, the CPAI was significantly correlated with programs’
treatment effects. The strength of the correlations varied by the method used to calculate
the total score. When all CPAI items were included in the total score the correlation
between the total score and treatment effects was R=0.41. When Lowenkamp calculated
the total score using only the individual items having a significant correlation with
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program outcomes, the strength of the relationship increased to R=0.60. Both Nesovic
and Lowenkamp found that the CPAI is a valid measure, however, the CPAI is limited by
its data collection method, specifically: direct review of program documentation,
interviews with staff, and onsite observations. Additionally, the CPAI requires assessors
be trained in the use of the tool and certified to score programs using the CPAI. These
features can be prohibitive to agencies or programs where resources to purchase the
evaluation services or this level of training do not exist.
Similarly, studies using the SPEP have found programs’ scores on the instrument
were moderately correlated with youths’ recidivism rates after adjusting for risk level
(Lipsey, Howell, Kelly, Chapman, & Carver, 2010). Specifically, programs in Arizona
scoring 50 or more points (out of 100 total available points) demonstrated a recidivism
rate 21% lower compared to average 12-month recidivism rates, while youth participating
in programs scoring less than 50 points had a recidivism reduction of only 2% (Lipsey,
2008b). Lipsey also tested the relationship between recidivism and the SPEP scores using
Pearson’s correlations. The results of these tests suggest a relationship between SPEP
scores and recidivism does exist (R= -0.29, p<0.05 for 12-month recidivism).
Certain limitations of these tools necessitated the development of a new tool to
better meet the needs of programs. For example, the CPAI requires trained evaluators to
go onsite, conduct interviews, and review program documentation. While comprehensive,
this level of researcher involvement can be costly and time consuming. The SPEP can
only be applied to programs that have been the subject of meta-analytic reviews. This
feature severely limits the ability of the tool to look at programs or program components
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that have not been part of a meta-analysis. The RNR Program Tool was developed to help
provide programs with a more broadly applicable and accessible tool for assessing
program target behaviors and quality. Just as the CPAI and the SPEP have engaged in
tests of their internal consistency and predictive validity, the RNR Program Tool is also
subjected to these tests. Paper one presented the initial process of testing of the internal
consistency of the RNR Program Tool using pilot data and found it had sufficient internal
reliability (α = 0.703 for the Program Tool Total Score). This second paper tests the
predictive validity of the RNR Program Tool and its scoring areas using a sample of drug
treatment courts from a federal study.
The RNR Program Tool
The RNR Program Tool was designed with four goals in mind: (1) classify
programs so they can be matched to individuals to facilitate adherence to the Risk-NeedResponsivity principles, (2) determine how well programs currently target risk and
criminogenic needs, (3) assess programs on their use of evidence-based practices, and (4)
provide for an assessment of implementation quality. It includes 43 questions across six
scoring domains. First, programs are classified into one of six program groups based on
their stated target behaviors. Group A programs focus on severe drug use disorders on
substances such as heroin, amphetamines, methamphetamines, and cocaine. Addiction to
these drugs has a clearer link to criminal behavior than use of other substances
(Holloway, Bennett, & Farrington, 2006). Group B programs target criminal thinking
including antisocial attitudes, values, peers, and behaviors. Group C programs target selfimprovement and management behaviors. This includes managing mild to moderate drug
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use disorders, severe alcohol or marijuana use disorders, and mental health symptoms.
Group D targets social and interpersonal skills including family dynamics, conflict
resolution, and problem solving. Group E focuses on life skills including education,
employment, financial management, and accessing social services resources. Finally,
Group F includes supervision, sanctions, or punishment only. After classifying programs,
the tool assesses the degree to which a program reflects the evidence-based ideal for a
program in that program group. Six scoring areas make up the assessment component of
the RNR Program Tool. These scoring areas include risk, need, responsivity, dosage,
implementation, and restrictiveness.
Methods
The main research question in this paper is: do the RNR Program Tool’s items
and subscales predict program outcomes? A second question is: which items are better
predictors of individual outcomes? Specifically, it was expected that some items and
subscales on the RNR Program tool (e.g. following the risk and need principles) are more
strongly correlated with outcomes (i.e. lower average program recidivism rates) and have
larger coefficients in regression analysis; and that higher scores on the RNR Program
Tool overall produce better outcomes. To test these hypotheses data from a federally
funded study is used. Programming data from the Multisite Adult Drug Court Evaluation
(MADCE; Rossman, Roman, Zweig, Rempel, & Lindquist, 2003-2009) is used to test the
predictive validity of the RNR Program Tool. Data from MADCE provided information
to complete the RNR Program Tool using the survey of drug courts conducted by the
authors, and outcome data for each of the participating drug courts.
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Coding the Data
As a first step in the process a code sheet was created for the MADCE data. This
code sheet was used to recode variables in this dataset to resemble those in the database
produced by the online RNR Program Tool. Any missing information was coded first as 99 to provide an idea of how many data points were missing, and was then recoded to
zero for calculating the scoring areas and total score. This is a conservative approach as
these features may have been present in the program, but not recorded in the data.
Sample
The sample used in this study included the 23 drug courts participating in the
Multisite Adult Drug Court Evaluation (Rossman, Roman, Zweig, Rempel, & Lindquist,
2003-2009). These data also included 5 comparison groups to the 23 drug courts. The
presence of comparison groups allowed for the calculation of effect sizes for their
corresponding treatment courts. The 23 courts reflect a sampling of courts from across
the United States. Many of the courts differed from one another in size, population
characteristics, and outcomes. Using drug treatment court data could pose some unique
challenges. First, drug treatment courts are more alike than different on general measures
of program quality due to their similarity in design. They all use treatment teams, have
the participation of a judge, and refer participants to treatment services. Second, there are
features of drug treatment court operations, outside of the scope of this study, that may
impact participant outcomes including the drug treatment court team dynamics, access to
treatment providers, and individual participant perceptions of the drug treatment court
experience.
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Program Tool Scoring
Due to the limited nature of the secondary data, a number of items were found to
be missing during the data coding process. Appendix 3: RNR Program Tool scored item
availability in madce data provides the detail of how items on the RNR Program Tool
were scored using MADCE specific data items. Specifically, the risk scoring area was
missing one variable (targeting risk), the responsivity scoring area was missing one
variable (targeting a specific responsivity factor), the implementation scoring area was
missing most of the items (information on program administration, staff credentials, staff
communication, coaching, and quality assurance measures). The entire dosage and need
scoring areas could be completed with the available drug court survey day. Table 16
presents the domains, the number of items included, the maximum score, and the median
domain score and standard deviation. The table presents the items included and
maximum total score within each scoring area after the items with no available data were
removed. Tests of the CPAI conducted by Nesovic (2003) used a similar process to
handle missing data.

Table 16: Summary of RNR Program Tool Scoring Domains
Domain
Risk Total
Need Total
Responsivity Total
Dosage Total
Implementation Total
Restrictiveness Total
Total

# Items Included
in the Domain
(Reduced)
3 (1)
2000
3 (2)
6000
8 (3)
4000
26 (18)

Maximum Total Score (with
Reduced Items)

Median Score on the
Domain

15 ( 7.5)
15 000
15 ( 7.5)
20 0000
28 ( 7.0)
7 000
100 (64.0)

7.5
5.0
10.0
15.0
7.0
7.0
58.5
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As displayed in Table 164, most drug courts scored high on the available items in
the RNR Program Tool (median score of 58.5 out of 64 or 91%). Yet, as mentioned
above, a number of items were not scored and thus reduced the total number of points a
program could score overall. Three of the scoring domains were reduced by at least half
due to missing data. Programs appear to score low (median score of 58.5 out of a possible
100 points) when all possible items are considered. The reliability (alpha) of the RNR
Program Tool scoring domains for the drug courts is 0.709 suggesting that the tool is a
reliable measure of the constructs in this drug court sample. As seen in earlier analyses
(see Paper 1 in Chapter 3), the value of alpha for the RNR Program Tool could be
improved by removing two of the domains in the drug court data as well. However, the
two domains to remove differ in this analysis. In the first set of analyses using pilot data
collected with the RNR Program Tool, reliability would be improved by removing the
Risk and Restrictiveness Domains, while in this analysis using drug court programs
reliability could be improved by removing the Implementation and Dosage Domains. The
Implementation domain in this analysis is missing a substantial number of items, because
the information was not available in source documents, which might be contributing to
the domains minimal relationship to the reliability of the measure of program quality,
assessed using the RNR Program Tool.

4

See Appendix 4: RNR PRogram tool domain and total scores for 23 madce drug treatment courts for
complete listing of all 23 MADCE Drug Courts and their scores on each of the RNR Program Tool scoring
domains.
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Testing Reliability and Predictive Validity
After coding the data the relationships between the tool’s scoring areas and
various outcomes were investigated. The MADCE data provided multiple measures of
recidivism including general and drug specific re-arrest (both a dichotomous indicator
and a count of total number of arrests for each) at three time points: 6-months postenrollment, 18-months post-enrollment, and 24-months post enrollment. To simplify the
discussion the latest measures of recidivism are reported. The 24-month time frame is
selected because it provides insight into participants’ criminal and drug use behavior after
they have participated in programming for a substantial amount of time and have likely
either successfully completed or failed to complete the drug court program. Correlation
coefficients were calculated for 24-month arrest (number of arrests) and drug arrest
(number of arrests). It is anticipated that scores on each of the six scoring areas and the
overall program score would be correlated with these measures of recidivism. Following
tests of the correlations between the program tool and individual outcomes, additional
tests are run to identify which scoring areas predict these outcomes. In five of the twentythree courts control groups are available in the data. For these five drug courts effect sizes
(standardized mean differences) are calculated.5
After running the initial analyses to test the predictive validity of the RNR
Program Tool as it is currently structured and finding the data lack variability, further
investigation into which features of the drug courts—target population, program
characteristics, and intensity—have an impact on client outcomes was conducted. This
5

Standardized Mean Differences were calculated using Mark W. Lipsey and David B. Wilson’s online
calculator available at http://www.campbellcollaboration.org/resources/effect_size_input.php
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post-hoc investigation was based on the characteristics defined by Longshore et. al.
(2001) and used by Mitchell, Wilson, Eggers, and MacKenzie (2012). This framework
includes five areas: leverage, population severity, program intensity, predictability, and
rehabilitation emphasis. The data available in the MADCE study allowed for the testing
of many of these areas including leverage, program intensity, population severity, and
predictability.
The MADCE study also found a number of court-level features that significantly
predicted reduced drug and crime outcomes 18 months post enrollment including: having
high leverage, predictability of sanctions (medium predictable most influential—they
suggest this is because the sanctions are known, but flexible), routine drug testing (lack of
variance made differentiating between levels impossible), adherence to treatment best
practices (as confirmed above, there is too little variability to test the impact of different
levels of adherence), case management (more than one meeting with a case manager per
week in the first phase was more effective), status hearings (low variability, most had
hearings four times per month), point of entry (courts with a single point of entry-either
pre-or post-plea had better results), use of a multidisciplinary team (this was not directly
related to any client outcomes), positive judicial attributes (measured using observations,
and courts measuring high on this prevented significantly more days of drug use), and
judicial interaction (measured using observations and was not associated with prevention
of crime events or drug use days).
Based on the results above, work by Longshore et al., (2001), and the findings of
the MADCE study, an additional scored section of the RNR Program Tool was tested.
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This section focuses specifically on some of these features of drug treatment courts that
are associated with better participant outcomes. With the data available, and keeping in
mind that the RNR Program Tool is a web-based self-report classification and assessment
tool, the following areas were added: leverage (case management conducted by court
staff, clients regularly participate in drug court hearings, specific consequences for
dropping out, clients are told about the consequences, consequences are put in writing),
predictability of sanctions (there is an official schedule of sanctions, schedule is almost
always followed, and clients are given a copy of the schedule), routine drug testing (drug
testing at least once per week), case management (how often do clients meet with their
case manager), status hearings (how frequently do clients attend status hearings each
month), and point of entry (is the court pre-plea, post-plea, or both). Correlations between
these additional domains were also calculated in preparation for including them in
regression models. Appendices 5 and 6 provide details on the available variables and how
each court scored.
The original design of this study anticipated using multiple regression models to
estimate the degree to which the RNR Program Tool’s scoring domains predict
recidivism; and for the programs with available effect sizes, whether the RNR Program
Tool domains or Total Score predicted these effect sizes. However, a number of
challenges were encountered while preparing the data for the regression analysis. These
challenges are described briefly here, and further detail will be provided in the analysis
section. First, the RNR Program Tool scoring domains are highly correlated with one
another. This presents a problem for regression analysis, as it indicates colinearity is
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present in the model (Chatterjee & Hadi, 2006). Therefore, regression models would only
be useful for the Program Tool Total Score. Second, little variability existed between the
drug courts on most of the RNR Program Tool scoring domains (see Appendix 2 for the
scores for each of the 23 drug courts). Without variability, few comparisons can be made
between the courts. Third, the data had to be analyzed at the program level since the
independent variables of interest are measured at the program level, which produced a
sample size of 23 (and only 5 with effect sizes). This small sample size also limited the
ability to run regression analyses to predict program outcomes using all of the scoring
domains. With the low sample size and lack of variability in the RNR Program Tool
scores for the courts, running standard regression models to predict program outcomes
using the RNR Program Tool would not provide reliable results. Additionally, analyzing
the data at the court level would restrict assessing the relative impact of the courts’ RNR
Program Tool score compared to individual participant level factors to summary statistics
for each court. In order to better account for the impact of individual level factors and
court level factors, multilevel modeling (MLM) is more appropriate (Snijders & Bosker,
1999).
Three models are specified for multilevel analyses: Level-1 (individual model),
Level 2 (drug court model), and a model combining the individual and the drug court
models to account for the effects of Level-2 on Level-1 variables related to the individual
number of re-arrests (Raudenbush & Bryk, 2002). A random coefficients hierarchical
generalized linear model was used because the goal is to test the effects of group-level
variables (Program Tool Total Score and DTC Specific domains). The model was also
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estimated using non-random slopes because it was expected that the relationship between
the number of re-arrests and the individual-level explanatory variable (risk) is fairly
consistent.
The analyses began by generating an intercept only model that will show the
variation in the number of new arrests at 24-months post-enrollment. Finding significant
variation in this intercept-only model provides support for the use of multi-level
modeling (Albright, 2007). Following the estimation of the intercept-only model the
individual and the court level variables were included. The full MLM model provides
coefficients to suggest the degree to which the number of new arrests at 24-month postenrollment is a function of an intercept, the main effects of individual and drug courtlevel variables, and random error.
Analysis and Results
Due to numerous limitations, the analysis plan had to be adapted a number of
times to improve the ability to assess the predictive validity of the RNR Program Tool,
designed for programs more generally, using drug court data. The analysis of the data
included the calculation of the average recidivism rates, number of re-arrests, effect sizes,
correlation coefficients, assessing the appropriateness of the data for regression analysis,
and estimating multilevel models. Each is described below.
Descriptive Statistics
Descriptive statistics for summarizing some of the characteristics of participants
in each of the 23 drug treatment courts participating in the MADCE study and the drug
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treatment courts are provided below (see Table 17). Table 16 provides a picture of drug
court participants in the 23 drug courts included in the sample. All courts have
predominately male participants. However, some courts’ (Courts C, D, F, G, H, I, J, K,
and L) populations are disproportionally, at least 75%, male. Most programs also had
populations that included large proportions of individuals with prior arrests and prior
prison sentences. With few exceptions (Courts J, O, and Q), at least 70% of drug court
participants in each court had a prior arrest. Interestingly, in six drug courts at least 30%
of participants had a prior prison sentence. Taken together, these statistics suggest the
populations in these drug courts are generally at higher risk for failure and recidivism.

Table 17: Descriptive Statistics by Drug Court
Court
A*
B*
C*
D*
E*
F
G
H
I
J
K
L
M
N
O
P
Q
R
S
T
U
V
W

% Male
69.2%
56.0%
79.7%
76.5%
58.1%
84.5%
75.0%
81.0%
78.6%
87.9%
70.1%
83.3%
69.0%
66.7%
74.6%
83.3%
68.4%
61.6%
54.8%
53.5%
72.7%
64.9%
65.0%

% Prior Arrest

% Prior Prison

76.9%
92.0%
94.9%
64.7%
95.3%
84.6%
90.6%
71.4%
90.5%
69.7%
83.5%
95.8%
97.6%
93.3%
50.0%
72.7%
63.2%
87.9%
87.9%
84.1%
94.1%
89.2%
95.0%

7.7%
10.0%
35.7%
5.9%
18.6%
38.5%
6.3%
19.0%
14.3%
9.1%
33.1%
16.7%
11.9%
13.3%
11.7%
5.4%
36.8%
36.4%
15.2%
26.7%
20.6%
13.5%
40.0%
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Offender sample size
Total N
104
50
79
17
86
13
32
21
42
33
127
24
42
15
59
6
19
99
42
101
33
37
20

Court

% Male

% Prior Arrest

% Prior Prison

Offender sample size
Total N
Total
68.0%
84.2%
20.7%
1156
*Original Study also included a control group for these courts. Later analyses will look at the differences
between these treatment courts and the control groups.

After scoring the MADCE program data using the RNR Program Tool, average
recidivism rates for the drug courts were calculated. The MADCE data provided multiple
measures of recidivism including general and drug specific re-arrest (any and number) at
three time points: 6-months post-enrollment, 18-months post-enrollment, and 24-months
post enrollment. To simplify the discussion the latest measures of recidivism are reported.
The 24-month time frame is selected because it provides insight into participants’
criminal behavior after they have participated in programming for a substantial amount of
time and have likely either successfully completed or failed to complete the drug court
program. Overall recidivism rates for the MADCE participants are 53% for 24-month
post enrollment re-arrest, and 22% for 24-month post-enrollment drug re-arrest.6 The
average number of arrest events at 24-months post enrollment is 1.26 (standard deviation
of 1.83) and the average number of drug arrests at 24-months post enrollment is .17
(standard deviation of .539). Table 17 provides a summary of some of these court
characteristics. Additional detail on how programs individually scored on each of the
RNR Program Tool scoring domains can be found in Appendix 4: RNR PRogram tool
domain and total scores for 23 madce drug treatment courts.

6

Rates for the other time points are as follows: 27.7% for six-month re-arrest, 6.0% for six-month drug rearrest, 52.9% for 18-month post-enrollment re-arrest, and 18.0% for 18-month post-enrollment drug rearrest.
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Table 18: RNR Program Tool Scores and Re-arrests by Drug Court
Court

A*
B*
C*
D*
E*
F
G
H
I
J
K
L
M
N
O
P
Q
R
S
T
U
V
W
Total

RNR Program
Tool Total
Score
56.5
56.5
61.5
53.5
61.5
47.0
45.0
52.5
53.5
51.0
61.5
52.0
58.5
49.0
53.5
56.5
61.5
58.5
58.5
58.5
58.5
56.5
58.5
57.3

% 24-month
Re-arrest rate
50%
83%
65%
27%
59%
60%
43%
47%
38%
35%
50%
33%
29%
7%
31%
52%
24%
67%
49%
67%
59%
72%
72%
52%

Average # of
arrests at 241.31
2.97
1.56
.73
1.33
1.20
.67
1.21
.62
.86
.87
.50
.28
.13
.33
.91
.35
2.22
1.20
1.64
1.62
.25
1.83
1.26

% 24-month
Drug Rearrest
24%
50%
29%
0%
44%
30%
13%
37%
3%
17%
21%
13%
12%
0%
8%
9%
0%
34%
7%
17%
19%
25%
39%
22%

Average # of
drug arrests at
24-months
.20
.33
.23
.00
.35
.30
.13
.21
.03
.14
.19
.13
.12
.00
.08
.09
.00
.25
.04
.13
.16
.19
.17
.17

Relationship Between Independent and Dependent Variables
After reviewing the descriptive statistics for the drug courts assessed here,
correlations between the scoring domains and each measure of recidivism were
calculated. Generally, the scoring domains were more strongly correlated with general
arrests as compared to drug arrests. The values for the Pearson correlations between the
RNR Program Tool domains and recidivism measures can be found in Table 19.
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Although significant, these correlations are not particularly robust. The strongest
correlations were found between Dosage and 24-month drug re-arrest (r= 0.452, p<0.01),
Program Tool Total Score 24-month re-arrest (r= 0.441, p<0.01), and Total Score and 24month drug re-arrest (r= 0.405; p<0.01). These correlations provide evidence of a
relationship (albeit small to moderate in most cases) between the RNR Program Tool and
drug court outcomes. Surprisingly, the correlations suggest that as scores on the RNR
Program Tool domains increase, so do the re-arrest rates. This is unexpected given that
courts that are more steadfast in their use of evidence-based practices should have better
outcome (i.e. lower re-arrest rates) compared to those that are less adherent to these
practices. However, when reviewing the data for all of the drug courts in the study (see
Table 18) courts scoring highest (Total Score of 61.5) on the RNR Program Tool have
recidivism rates as low as 24% at 24-months for any arrests (Court Q) and as high as 65%
in Court C. This wide range of recidivism rates within the same Total Score groups
created some challenges for the analysis of predictive validity as evidenced by the
positive correlations.

Table 19: Correlation Between RNR Program Tool Items and Average Re-arrest
within Drug Courts
Domain
24-month
Re-arrest
24-month
Drug Rearrest
# of
Arrests at

Risk

Need

Responsivity

Implementation

Dosage

Restrictiveness

.316**

.324**

.271*

-0.036

.181**

.204**

.441**

.099**

.220**

.261**

-.141**

.452**

0.04

.405**

.288**

.253**

.110**

.013

.032

.190**

.276**
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Total
Score

24-months
# of Drug
Arrests at
24-months

.189**

.245**

.160**

-.065*

.298**

.109**

.347**

** p<0.01
*p<0.05

In addition to testing the relationship between average drug court outcomes and
the RNR Program Tool, this study also tested the relationship between the RNR Program
Tool and drug court effect size for the five drug courts in the data where control groups
were present. Effect sizes reflect the impact of drug treatment court programs compared
to a treatment as usual control group. Table 20 provides the effect sizes and program tool
domain scores for each of the five quasi-experimental study courts. Overall, 12 of the 30
calculated effect sizes for the drug courts were negative, meaning the control group had
lower re-arrest rates compared to the treatment group.7 Average effect sizes across all 5
courts were positive, but very small in magnitude. The standardized mean differences
ranged from 0.0164 for 6-month drug arrest to 0.2247 for 6-month any re-arrest.
Additionally, there is very little variability between the courts on the RNR Program Tool
domain and total scores. For example all five courts scored 7.5 on the Risk Domain, 7 on
the Implementation Domain, and 7 on the Restrictiveness Domain. The lack of variability
in the domain scores proved challenging in attempts to test the relationship between the
scoring domains and court effect sizes.

7

The full dataset provided information to calculate effect sizes for 6-month, 18-month, and 24-month
general and drug re-arrest. Effect sizes for the 6-month and 18-month measures are available upon request.
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Table 20: Effect Sizes and RNR Program Tool Domain Scores for Drug Courts with
Comparison Group
Effect Sizes
ES 24-mo Rearrest
ES 24-mo Drug
Re-arrest
Scoring Domain
Risk
Need
Responsivity
Implementation
Dosage
Restrictiveness
Total Score

Court A

Court B

Court C

Court D

Court E

All Courts

0.5207

0.5768

0.6842

-1.4349

-0.1859

-0.2163

-0.0363

0.3805

-0.9372

0.3704

0.1320

7.5
12.0
8.0
7.0
15.0
7.0
56.5

7.5
12.0
8.0
7.0
15.0
7.0
56.5

7.5
15.0
10.0
7.0
15.0
7.0
61.5

7.5
12.0
8.0
7.0
12.0
7.0
53.5

7.5
15.0
10.0
7.0
15.0
7.0
61.5

7.5
13.7
9.1
7.0
14.9
7.0
59.2

0.1520

As suggested above the lack of variability in scores between the courts placed
limits on the analyses. Table 21 presents the results of the analysis of the correlations
between the scoring domains and effect sizes for arrest outcomes. Unfortunately, due to
the small number of courts with corresponding control groups, there was very little
variability in RNR Program Tool domain and total scores across the courts (see bottom
portion of Table 20 above). Most of the variation in these Drug Court’s scores is found in
the Need and Responsivity domains. This limitation of the data made it impossible to
tests the correlations between three of the six scoring domains. Scores on the Risk,
Implementation, and Restrictiveness domains were identical across the five courts. In the
scoring areas where variability did exist most of the correlations were positive and
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significant, suggesting that increased scores on these RNR Program Tool scoring domain
was associated with increased effect sizes.

Table 21: Relationship between Scoring Domains and Drug Court Effect Sizes
(Standardized Mean Difference)
Domain
24-month Rearrest
24-month
Drug Rearrest

Risk

Need

Responsivity

Implementation

Dosage

Restrictiveness

a

.455**

.455**

a

.530**

a

Total
Score
.540**

a

.877**

.877**

a

.651**

a

.956**

a. due to lack of variability in the domain scores across the 5 drug courts with control groups,
correlations between these scoring domains and drug court effect sizes could not be calculated.
**p<0.01 (2-tailed).

Drug court specific characteristics were also defined. The average leverage score
across all 23 courts is 1.65 (SD=0.818), for predictability of sanctions the average is
0.947 (SD=1.05), for routine drug testing 1.42 (SD=0.183), case management average is
1.09 (SD=0.410), status hearing is 0.50 (SD=0), point of entry 0.423 (SD=0.184), and
average total score for drug treatment court specific total is 5.54 (SD=1.944). These drug
court specific measures have a maximum score of 9. When combined with the scores on
the RNR Program Tool, the MADCE drug courts had an average overall score of 61.32
(SD=4.746) of a possible 73 points using the reduced RNR Program Tool excluding
items where data were not available. Similar to the result using the RNR Program Tool
scoring domains and total score, the drug court specific items are also generally
significantly correlated with the average re-arrest measures used in the MADCE study
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(Table 22). These correlations are more in-line with what would be expected. Higher
scores on these measures of effective drug treatment court practices (i.e. courts that are
more adherent to evidence-based or best practices) are associated with lower re-arrest
rates within the court. Additionally, the drug court specific domains are more strongly
correlated with drug arrest outcomes than they are with any arrest.

Table 22: Correlations Between Drug Court Specific RNR Program Tool Items and
Re-arrest within Drug Courts
Domain
24-month Rearrest
24-month
Drug Rearrest
# of Arrests at
24-months
# of Drug
Arrests at 24months

Leverage

Predictability

-.098**

-.196**

-.482**

Drug
Testing

Case
Management

Status
Hearing

Point of
Entry

Drug Court
Total

-.146**

-.144**

a

-.212**

-.229**

-.185**

-.145**

.019

a

-.487**

-.404**

-.110**

-.244**

-.336**

-.233**

a

-.306**

-.310**

-.420**

-.177**

-.2332**

-.019

a

-.472**

-.384**

a. all courts have the same value for this variable
** p<0.01
*p<0.05

Table 23: Relationship between Drug Court Scoring Domains and Drug Court
Effect Sizes (Standardized Mean Difference)
Domain

Leverage

Predictability

Routine
Drug
Test
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Case
Management

Status
Hearing

Point of
Entry

Drug
Court
Total

24-month
.814**
-0.007
.530**
Re-arrest
24-month
.363**
.343**
.651**
Drug Rearrest
a. all courts have the same value for this variable
* p<0.05 (2-tailed).
**p<0.01 (2-tailed).

.457**

a

.448**

.513**

.623**

a

-.143**

.537**

The correlations between the drug court specific items and the program effect
sizes were nearly all statistically significant. However, these correlations have a wide
range, from negative relationships with the outcome variables to quite large (greater than
.80) positive correlations with outcomes. For example, drug court leverage has a strong
correlation with the re-arrest effect sizes, but a very small relationship with the drug use
effect sizes. Although there is slightly more variability in the drug court specific
outcomes compared to general evidence-based practices measured on the RNR Program
Tool, there are only five drug courts with these comparison groups. This small number of
cases at the drug court level creates some challenges to conducting more detailed
analyses to assess predictive validity.
Predictive Validity (Multilevel Modeling)
To assess the degree to which the RNR Program Tool domains, and the newly
created drug court specific domains predict program outcomes, multilevel regression
models were estimated. As described above, the initial analysis plan involved using
standard regression models to assess the degree to which the RNR Program Tool scoring
domains, the drug treatment court domains, and the total score predicted drug court
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outcomes. However, due to the nested nature of the drug court data a multilevel approach
was needed to account for the similarities of individuals within each court and context
within which the courts operate. This method is also consistent with the methodology
used in the original MADCE study (Rossman et al., 2011). Rossman et al. report finding
more than 26% of the variance in crime outcomes resulting from differences between the
drug treatment court sites, lending additional support for the use of multilevel modeling.
Table 24 presents the results of multilevel models8 used to predict the total
number of arrests at 24-months. The key variables in the models include: RNR Total
Score, Drug Treatment Court Total Score and Criminal Risk. RNR Total Score is the sum
of the values of the Risk, Need, Responsivity, Dosage, Implementation, and
Restrictiveness domains and is measured at the court level (or level 2). Drug Court Total
Score is the sum of the values of the Leverage, Predictability, Drug Testing, Case
Management, and Point of Entry domains and is also measured at the court level (or level
2). Finally, criminal risk is constructed using measures of prior arrest, prior community
supervision, age group, whether a person was under criminal justice control at the time of
drug court entry, early arrest, and prior prison sentence. Criminal risk is measured at the
individual level (or level 1).

Table 24: MLM Results for RNR Program Tool and Total Number 24-month Rearrests
Fixed Effects
Intercept
8

Model 1
1.180

Model 2
-1.173

Models were run using the Mixed Models procedure in SPSS 23.
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Model 3
-1.409

RNR Tool Total Score
Drug Court Total Score
Criminal Risk
Random Effects
Intercepts
Criminal Risk
Residual
Model Fit
-2LL
AIC
BIC
*p=.005

0.0527
-0.053
Model 1
0.391

Model 2
0.347

3.031
Model 1
4075.022
4079.022
4088.879

3.032
Model 2
4079.26
4083.26
4093.12

0.050
-0.109
0.118*
Model 3
0.261
0.003
2.984
Model 3
4068.979
4074.979
4089.756

Model 1 includes only the intercept. Following the process laid out by Albright
and Marinova (2010), this first model suggests that approximately 11% of the variance in
the number of re-arrests at 24-months can be explained by court-level traits.
Unfortunately for this analysis, almost 90% of the variance appears to be due to
individual-level traits, which are not the focus of this research. The second model adds
two court level predictors (RNR Total Score and Drug Treatment Court Total Score).
Adding these court level predictors drop the variance at the court level down to 10.26%.
Additionally, neither the RNR Total Score nor the Drug Treatment Court Total Score are
significant predictors of the number of re-arrests at 24-months. Though not statistically
significant, a one point increase on the Drug Treatment Court Total Score has a
corresponding 0.053 decrease in the number of re-arrests at 24-months. The third and
final model includes the individual level predictor of criminal risk. For each point
increase on criminal risk, the number of re-arrests by 0.118. Controlling for individual
level factors improves the impact of Drug Treatment Court Total Score in the model. For
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each point increase in the Drug Treatment Court Total Score, the number of re-arrests at
24 months decreases by 0.109, compared to 0.053 in model 2.
Discussion and Conclusions
The results of this study generally suggest the RNR Program Tool scoring
domains and total score are related to average program outcomes for these 23 drug
treatment courts. Correlations between the scoring areas and recidivism outcomes were
statistically significant at the .05 and .01 levels. Additionally, 11 of the correlations were
above .3 suggesting moderately strong relationships between the items. However, most of
these correlations were not in the expected direction. The expectation would be that the
RNR Program Tool scoring domains would be negatively correlated with recidivism rates
(i.e. as the scores on the RNR Program Tool go up on the scoring domains, the recidivism
rates would decline), however with the exception of Implementation all of the standard
scoring domains are positively correlated with recidivism. When the drug court effect
sizes are used as the outcome measure of interest, one would again expect to see positive
correlations between the scoring domains and the effect sizes (i.e. programs scoring
higher have higher effect sizes), which is the case here.
Within the drug court data the internal reliability of the tool was also established.
The alpha value for the RNR Program Tool scoring domains was 0.709, suggesting the
tool has internal consistently in the constructs within the drug treatment court sample.
These results indicate that the RNR Program Tool is likely a reliable measure of program
quality for drug treatment courts. However, missing data on important measures of
program quality created some challenges in this study and reduced the ability to make
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clear or strong conclusions about the predictive validity of the RNR Program Tool in this
context.
Since there was little variability on general measures of program quality, specific
measures of drug treatment court quality were analyzed. The results of this analysis using
components identified in past research, suggest that drug treatment court features such as
leverage, predictability of sanctions, drug testing schedule, case management practices,
and having one point of entry are correlated with larger drug court effect sizes.
Additionally, when combined into a single measure of drug court best practices, they are
significantly correlated with drug treatment court effect sizes. Higher scores on these
drug court specific best practices are associated with larger effect sizes.
A number of limitations should be noted. The biggest limitations to this study
were the low sample size and lack of variability between courts for tests of predictive
validity using regression analysis. First, only 23 programs were included in the analysis.
This lower sample size and larger number of variables to include in a model (6 RNR
Program Tool domains plus 5 Drug Treatment Court domains) make regression
coefficients unreliable at the program level. Additionally, because of the limited
variability in RNR Program Tool and Drug Treatment Court domain scores and large
variability in average recidivism rates across the small sample, establishing the ability of
these domains to predict outcomes was challenging. Since this study focused on one
specific type of program, Drug Treatment Courts, it was expected that programs would
operate under a similar philosophy of behavior change. This shared philosophy might
also explain some of the lack of variability in the data. Drug treatment courts were
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generally too homogenous. Including more courts, or other types of problem solving
courts (e.g. Veteran’s Treatment Courts, Mental Health Courts, etc.) in the analysis might
increase the variability of scores in scoring areas such as Implementation and Dosage
given that courts might have different methods for applying the shared philosophy of
problem solving courts.
Second, only 5 programs had data available for a control group. Therefore effect
sizes were only available for 5 of the 23 courts. Again this low sample size made
regression analysis impractical. Within this small group of courts, there was no variability
in three of the six scoring domains precluding any comparisons. Once again, including a
larger sample of drug or other problem solving courts might provide the variability in
scores needed to fully test the relationship between the RNR Program Tool and program
effect sizes, and the degree to which the scores on the RNR Program Tool contribute to
the variability in program effect sizes.
Third, scoring the RNR Program Tool using secondary program data proved
challenging. A number of scored items on the Program Tool could not be completed with
the data available. This led to a reduction in the total points possible within some of the
scoring domains, and also removed theoretically important items (e.g. staff credentials,
information sharing, evaluation, manualization of services, and coaching of staff) related
to program quality and operations from the domains. While other studies of similar tools
did not find missing items to be a concern (see Nesovic, 2003), in this study the items
missing are important based on the theoretical foundation underlying the RNR Program
Tool. For example, without clearly identifying most of the elements of program
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implementation many of the anticipated features expected to vary between programs are
unknown. This reduces the ability of the tool to fully capture this domain, and reduces the
possible variability in implementation scores.
Finally, the unexpected positive correlations between courts’ RNR Program Tool
Scores and individual participant outcomes found in this study may be due to contextual
factors associated with drug treatment courts not expressly measured in the RNR
Program Tool. For example, some of the higher performing courts may receive the most
challenging participants. Therefore, they are already operating at a disadvantage. Also,
this study did not control for the individual practices of drug treatment court team such as
prosecutorial practices or judicial decision making that may affect the likelihood that an
individual in a given drug court would be rearrested for a new low level crime rather than
receiving a less formal sanction through the drug treatment court. These circumstances
made using drug treatment court data to test a general program quality tool challenging.
Overall the limitations of the data severely hampered the testing of the predictive
validity of the RNR Program Tool on drug treatment court outcomes. Correlations testing
the relationship between the RNR Program Tool and average arrest (any and drugspecific) did identify significant relationships between the tool’s domains and program
outcomes. This suggests that the RNR Program Tool domain and total scores are related
to average program outcomes. Again this provides additional evidence, when combined
with the results from other studies of program assessment tools (i.e. CPAI and SPEP) that
program quality does matter. In an attempt to determine how much of the variance in
outcomes could be explained by program quality a multilevel model was estimated using
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the RNR Program Tool Total Score and the Drug Treatment Court Total Score developed
in an effort to account for the drug treatment court specific program elements available in
this dataset. Although only the individual level predictor of criminal risk was significant,
the Drug Treatment Court Total Score’s coefficient in both the court only model (model
2) and the two-level model (model 3) demonstrated that increases in the score on this
domain corresponded with a 0.053 or 0.109 decrease in the number of re-arrests at 24months.
Although this study could not establish the predictive validity of the RNR
Program Tool using the MADCE data, a number of important conclusions can still be
drawn. First, programs (even ones participating in a national evaluation) do not measure
many of the important aspects of program quality or fidelity. For example, more than
half of the items on the Implementation domain of the RNR Program Tool could not be
scored using the available data. These included measures of program operations such as:
information on program administration, staff credentials, staff communication, use of
coaching to improve staff skills, and the presence of quality assurance measures. It is
important for programs to track the qualifications of their staff and continually measure
quality to ensure that the program is operating in a way that will facilitate individual
behavior change and positive program outcomes. This is consistent with the work of
Moncher and Prinz (1991) who suggest programs often do not consistently measure or
track program fidelity, and should.
Previous studies of drug treatment courts, including meta-analyses (e.g. Mitchell,
Wilson, Eggers, & MacKenzie, 2012), have found it difficult to identify enough
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information on specific program details to run moderator analysis for effect sizes. For
example, Mitchell, et al.’s (2012) meta-analysis used the framework developed by
Longshore, et al. (2001) to identify key features of drug treatment court programs that
may serve as moderators to the effect size. This framework includes five areas: leverage,
population severity, program intensity, predictability of sanctions, and rehabilitation
emphasis. The RNR Program Tool was specifically designed to classify and assess a
broad range of programs, not specifically drug treatment courts, but does include a
number of items that fit within each of these areas. When these best practices were
measured, the results are consistent with prior studies on drug treatment courts. Leverage,
predictability, drug testing, and case management were all significantly associated with
drug court re-arrest rates and effect sizes. However, similar to the challenges faced by
Mitchell and colleagues (2012) in their meta-analysis, the data available from the
MADCE study did not provide the needed detail to assess the impact of all of possible
moderators.
One of these moderators for program effectiveness is likely fidelity. Fidelity of
programs, whether they are operating as designed and in accordance with their theory of
behavior change, is infrequently measured in criminal justice research (Miller & Miller,
2015; Salisbury, 2015; Zajac, 2015). As the previous paragraph noted, many of the metaanalyses that demonstrate the effectiveness of drug treatment court participation do not
account for factors unique to each drug treatment court program that could be
differentially influencing outcomes. The research conducted here, using the RNR
Program Tool, sought to assess program quality and fidelity, yet instead it further
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highlights the limited availability of data for this purpose. Although a number of program
elements were measured in the MADCE study included case management meetings,
court appearances, drug tests, and drug treatment measured through interviews with
participants (Rossman et al., 2011), the degree to which each drug courts operated in
accordance with known best practices for drug courts (i.e. The Ten Key Components) or
other practices (e.g. type of treatment provided, use of private or public treatment
providers, and use of graduated sanctions) identified in previous research as predictive of
drug treatment court outcomes was limited (Taxman & Bouffard, 2003; Taxman &
Bouffard, 2005; Harrell, Cavanagh, & Roman, 1998).
Second, to remedy the lack of data available on program implementation and
fidelity, programs need to have accessible methods for identifying and tracking this
information. While additional tests of the reliability and predictive validity of the RNR
Program Tool are necessary, the value of a self-report tool that is demonstrating
reliability in these early tests should not be overlooked. In order for criminal justice
agencies to provide programming and services that will effectively reduce recidivism and
improve the functioning of individuals under their jurisdiction, agencies must be aware of
how well their programs are operating. Not all agencies have the resources to access full
evaluations of each of their programs (including internal and referred services) on a
regular enough basis to identify what impact small changes in a few areas of program
quality might have. Providing access to an online, self-report tool is an important step in
expanding access to information on effective practices to agencies. As more programs
use the tool and additional tests of the predictive validity become available, the ability of
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the RNR Program Tool to assist programs in assessing program quality and relating this
quality back the programs’ outcomes can be further established.
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CHAPTER FIVE: IDENTIFYING AND DESCRIBING PROGRAM TARGETS
AND INTERVENTIONS—A KEY STEP IN MOVING TOWARDS SYSTEMIC
RESPONSIVITY

Abstract
Clearly articulating what behavior change mechanisms are included in programs
targeting criminal justice involved individuals is an important step in moving towards
systemic responsivity (Taxman, 2014). This paper discusses the analysis of data from 472
programs completing the RNR Program Tool and the key features of these programs. The
results suggest some commonalities in programs targeting similar behaviors. Identifying
the primary behavior change approaches, key features of program implementation, and
consistency with known principles of effective interventions within programs targeting
similar behaviors is an important step forward in understanding program operations.
Limitations, recommendations for future additions to the RNR Program Tool, and
connections to broader efforts to create more responsive and efficient systems are
discussed.
Introduction
Identifying and describing behavioral targets and interventions to address these
targets is an important step towards advancing the growing literature on effective
practices in reducing offending. The RNR Program Tool was designed to assist
organizations in classifying and assessing programs with the goals of better matching
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criminal justice-involved clients to services, and improving the quality of the services
provided by increasing the degree to which program theory and operations align with
evidence-based and evidence-informed practices. Essentially this tool helps jurisdictions
achieve all three types of responsivity: general, specific, and systemic (Taxman, 2014).
Building on the empirical evidence for effective programming with criminal
justice clients (Andrews & Dowden, 2005; Lipsey, 2009; Lipsey & Cullen, 2007; Lipsey
& Landenberger, 2005; Lowenkamp, 2004), while also taking a treatment matching
approach supported in substance abuse treatment (Gastfriend & McLellan, 1997; MeeLee et al., 2001; Thornton, Gottheil, Weinstein & Kerachsky, 1998), and emphasizing the
need to clearly target individual criminogenic risk, dynamic needs, and responsivity
factors (Andrews & Bonta, 2010; Andrews, Bonta, & Hoge, 1990; Andrews & Bonta,
2010; Andrews & Dowden, 2006; Andrews, Zinger, et al., 1990a, 1990b; Taxman, 2014)
this tool also helps programs articulate the key behavior change mechanisms in their
programs necessary to evaluate and replicate programs. The purpose of this paper is to
describe how programs have described the behaviors they target, the approaches taken to
change these behaviors, and some key implementation, dosage, and supplemental
features that also affect programs.
Background
Engaging justice involved individuals in treatment and other programming
targeting factors statistically related to criminal offending, is considered an important step
in achieving recidivism reduction (Andrews & Bonta, 2010; Drake, Aos, & Miller, 2008;
Gendreau, 1996; Latessa, Cullen, & Gendreau, 2002; Lipsey, 1992). The Principles of
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Effective Correctional Interventions (Gendreau, 1996) are the basis for many “evidencebased” programs and practices, and numerous jurisdictions seek to operate with these
principles in mind as they seek to match individuals with services to reduce recidivism.
Andrews and Bonta’s (2010) Psychology of Criminal Conduct describes their RNR
Model in detail. Notably they suggest that following the principles of risk, need, and
responsivity, as well as, using human services approaches with an emphasis on
maintaining program integrity will lead to reduced criminal behavior. Much of Andrews
and Bonta’s work draws on research on effective behavioral health interventions outside
of criminal justice settings. Effective behavioral health interventions use empirically
supported theory (Michie & Abraham, 2004); improve implementation by creating
precise, concrete guidelines for program implementation and measurement of success
(Michie, 2004); and doing these two things make it easier to determine what is occurring
inside the intervention to promote behavior change (Abraham & Michie, 2008). The RNR
model helps to identify who should be targeted with services, what behavioral issues
and/or criminogenic needs are important to address, and how other factors (e.g. trauma,
gender, religious tradition, etc.) might impact engagement or success of services
provided. The following sections describe these three principles in detail as they provide
the foundation for describing criminal justice programs using the RNR Program Tool.
RNR Principles
Andrews and Bonta (2010a) describe the risk principle as containing two aspects:
risk to reoffend can be predicted and service intensity should be matched to this risk. The
primary focus for providers should be on high-risk offenders, followed by those
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identified as moderate risk. Low-risk individuals, according to this model, are generally
excluded from any type of intervention. Most importantly, higher risk and lower risk
individuals should have minimal interactions with one another. The risk principle has the
strongest empirical support of the four main RNR principles. For example, Lowenkamp,
Latessa, and Holsinger (2006) found that providing more intensive services to higher risk
individuals could produce an 18% decrease in recidivism. Yet, providing intensive
services to lower risk individuals could, in some cases, increase the likelihood of
recidivism (Andrews & Dowden, 2006).
Andrews, Bonta, and Hoge’s (1990) description of the Need Principle suggests
that criminogenic, rather than non-criminogenic, needs should be targeted by
interventions if recidivism reduction is the goal. These criminogenic needs are dynamic
factors that have been shown to be directly associated with offending. According to
Andrews and Bonta (2010) there are eight criminogenic needs: history of antisocial
behavior, antisocial personality pattern, antisocial cognition, antisocial associates, poor
family or marital circumstances, negative school or work conditions, lack of pro-social
leisure and recreational activities, and substance abuse. The first four associated with
antisocial propensities comprise what they call the “Big Four.” These four criminogenic
needs have the strongest statistical relationship with offending behavior. The remaining
criminogenic needs are called the “Moderate Four,” because they are related to the
likelihood of offending, but not to the same degree as the Big Four. Programming
focused on specific criminogenic needs tends to show more robust effects on reoffending
(Andrews, 2006). Although other scholars have argued in favor of different individual
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characteristics that predict delinquency and adult offending (e.g. Agnew, 1992; Glueck,
1960; Gottfredson & Hirschi, 1990; Hirschi & Gottfredson, 2000), these eight
criminogenic needs highlighted by the RNR Model have the strongest predictive validity
for offending behaviors (Andrews, Bonta, et al., 1990; Andrews & Bonta, 2010).
Additionally, newer research suggests that some needs are more dynamic than others, and
changing needs such as associations with antisocial family members, employment, and
leisure activities can have a beneficial impact on offending and other negative behaviors
such as self-reported drug use (Woodich, Tang, & Taxman, 2014).
In addition to criminogenic needs, non-criminogenic needs are also identified
within the RNR Model (Andrews & Bonta, 2010). Non-criminogenic needs include,
among others, mental health disorders and conditions, self-esteem, intelligence, and
housing. These needs, while important clinically, are not likely to produce changes in
offending behavior if treated. Therefore, less attention should be given to these needs
within the context of interventions designed to reduce recidivism. Services for noncriminogenic needs can be provided to help improve individual well being or increase
motivation to comply with interventions targeting criminogenic needs.
To meet the needs principle interventions should focus more on criminogenic
needs, compared to non-criminogenic needs (Andrews, Bonta, et al., 1990). However,
because criminogenic needs are not the only targets programs can or should address, the
approach used in the RNR Program Tool can be described as a hybrid of these two
approaches. While the RNR Program Tool recognizes that needs showing direct
relationship to recidivism are important targets of correctional interventions, it also
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recognizes that other factors are important contributors to the likelihood of an individual
successfully desisting from crime (Crites & Taxman, 2013). As such, emphasis is placed
on targeting the traditional criminogenic needs defined in the model put forward by
Andrews and Bonta including history of antisocial behavior, antisocial personality
pattern, antisocial cognition, antisocial associates, family or marital circumstances,
school or work conditions, leisure and recreational activities, and substance abuse.
However, traditionally non-criminogenic needs are also recognized to have a much more
prominent role than frequently given by proponents of a pure RNR approach, including
mental health disorders, lack of social skills, interpersonal difficulties, and inadequate life
skills.
Improving buy-in and increasing the likelihood that a program will be successful
in reducing the influence of needs on criminal behavior is addressed in the responsivity
principle. The responsivity principle suggests that programs will be more effective if they
are consistent with an individual’s learning style, use cognitive-behavioral or social
learning techniques (general responsivity), and address characteristics of individual’s
personality that affect motivation or amenability to treatment (specific responsivity)
(Andrews & Bonta, 2010; Andrews, Zinger, et al., 1990a). Taxman (2014) describes a
third type of responsivity, systemic. Systemic responsivity is defined as “having the
appropriate programming in place (at the agency, jurisdiction, or institutional level) to
address the configuration of risk and needs profile of the offender population” (Taxman,
2014, p. 2). This type of responsivity requires sufficient supply and demand for certain
types of programs, and that rates of access and responsivity (general and specific) are
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adequate. One of the goals of the RNR Program Tool, discussed below, is to assist
criminal justice systems in moving towards systemic responsivity. Broadly, the
responsivity principle, as compared to the risk and need principles, is the most difficult to
measure and has the least amount of evidence directly supporting its role in changing
offending behavior.
Previous studies have measured responsivity using a proxy measure--“appropriate
treatment” (Andrews, Zinger, et al., 1990a; Smith et al., 2009; Taxman, & Marlowe,
Douglas, 2006). For example, in Andrews, Zinger, et al, (1990a) the authors used metaanalytic techniques to test the impact of the responsivity principle in correctional
interventions and found that treatment that targets high risk individuals, uses behavioral
techniques, includes specific responsivity factors, and targets criminogenic needs (i.e.
appropriate treatment) was more effective than sanctions or inappropriate programming.
The general responsivity principle, using cognitive-behavioral based interventions, has
gained evidence in support of its effectiveness (Andrews & Bonta, 2010a; Gendreau &
Andrews, 1990). Although effective in theory, difficulty arises when the general
responsivity principle is implemented in the real world. In the criminal justice system few
professionals, especially criminal justice agents (probation/parole officers, correctional
officers, law enforcement, etc.) have the training and skills required to properly provide
cognitive-behavioral services (Bonta et al., 2008; Bourgon, Bonta, Rugge, Scott, &
Yessine, 2010). Systemic responsivity has not yet been studied in-depth. The RNR
Program Tool can be employed to assist criminal justice systems, and local, county, state,
and national agencies in identifying how responsive their systems are based on the
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services available and the risk-need profiles of their populations. A description of how to
model systemic responsivity can be found in (Taxman & Pattavina, 2013). The
importance in capturing how programs target risk, needs, and general and specific
responsivity is a step towards this goal.
Effective Programs to Reduce Recidivism
Meeting the risk, need, and responsivity principles requires criminal justices
agencies to provide or connect individuals with services designed to respond to these
individual characteristics and circumstances. The content of these services identifies one
piece in the equation to define how likely a program is to reduce recidivism. Program
content is determined by the treatment orientation, primary treatment focus, and the use
of rewards and sanctions to reinforce compliance. Programs that target criminogenic
factors, such as antisocial thinking or peers and substance dependence, have been shown
to have larger impacts on reducing recidivism (Andrews & Bonta, 2010), and are
weighted more heavily in the content domain of the RNR Program Tool than programs
that address non-criminogenic factors, such as housing, education, or employment.
Specific program curriculum and modes of treatment have been found to be more
effective than others at reducing problem behaviors and recidivism. For example,
cognitive-behavioral-based interventions that focus on changing criminal thinking
patterns or address substance dependence are especially effective at reducing recidivism
(Aos, Miller, & Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007; Lipsey,
Landenberger, & Wilson, 2007; Pearson, Lipton, Cleland, & Yee, 2002; Wilson,
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Bouffard, & MacKenzie, 2005). Therapeutic communities are also effective (Aos, Miller,
& Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007).
Other programs (i.e. intensive supervised probation without treatment, boot
camps, GED programs) are less effective at reducing recidivism. For example, metaanalyses on intensive supervised probation (ISP) have consistently found only small
reductions in recidivism (Drake, Aos, & Miller, 2009). However, when treatment is
provided in addition to supervision, the effects on recidivism reductions can be increased
to result in an 18% reduction (Drake, Aos, & Miller, 2009). Community supervision that
follows the principles of risk-need-and responsivity was found to produce a 16%
reduction in recidivism (Drake, 2011). Most of the available research focuses on
substance abuse and dependence in criminal justice population. Fewer meta-analyses
have been conducted on programs and treatment modalities targeting the Big Four
criminogenic needs (antisocial attitudes, personality pattern, behavior, and peers). A
summary of the current state of research on the effectiveness of programs, including
recidivism reduction, based on meta-analytic literature can be found in Caudy, Tang,
Ainsworth, Lerch, and Taxman (2013).
Determining whether programs are effective is another piece of the puzzle. In the
field of corrections a number of tools have been developed to address program quality
and implementation. The most common are the Correctional Program Assessment
Inventory (CPAI, Gendreau & Andrews, 2001) and the Standardized Program Evaluation
Protocol (SPEP, Lipsey, 2008) for juvenile programs. A trained evaluator who must visit
the program site completes the CPAI using interviews, observations of program
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activities, document reviews, and systematic observations. Key features of the CPAI
include: program implementation, pre-service assessment, program characteristics, staff
characteristics, program evaluation, and an other group that catches miscellaneous items
not fitting into one of the aforementioned features. The SPEP is a tool designed to assess
how well juvenile justice programs adhere to characteristics of effective programs.
Lipsey generated this tool based on analysis of hundreds of research studies on
interventions designed to reduce juvenile offending. It includes a number of components
including: primary service, supplemental services, service quality, treatment amount, and
risk level. While the SPEP is based on decades of research, most of which includes high
quality experimental and quasi-experimental studies, it can only be effectively used to
assess program for which there is already a substantial base of research evidence.
Gaps in the Literature
Previous research on correctional interventions and programming, and the
research on effective treatment have identified some key features that are important for
programs to be effective in any field. While a number of strides have been made in
assessing correctional programs using instruments like the CPAI and the SPEP, there are
still gaps in research and application. Specifically, there are gaps in how criminal justice
programs document the internal workings of interventions. Again, Michie (2004)
suggests that programs need to precisely define what their program is intending to do,
generate concrete guidelines for program implementation, and specify measures of
success. This requires determining the key features necessary in programs operating in
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the “real world” to have an impact on individual well-being and reduce factors associated
with recidivism. In advancing the theory of effective interventions in such a way,
advancements in practice can also be made.
It is one thing to know what practices are likely to have an impact on specific
behaviors or groups of behaviors; it is another to make sure those practices are being
used. This is particularly true in complex interventions (Craig, Dieppe, Macintyre,
Michie, Nazareth, & Petticrew, 2008). The effective practices described above are often
part of larger programs (e.g. probation supervision, halfway-house, or problem-solving
courts). Identifying which specific practices, interventions, or services are expected to
have an impact on behavior, and whether the supply is great enough to meet the demand
is a gap in the literature on effective practices in criminal justice systems. Although the
criminal justice treatment field has struggled to disentangle interventions from their
contexts (outside of the general setting in which the intervention occurs) in a systematic
way, the medical and behavioral health fields have been working to develop frameworks
to close this gap in their fields for a number of years. Drawing on this work, and using
tools to facilitate clearer descriptions of behavior change mechanism, is an important step
towards closing this gap in how programs are understood and described in the criminal
justice system.
Identifying and Documenting Behavior Change Mechanisms
Over the last decade groups of scholars and practitioners in the medical and
behavioral health fields have been working to improve the way program developers,
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implementers, and evaluators describe and document the behavior change mechanisms
used and their impacts on key behavioral outcomes (see Hoffman, Glasxiou, Boutron, et.
al., 2014; Michie, van Stralen, & West, 2011). Groups such as the EQUATOR
(Enhancing the QUAlity and Transparency Of health Research) Network, Medical
Research Council (MRC), National Institute for Health and Clinical Practice (NICE), and
Cochrane Effective Practice and Organisation of Care Group (EPOC) have developed
and tested taxonomies, tools, and protocols to encourage the detailed reporting of nonpharmaceutical clinical trials and behavioral research protocols. The three primary
models used are the MRC evaluation framework, CONSORT, and the Behavior Change
Wheel.
Medical Research Council’s evaluation framework was developed in 2000 and
updated in 2008 (Campbell et al., 2000; Craig et al., 2008). This framework speaks
specifically to complex interventions, defined by Craig and colleagues (2008) as
“interventions with several interacting components” (p. 2). MRC’s initial model was
linear beginning with a preclinical (theory-driven) step followed by four phases
(modeling, exploratory trial, definitive randomized controlled trial, and long term
implementation) based largely on the process for developing and testing pharmaceuticals
in the medical field (see Campbell et al., 2000). Campbell and others (2000) suggest the
use of a phased-based process to improve the documentation of development, study, and
replication of complex interventions. Later revisions of this framework shifted the focus
to include a structured process for the development of interventions, while recognizing
that a number of outside factors (e.g. politics, feasibility, timing) affect both the selection,
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implementation, and evaluation of behavioral interventions (Craig et al., 2008). Similar to
the MRC framework, the Consolidated Standards for Reporting Trials (CONSORT)
(Moher, Schulz, & Altman, 2001) seeks to promote consistency in reporting of clinical
studies to ensure all possible sources of bias are documented (Davidson et al., 2003). The
majority of the 22 items on the CONSORT address features of randomized clinical trials
(e.g. sample selection, whether it was a single or double-blind procedure, participant flow
through each stage, sample size and attrition, primary and secondary outcomes, etc.).
Although the focus of the CONSORT and the MRC criteria are largely around
development and study of new interventions, the emphasis they place upon explicitly
detailing the components of the interventions, no matter how complex, is an important
point for any discipline providing direct client services.
A third reporting framework developed by Susan Michie and colleagues (Michie
et al., 2013, 2009; Michie, Stralen, & West, 2011) is the Behavior Change Wheel. The
goal was to provide a comprehensive, coherent, and connected framework for describing
and developing behavior change programs (Michie et al., 2011). Michie and colleagues
(2011) Behavior Change Wheel begins with the COM-B model to describe how
behaviors occur. Behavior, according to this model, is the result of capability, motivation,
and opportunity. Motivation is directly affected by capability and opportunity, and all
three interact to create behavior and are then affected by behavior. In developing and
evaluating interventions the goal would be to describe the intervention in terms of which
piece(s) of the COM-B model are targeted and how this will affect behavior. Surrounding
the COM-B are intervention functions and policy categories that will impact these
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sources of behavior. Intervention functions include: restrictions, education, persuasion,
incentivization, coercion, training, enablement, modeling, and environmental structuring.
Policy categories include: fiscal measures, guidelines, environmental/social planning,
communication marketing, legislation, service provision, and regulation. Policy
categories affect the choices in intervention functions, which affect the sources behavior.
This model helps to articulate how behavior change is impacted by activities at a number
of levels. The authors argue that using this method for describing interventions “has the
benefits of having been derived from classifications already available and therefore
covering concepts that have previously been considered to be important, and using an
overarching model of behaviour to link interventions to potential behavioural targets”
(Michie et al., 2011, p. 7).
The protocols and reporting requirements discussed above provide a structure for
researchers submitting their evaluations for publication and for intervention developers.
They focus specifically on how these classification systems and reporting tools can be
used by program developers and researchers who have extensive training and education
in their respective fields to create, implement, and evaluate behavior change programs.
What these tools do not do is provide a feedback mechanism for program staff, directors,
managers, or funders to obtain a quick snapshot of the key target populations, target
behaviors, programming components, dosage, and implementation features of a given
program and how these practices connect to the larger body of research.
Generating more descriptive reporting of program components will increase the
systems capacity to continue to develop an evidence base of effective interventions
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(Michie, Abraham, Eccles, Francis, Hardeman, & Johnston, 2011). Knowing what
programs are available, or not available, to meet various risk-need profiles is also a key
step in achieving systemic responsivity. This is one of the primary goals of the RNR
Program Tool and the larger RNR Simulation Tool, within which the RNR Program Tool
is housed.
The RNR Program Tool
A detailed discussion of the theory behind the RNR Program Tool and its
development is available in Crites and Taxman (2013) and in the first paper in this
dissertation. A brief discussion of the goals and key features of the tool is provided here
to give context for the discussion. The four main goals of the RNR Program Tool are to:
(1) classify programs so they can be matched to the risk and needs of individuals, (2)
determine how well programs currently target risk and criminogenic needs, (3) assess
programs on their use of evidence-based practices, and (4) provide an assessment of
implementation quality. Goal one is accomplished through classification of programs
based on the primary target behavior the program is designed to change. Six categories of
programs are identified: dependence on “hard” or “criminogenic” drugs, criminal
thinking/cognitive restructuring, self-improvement and self-management, social and
interpersonal skills, life skills, and punishment. Classifying programs based on their
target behaviors provides a baseline for potential recidivism reduction the program could
achieve based on previous research around each need. For example, research has
demonstrated that programs designed to reduce hard drug use can reduce drug use and
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recidivism (Holloway, Bennett, & Farrington, 2006; Prendergast, Huang, & Hser, 2008).
Programs that directly target antisocial values and criminal thinking also show substantial
reductions in recidivism (Aos, Miller, & Drake, 2006; Bouffard & MacKenzie, 2005;
Lipsey, Landenberger, & Wilson, 2007; Mitchell & MacKenzie, 2007; Pearson, Lipton,
Cleland, & Yee, 2002).
Goals two through four are addressed within the tool’s scoring domains. Scoring
domains include: Risk, Need, Responsivity, Dosage, Implementation, and
Restrictiveness. Extensive research has demonstrated the value of adhering to the risk and
need principles (Andrews, 2006; Andrews & Bonta, 2010; Andrews, Bonta, & Hoge,
1990; Lowenkamp, Latessa, and Holsinger, 2006). Less, but important research has
identified the importance of following the general responsivity (i.e. using cognitivebehavioral-based interventions) (Andrews & Bonta, 2010a; Gendreau & Andrews, 1990).
Program dosage varies by risk and also by target behavior. Studies have identified
approximate amounts of dosage required to address target behaviors associated with
criminal behavior (Bourgon & Armstrong, 2005), and more recent work has begun to
look at dosage from a more nuanced perspective (Sperber, Latessa, & Markarios, 2013;
Sperber, 2015).
A well-designed program, targeting the right behaviors with the right techniques,
can also fail to have its intended effects as a result of poor implementation (Durlak &
DuPre, 2008). Finally, adding controls to the program content can improve outcomes.
Controls are useful tools for enhancing the impact of programs’ content and dosage.
Criminal justice agents use social controls to assist in stabilizing, monitoring, and
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supporting offenders in their efforts to change negative behaviors. These can be used for
both punitive and therapeutic purposes. Constraining the movement of individuals
through the use of electronic monitoring, curfews, or day programs can improve success
on supervision (Drake, Aos, & Miller, 2009; Padgett, Bales, & Blomberg, 2006;
Pattavina, Tusinski-Miofsky, & Byrne, 2009). Combined, these domains (Risk, Need,
Responsivity, Dosage, Implementation, and Restrictiveness) make up the total score on
the RNR Program Tool providing a summary measure of what behavior a program is
targeting, whether the program is adhering to the Risk-Need-Responsivity model, and
whether program operations are consistent with best and evidence-based practices (i.e.
appropriate dosage and quality of implementation).
Many of the goals of the RNR Program Tool can be met using formal program
evaluations, yet these are rarely conducted. It is often costly and time consuming to
conduct evaluations, leaving many programs to operate without having the opportunity to
assess program quality except through client satisfaction surveys and cursory reviews of
client success. Additionally, even when formal evaluations are conducted, the details of
the program theory, implementation, and operations are infrequently detailed in
publically available reports. This is not unique to programs serving justice-involved
individuals. It is also a recognized concern in studies conducted on medical and
behavioral health interventions (Gainforth, West, & Michie, 2015; Michie, Fixsen,
Crimshaw, & Eccles, 2009).
Current Study
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The current study presents the third and final paper in this series, and focuses on a
larger dataset using the fourth version of the RNR Program Tool. In the first paper in this
series, the development of the RNR Program Tool was detailed and the internal
consistency of the tool was established using data from initial pilot tests. The goal of the
second paper was to test the predictive validity of the tool using data from the Multisite
Adult Drug Court Evaluation (Rossman, Roman, Zweig, Rempel, & Lindquist, 20032009). While the study found correlations between the tool scoring domains and client
outcomes, it could not determine the predictive strength of the domains due to limited
variability in the data for each of the RNR Program Tool items and scoring domains.
The goals of this third paper are to: use data from a larger sample of programs
(n=472) completing the Program Tool discuss consistencies, inconsistencies, and
important features within and between programs based on the specific behaviors they are
targeting for change, and to place the RNR Program Tool within the larger context of an
interdisciplinary movement towards better describing behavior change interventions.
These data provide a unique look at the target populations, target behaviors,
programming and treatment elements, and operational characteristics of programs serving
criminal justice-involved individuals. This is one of, if not, the largest collections of data
on unique programs targeting criminal justice involved population. In order to move
towards a more responsive criminal justice system, it is important to be able to identify
the types of programs, services, and interventions available, and to describe common
features of these programs designed to address specific target behaviors. Like Michie et
al.’s (2011) Behavior Change Wheel, the RNR Program Tool assists developers,
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researchers, and implementers using a common language to describe what behaviors are
targeted, how they are being targeted, and the contextual factors that affect
implementation.
Characteristics of Programs
This section provides descriptive information and comparisons between programs
completing the RNR Program Tool. When a program completes the RNR Program Tool
it is classified into a Program Group. Programs are then scored on each of the six scoring
domains relative to their program group. The data used for this analysis comes from the
full set of programs completing the online versions of the RNR Program Tool. Because
the tool is still active, the number of programs completing the tool continues to grow.
Therefore, the 472 programs discussed here represent the entire database as of July 2015.
As will be described below, these data provide information on programs, services, and
interventions provided to individuals involved in the criminal justice system (although
not exclusively), targeting various behaviors using a wide variety of interventions. This
large dataset provides a unique opportunity to look at programs in greater depth and
identify similarities and differences in programs targeting the same behaviors.
This study is descriptive in nature. The goal is to present information on programs
currently operating throughout the country. First, descriptive statistics (frequencies,
means, standard deviations) will be provided for areas of the RNR Program Tool
including: target populations and target behaviors, program elements, dosage,
implementation, and domain scores. Second, some parametric and nonparametric tests
are used to describe variation between different program groups and these scoring areas.
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Target Population and Target Behaviors
Programs included in this sample target a number of different populations within
the larger criminal justice-involved population. The RNR Program Tool classified
programs into groups based on the primary target behavior:
Group A: severe substance use and/or dependence, especially on cocaine, heroin,
methamphetamines, amphetamines, and opiates (22.7% of the sample).
Group B: criminal or antisocial thinking (13.6% of the sample).
Group C: self-improvement and management (e.g. abuse of alcohol and
marijuana, and mental health disorders) (29.2% of the sample).
Group D: social and interpersonal skills (e.g. family issues, relationships, conflict
resolution, etc) (10.6% of the sample).
Group E: life skills (e.g. education, employment, vocational, housing, etc) (12.5%
of the sample).
Group F: punishment or supervision only (11.4% of the sample).
The majority of programs (see Table 25) target individuals with substance use disorders
(n=299; 63.3%). Consistent with the needs of the criminal justice population, it is not
surprising that almost two-thirds of programs target individuals with substance use
disorders of varying degrees. Nearly half of all programs target general offenders (n=234;
49.6%). Programs also often target more than one population. Seventy-five percent (75%)
of programs serve 7 or fewer different populations. One program served up to 18
different populations. Most programs serve between one and four different populations.
In this sample of programs, the average number of populations targeted was five. What
this suggests is that most programs focus their efforts on specific populations, rather than
attempting to tailor services to too many different populations. Although having
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programs that serve a variety of populations is a benefit at the system level, at the
individual program level, it would be challenging for any one program to adequately
meet the unique needs of many different populations.

Table 25: Target Population (N=472)
Population
Frequency
General offenders
234
Individuals with substance use disorders
299
Individuals with mental illness (any type)
148
Habitual/Repeat offenders
188
Sex offenders
74
Domestic violence offenders
122
DUI/DWI offenders
167
Women
157
Men
280
Individuals 18-30 years old
130
Juveniles/Adolescents
42
Violent offenders
136
Returning from prison
93
Jail
68
Transgender
40
LGBQ
56
Trauma
74
Other
139
Average number of populations per program
5

Percent
49.6%
63.3%
31.4%
39.8%
15.7%
25.8%
35.4%
33.3%
59.3%
26.6%
8.9%
28.8%
19.7%
14.4%
8.5%
11.9%
15.7%
29.4%
--

In addition to identifying a target population, identifying the target behavior the
program is designed to change is essential. The RNR Program Tool requires programs to
identify the primary group of behaviors addressed. These include substance use, criminal
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or anti-social thinking, self-improvement and management, social and interpersonal
skills, life skills, or punishment. Table 26 provides a breakdown of the primary target
behaviors identified by programs. Approximately 36% of programs target substance use,
12.7% target criminal or antisocial thinking, 13.7% self-improvement and management,
11.9% target life skills, and less than 10% of programs focus on social or interpersonal
skills. Programs focusing on punishment represent less than 1% of the sample. Forty-five
programs selected ‘other’ and 89 programs provided narrative information on other
primary target behaviors addressed by the program. Review of the narrative responses
describing other targets demonstrate that many of these would fit within some of these
broader categories. Ten of the 89 responses address co-occurring substance use and
mental health disorders and 47 focus on recidivism/criminal activity reduction.
Recidivism reduction is a broad behavior to target. It is now commonly thought that
recidivism reduction occurs as a result of reduction in various needs and other problem
behaviors. Seven programs reported other targets that would be classified as life skills
(e.g. education, employment, vocational training, parenting). Additional target behaviors
included homelessness (n=2), moral development/morality (n=4), and offense specific
(sex and domestic violence-related behaviors; n=4).

Table 26: Primary Target Behavior Identified
Program Target
Substance Use (Group A)
Criminal Thinking (Group B)
Self-Improvement and Management (Group C)
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Frequency
167
59
64

Percent
35.8%
12.7%
13.7%

Program Target
Frequency
Percent
Social and Interpersonal Skills (Group D)
45
9.7%
Life Skills (Group E)
56
11.9%
1
Reentry Case Management
27
5.8%
Punishment Only (Group F)
3
0.6%
Other
45
9.7%
Total (6 missing)
466
100%
1
This category was added later and is not included in the original 5 program
classification groups

Programs were also asked to specify any additional target behaviors (see Table
27). Since the item on the RNR Program Tool identifying secondary targets is not
mutually exclusive, programs could select multiple secondary targets. The average
number of secondary targets reported by programs is 2, with as few as 0 and as many as
5. The most common secondary targets were social and interpersonal skills (n=251), selfimprovement and management (n=241), life skills (n=221), and criminal or anti-social
thinking (n=189). Fewer programs target substance dependence or punishment as
secondary targets (n=69 and n=19, respectively). It was expected that secondary targets
would vary by program group. Interestingly, some programs selected their primary target
again as a secondary target. One possible explanation for this anomaly is that program
administrators are not always able to separate primary from secondary target behaviors.
Social and interpersonal skills were most often reported as a secondary target in programs
classified under Program Group C (Self-improvement and management). This makes
intuitive sense, given that individuals treated for substance use and/or mental disorders
would also need services to address family dysfunction, relationships, and conflict
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resolution. Relatively few programs in any group included punishment as a secondary
target. The inclusion of sanctions for program misconduct or positive drug tests is
captured in another area of the RNR Program Tool.

Table 27: Number of Programs with Secondary Targets by Program Group
Secondary Targets

A

B

C

D

E

F

Substance Dependence

2

15

26

6

2

18

Criminal Thinking
Self-Improvement and
Management
Social and
Interpersonal Skills

72

3

72

17

11

20

83

45

57

20

20

15

77

38

89

4

24

19

Life Skills

68

29

73

27

1

23

Punishment Only

10

1

5

2

1

0

107

64

138

50

59

54

Total Programs

Since most programs focus on specific populations, and specific behaviors,
screening processes are necessary to ensure that program participants are a good fit.
Under half of all programs (n=199; 42.5%) use a target behavior specific assessment to
determine whether individuals are eligible. Just over 40% use a general risk and needs
assessment instrument. Approximately one-fourth of programs use both a target-specific
assessment and a general risk and need assessment. On average, programs use between
two and three different methods for identifying participant eligibility; and approximately
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75% of programs use 3 or fewer eligibility screening mechanisms. Also commonly used
are offense (28.6%), professional judgment (34.7%), court order (29.7%), and legal status
(32.6%). A consequential number of programs (n=135, 28.6%) selected “other” to
describe their eligibility screening process. The highest frequency (n=33) of “other” was
reported for Self-Improvement and Management programs, and nearly half (n=28 of 59)
of programs targeting Life Skills also selected “other.” Most of the responses listed by
programs under the “other” category are more specific descriptions of target-specific
assessments (e.g. ASI, CAGE, LOCUS), risk assessment instrument (e.g. CAIS), or
clinical/professional judgment (i.e. referral from another agency or individual).

Table 28: Eligibility Screening Processes (N=472)
Screening Type
Target-specific assessment criteria
General risk and need assessments
Current or past offense
Legal status
Clinical or professional judgment
Program accepts all who volunteer
No eligibility criteria used
Court mandates participation
Other
Average number of eligibility screening mechanisms per
program

Frequency
199
193
135
154
164
31
35
140
135
2.37

Percent
42.2%
40.9%
28.6%
32.6%
34.7%
6.6%
7.4%
29.7%
28.6%
--

Exclusion criteria are also an important piece to the eligibility decision. On
average, programs have one criterion that would exclude an individual from their
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program. The most common criteria include serious mental illness (30.5%), being female
(26.7%), and “other” (21.4%). Using gender as an exclusion criterion is likely due to the
settings in which many of these programs occur. Programs located within correctional
facilities (secure jails, prisons, or transition centers) may serve only one gender. Other
community-based programs may choose to serve one gender group or another as a way to
address the unique responsivity issues and lifestyle needs of each gender. Other
exclusion criteria included: age, arson offenses, behavioral instability or highly
disruptive, client refusal, inability to participate in group settings, ineligible for social
services/benefits, intellectual or cognitive impairments, previous program participation or
failure, and time remaining on sentence.

Table 29: Exclusion Criteria
Exclusion Criteria
Frequency
Serious mental illness
144
Any mental illness
6
Sex offense
78
Violent offense
32
Drug offense
2
History of substance dependence
4
Women
126
Men
36
Youthful offenders
23
Habitual offenders
3
Don’t know
39
Other
101
Average number of exclusion criteria per program
1.78
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Percent
30.5%
1.3%
16.5%
6.8%
0.4%
0.8%
26.7%
7.6%
4.9%
0.6%
8.3%
21.4%
--

Programs often have limited resources and use their inclusion and exclusion
criteria to ensure that those individuals who participate in the programs are the ones most
likely to benefit from the services offered. Additionally, programs seek to improve the
effectiveness of their programs by excluding individuals who may be disruptive,
uncooperative, or incapable of participating. A final consideration for program eligibility
should be risk for reoffending. Table 30 presents the number of programs within each
program reporting which risk levels, if any, they consider. As described above, research
has demonstrated that targeting higher risk individuals will yield larger reductions in
recidivism, and individuals who are low risk should not be included in the same
programming as individuals who are risk. The majority of programs address risk in some
way in their program. Only 146, or 30%, of the 472 programs do not consider risk, and
172 (primarily in programs targeting substance use and/or mental health disorders—
Groups A and C) do not restrict program participation due to risk level.

Table 30: Consideration of Risk by Program Group

Not Considered (n=146)
All Risk Levels (n=172)
High Risk (n=98)
Moderate Risk (n=89)
Low Risk (n=22)
Based on Offense (n=43)
Other (n=16)
Total Programs

A
29
48
23
22
6
6
3
107

B
10
23
21
13
2
4
2
64

177

C
39
51
37
39
8
22
6
138

D
23
19
1
1
0
6
1
50

E
23
25
3
5
4
5
4
59

F
22
6
13
9
2
0
0
54

The average number of populations served, number of eligibility screening
mechanisms, and number of exclusion criteria are fairly consistent across all program
classification groups. Only program Group F has a mean number of different populations
targeted that differs significantly from the other 5 groups. The mean number of
populations targeted by punishment only programs is much lower compared to the other
5 groups. This isn’t surprising given punishment only programs are not focused on a
specific population of individuals, but instead “treat” all individuals who committed an
offense.
Program Elements
One of the specific goals of the RNR Program Tool, in addition to classifying
programs into groups, is to help programs identify the primary and additional treatment
approaches used to address target and secondary target behaviors. The options from
which programs can select are grouped based on the Program Group into which the
program is classified. Of the 163 programs targeting severe substance use (Group A),
nearly 40% use a therapeutic community model, just over 20% follow a cognitive
behavioral treatment based approach, 11% are residential treatment, and 1.8% are
problem solving or specialized treatment courts. These approaches to addressing
substance use are intensive requiring frequent interactions with treatment providers and
regular participation in treatment groups. This is consistent with severity of the substance
use addressed in this program group. Comparatively, programs targeting selfimprovement and management (Group C) targets, including more mild or moderate drug
use, uses predominately cognitive-behavioral theory based interventions (31.5%),
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individual counseling (14.8%), and group counseling (13%). Again, these primary
approaches are consistent with the program group. The use of CBT-based interventions is
considered an evidence-based practice across a number of target behaviors (Aos, Miller,
& Drake, 2006a; Mitchell, Wilson, & MacKenzie, 2007; Lipsey, Landenberger, &
Wilson, 2007; Pearson, Lipton, Cleland, & Yee, 2002; Wilson, Bouffard, & MacKenzie,
2005), and the specific focus and intensity can vary to meet the needs of the participants.
Programs targeting criminal thinking also used CBT-based approaches. Over 80%
of the 64 criminal thinking programs use CBT-based criminal thinking curricula. The
most common approach used by 56% of programs to address social and interpersonal
behaviors was domestic violence education and awareness. An additional category that
was added in the later version of the RNR Program Tool was included to provide an
option specifically for Reentry Programs. These programs target a variety of behaviors
and most in this sample use client-centered case management (38.7%) and address basic
needs (25.8%). Regardless of the primary target behavior of a program, there are
numerous options from which to choose. Most programs in this sample use CBT-based
approaches (Groups A, B, and C), or educational programs (Groups D and E). The
“other” option was rarely selected (n=13). This suggests the RNR Program Tool provided
options that generally describe the primary approaches programs take to address their
primary target behavior.
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Table 31: Primary Approach Used by Program Target

Severe Substance Use Programs (Group A)
Therapeutic Community
CBT-based dependence intervention
Residential Treatment
Medication Assisted Treatment
Alcohol and Drug Education
Manualized Drug Treatment
Self-Help
Group Counseling
Specialized Court
Intensive Outpatient
Outpatient
Other
Criminal Thinking Programs (Group B)
Therapeutic Community
CBT-based intervention
Intensive Supervision Program
Sex Offender Treatment
Restorative Justice Curriculum
Interpersonal Therapy
Exposure Therapy
Other
Self-Improvement and Management (Group C)
Therapeutic Community
CBT-based interventions to develop problem solving and
communication skills
Behavioral Interventions
Intensive Supervision without Treatment
Intensive Supervision with drug testing
Individual counseling
Group counseling
Drug and alcohol education
Self-help (AA/NA)
Specialized Court
Interpersonal therapy
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Frequency
163
64
36
18
3
5
2
2
4
22
11
14
1
56
3
45
1
2
1
1
1
2
54
1
17

Percent
34.5%
39.3%
22.1%
11.0%
1.8%
3.1%
1.2%
1.2%
2.5%
10.9%
6.7%
8.6%
0.6%
5.4%
5.4%
80.4%
1.8%
3.6%
1.8%
1.8%
1.8%
3.6%
11.4%
1.9%
31.5%

3
2
2
8
7
2
1
2
2

5.6%
3.7%
3.7%
14.8%
13.0%
3.7%
1.9%
3.7%
3.7%

Frequency
1
2
4
25
2
4
1
14
1
3
42
10
3
1
15
5
2
4
2
6
1
1
4
31
12
4
8
1
1
1
1
1
1
1

Exposure Therapy
Assertive Community Treatment (ACT)
Other
Social and Interpersonal (Group D)
Family Counseling
Group Counseling
Individual Counseling
Domestic Violence Education/Awareness
Social Connections
Other
Life Skills (Group E)
GED Classes
Vocational Skills Training
ISP without Treatment
Employment Services
Educational Classes
Vocational Training
Access to Support Services
Other
Punishment Only (Group F)
Confinement
Referrals
Other
Reentry Method
Client-centered Case Management
Comprehensive Referral Services
Basic Needs
Family Reunification
Financial Literacy
Housing Assistance
Life Skills Assistance/Training
Medical Care/Referral to Medical Care
Mentoring
Other
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Percent
1.9%
3.7%
7.4%
5.3%
8.0%
16.0%
4.0%
56.0%
4.0%
12.0%
8.9%
23.8%
7.1%
2.4%
35.7%
11.9%
4.8%
9.5%
4.8%
1.3%
16.7%
16.7%
66.7%
6.6%
38.7%
12.9%
25.8%
3.2%
3.2%
3.2%
3.2%
3.2%
3.2%
3.2%

In addition to the primary treatment approach, most programs also include other
elements (see Table 32). The most commonly reported additional elements include:
cognitive-behavioral treatment (51.3%), group counseling (45.3%), personal
development and life skills (38.8%), relapse prevention planning (38.3%), alcohol or
drug education (36%), and motivational interviewing/motivational enhancement therapy
(35.4%). The average number of additional elements included in programs is 5.23.
Groups A, B, C, D, E, and F average 7.14, 5.22, 5.76, 3.98, 3.61, and 3.04 additional
elements, respectively.
Group A programs, targeting severe substance use disorders, drive the patterns of
additional elements in the overall sample of programs, due to their overrepresentation in
the programs completing the RNR Program Tool. These programs frequently include
group treatment (72.9%), relapse prevention (57.4%), drug education (61.7%), selfsupport (53.3%), motivational interviewing or motivational enhancement (55.1%), and
behavioral (45.8%) interventions. Programs that target mild to moderate drug use (Group
C: Self-Improvement and Management) include cognitive-behavioral based (57.2%),
relapse prevention (48.6%), drug education (44.9%), motivational interviewing or
motivational enhancement (44.2%), group (40.6%), and behavioral (39.9%)
interventions. Because these program groups target similar behaviors, albeit with varying
degrees of severity (Group A more severe use compared to Group C), include very
similar components. The main difference in these groups is Group A using CBT as a
primary treatment modality, while Group C programs tend to include this as a secondary
element. Otherwise, both program groups include relapse preventions, drug education,
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motivational enhancement, and group-based interventions as part of their repertoire of
services. Program Group B (Criminal and Antisocial Thinking) commonly includes
group (62.5%) and personal development/life skills (43.8%) as additional elements.

Table 32: Other Elements Included in Programs
Element
Cognitive-behavioral treatment
Marriage and Family
Contingency Management
Employment Services
Vocational Services
Educational Services
Behavioral Management
Psychosocial Education
Online Curricula
Group Counseling
Confrontation/Aversion/Desensitization
Domestic Violence Curriculum
Alcohol or Drug Education
Self Support Groups for Substance Use Disorders
Medication/Pharmacological Interventions
Personal Development/Life Skills
Moral Reasoning/Moral Reconation Therapy
Mentoring
Faith-based Programs
Relapse-prevention Planning
Victim Impact
Meditation/Relaxation/Biofeedback
Motivational Interviewing/Motivational Enhancement
Therapy
Work Release
Other
Unsure
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Frequency
230
65
33
107
83
115
147
119
2
214
20
51
170
142
49
183
39
79
25
181
60
67
167
9
100
5

Percent
51.3%
13.8%
7.0%
22.7%
17.6%
24.4%
31.1%
25.2%
0.4%
45.3%
4.2%
10.8%
36.0%
30.1%
10.4%
38.8%
8.3%
16.7%
5.3%
38.3%
12.7%
14.2%
35.4%
1.9%
21.2%
1.1%

Element
None
Average number of additional elements per program

Frequency
17
5.23

Percent
3.6%
--

Research also suggests that including a balance of incentives and sanctions into
behavior change programs can increase their effectiveness (Wodahl, Garland, Culhane, &
McCarty, 2011). Over 66% of the 472 programs completing the RNR Program Tool use
some form of incentives in their programs, and 55% of programs report using some form
of sanctions. The most common form of incentives (used by 47.7% of programs using
incentives) is providing the program participants with a certificate noting their
performance or completion of program requirements. Programs also commonly
incentivize participants by providing credit towards participants’ sentence. On average
programs that use incentives use 3.03 different incentives. Of the programs that include
sanctions, the most frequently reported sanction is removal of the participant from the
program (n=168). Other commonly reported sanctions include written documentation in
the individual’s file (n=139), increased treatment or programming (n=81), and repeating
portions of the program (n=98). Programs that include sanctions, on average include 3.59
different sanctions.

Table 33: Rewards and Sanctions Used by Programs (N=472)
Frequency
314

Use Rewards
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Percent
66.5%

Type of Rewards Used
Certificate for Performance or Completion of Requirements
Letter to Employer, Judge, or Other Supervising Authority
Letter Congratulating Individual on Accomplishment
Gift Certificate to Restaurant or Local Businesses
Credit for Completion of Program Requirements
Bus Tokens
Reduced Drug Testing Requirements
Contingency Management/ Reinforcement Schedule
Monetary Credit for Educational Course, Bus Ticket, Others
Days Off
Reduced Treatment Requirements/Length
Reduced Supervision Requirements/Length
Vouchers
Visitation
Other
Unsure
Mean # of Rewards Used Per Program That Report Using
Rewards (N=364)
Range of Rewards Used by Programs That Report Using
Rewards
Use Sanctions
Type of Sanctions Used
Removal from Program
Written Documentation for Individual's File
Increased Treatment or Programming
Repeating Previous Level, Session, Module, etc.
Community Service
Increased Reporting Requirements
Structured Sanctions (e.g. schedules that increase with
infractions)
Jail Days
Curfew
Revocation of Community Supervision
Other
Unsure
Varies
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Frequency

Percent

259
97
97
57
115
40
17
37
28
29
33
22
15
8
143
7

49.1%
20.6%
20.6%
12.1%
24.4%
8.5%
3.6%
7.8%
5.9%
6.1%
7.0%
4.7%
3.2%
1.7%
27.1%
1.5%
--

3.03
-1-13
261

44.7%

203
139
81
98
28
48
31

38.5%
29.4%
17.2%
20.8%
5.9%
9.1%
6.6%

17
20
13
37
3
15

3.6%
4.2%
2.8%
7.8%
0.6%
3.2%

Frequency
Mean # of Sanctions Used Per Program That Report Using
Sanctions (N=256)
Range of Sanctions Used by Programs That Report Using
Sanctions

Percent
--

3.58
-1-12

Current research suggests that the ratio of incentives to sanction should be
weighted towards incentives (Wodahl et al., 2011). Consistent with this (see Table 34),
most programs (n=154) completing the RNR Program Tool that reported a ratio of
incentives to sanctions, reported using mostly rewards and some sanctions. Very few
programs use only sanctions (n=5) or mostly sanctions (n=17), and very few programs
use all rewards and no sanctions (n=48).

Table 34: Ratio of Incentives to Sanctions (N=313; 159 missing)

All Sanctions, No Rewards
Mostly Sanctions, Some Rewards
Even Use of Sanctions and Rewards
Mostly Rewards, Some Sanctions
All Rewards, No Sanctions

Frequency
5
17
89
154
48

Percent
1.6%
5.4%
28.4%
49.2%
15.3%

Research also suggests criminal justice programs benefit from including both
treatment and controls (Barber & Wright, 2010; Drake, Aos, & Miller, 2009; Padgett,
Bales, & Blomberg, 2006; Pattavina, Tusinski-Miofsky, & Byrne, 2009). Most (66.5%)
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of the 314 programs that reported on the ratio of treatment to controls using the RNR
Program Tool focus on treatment, and use some behavioral controls (see Table 35).
Approximately 30% of the responding programs include only treatment. This is not
surprising given that almost 20% of programs (see Table 36) operate within a
community-based treatment facility. These facilities emphasize treatment services, and
happen to serve clients involved in the criminal justice system.

Table 35: Ratio of Treatment to Control (N=369; 158 missing)

All Controls, No Treatment
Mostly Controls, Some Treatment
Even use of Controls and Treatment
Mostly Treatment, Some Controls
All Treatment, No Controls

Frequency
4
5
66
143
96

Percent
1.3%
1.6%
21.0%
45.5%
30.6%

Drug testing is a commonly used feature in many criminal justice treatment and
supervision programs. In this sample, 35.8% of programs report having drug testing as
part of their program. The prevalence of drug testing is much higher in programs
targeting drug use. For example, 61.7% of Group A programs and 47.8% of Group C
programs include drug testing compared to only 29.7% in Group B, 6% in Group D,
10.2% in Group E, and 16.7% in Group F programs. Of programs that include drug
testing, the greatest proportion (34%) conduct testing on a random basis, and about 27%
conduct drug testing as needed or after showing cause
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Table 36: Program Setting (N=472; 49 missing)

Criminal Justice Correctional Facility
Criminal Justice Treatment Facility
Non-Criminal Justice Residential Facility
Community Corrections Setting
Non-Criminal Justice Community-based Facility
Court
Other
Total

Frequency
225
13
16
58
91
2
37
472

Percent
50.9%
2.9%
3.6%
13.1%
20.6%
0.5%
8.4%
100.0%

In summary, programs completing the RNR Program Tool report using treatment
modalities and practices research has identified as effective at reducing problem
behaviors. Notably, most programs targeting severe substance and criminal thinking use
cognitive-behavioral theory based approaches. All programs prioritize a balance between
incentives and sanctions to facilitate program compliance, with very few programs
depending more heavily on sanctions. Similarly, nearly all programs in the sample
provide some treatment, and very few place a greater emphasis on controls over
treatment.
Dosage
Dosage has become an important component of understanding whether or how
much recidivism reduction to expect from programs aimed at reducing problem

188

behaviors, especially criminal behavior. Current best estimates suggest high-risk
individuals will benefit from 200 or more hours of treatment (Bourgon & Armstrong,
2005; Makarios, Sperber, & Latessa, 2014; K. G. Sperber, Latessa, & Makarios, 2013; K.
Sperber, 2015). The average dosage across all programs in this sample is 207 hours with
a standard deviation of over 700 hours. In the RNR Program Tool dosage is measured
using duration (total number of weeks), hours per week, and frequency of attendance
(number of days per week).
Duration is one component of dosage. Program duration varies greatly both
between and within program groups. Approximately 60% of programs have durations of
at least 4 weeks—4 to 12 weeks (20.5%), 13 to 17 weeks (18.7%), and 26 to 52 weeks
(20.7%). If programs were to operate 8 hours a day, five days a week, for these durations,
total program hours would range from 160 to 2,080. While the current research on dosage
does not identify the optimal duration over which treatment is provided to reach the
minimum number of hours to achieve reductions in recidivism, these durations suggests
that most programs have sufficient duration, depending upon the number of hours per
week, to reach an effective dose. Few programs (n=21; 4.7%) reported operating for
fewer than four weeks. Over 40% (42.8%) of programs targeting severe substance have
duration greater than 26 weeks. Programs targeting more moderate substance use or
mental health disorders have more varied durations, with approximately 48% having
durations between 4 and 17 weeks.
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Table 37: Duration Ranges (N=444; 28 missing)
Frequency
57
92
40
83
91
21
60
444

More than 52 weeks
26-52 weeks
18-25 weeks
13-17 weeks
4-12 weeks
Under 4 weeks
Unsure
Total

Percent
12.8%
20.7%
9.0%
18.7%
20.5%
4.7%
13.5%
100%

The second component of dosage measured in the RNR Program Tool is number
of hours per week. Most programs operate fewer than 20 hours per week (see Table 38).
One-third of programs run between one and four hours each week, under 10% between
five and nine hours per week, and 3.5% run 15 to 19 hours per week. Of the programs
that do provide services for 20 or more hours per week, over 80% are in program Groups
A and C. Some programs (20%) were unsure of how many hours per week their programs
operated. More than half of these programs target life skills or administer punishment
only (program Groups E and F).
The distribution of hours per week varies across program groups. For example,
most (75%) programs in program group D provide services one to four hours per week
compared to programs in Group A where only 16% provide services for one to four hours
per week. One-third of programs in program Group A provide services 20 or more hours
per week, compared to 12% of programs in Group B, just over 6% in Group F, and only
2% in Groups D and F. Almost half (47.3%) of programs in program Group C provide
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services fewer than 5 hours per week, but over 20% provide services 20 or more hours
per week. Over half (53.4%) of all Group B programs operate between 1 and 10 hours per
week.

Table 38: Hours per Week (N=426; 46 missing)
Frequency
72
15
36
56
140
16
91
426

More than 20 hours per week
15-19 hours per week
10-14 hours per week
5-9 hours per week
1-4 hours per week
Less than 1 hour per week
Unsure
Total

Percent
16.9%
3.5%
8.5%
13.1%
32.9%
3.8%
21.4%
100%

The final piece of the dosage equation is frequency of attendance (see Table 39).
Almost 60% of programs in the sample require participants to attend at least once per
week. Just fewer than 30% require participants to attend daily. Of these programs with
daily attendance, 75% are in program Groups A and C. Very small portions have
frequency of attendance monthly or as needed. As with hours per week, a number of
programs (n=76; 16.1%) are unsure how frequently services are offered.
The prevalence of each frequency group varies across program groups. Nearly
50% of programs in program Group A provide services daily, compared to 30.5% of
programs in program Group C, 26% in program Group E, and 17.2% in program Group
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B. Most programs (66.7%) in program Group D operate one time per week, which is less
common in other program groups. For example, 26% of programs in program Group C
are offered once per week, more (30.5%) are offered daily.

Table 39: Frequency of Attendance (N=432; 40 missing)
Frequency
121
44
87
4
18
82
76
432

Daily
Twice per week
Once per week
Monthly
Unspecified/As Needed
Other
Unsure
Total

Percent
28.0%
10.2%
18.4%
0.9%
4.2%
19.0%
17.6%
100%

Approximately 30% (n=144) of programs also include aftercare or follow-up
services. Follow-up services are far less common in program Groups D, E, and F. Fiftyseven percent (57%) of programs in Group A include aftercare services, as do 38.4% of
programs in Group C. Since program Groups A and C primarily target substance use
disorders, providing aftercare services that include group counseling and self-supports are
consistent with the literature (Huber, Hall, and Vaughn, 2001).
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Table 40: Aftercare Services
Element
Cognitive-behavioral treatment
Marriage and Family
Contingency Management
Employment Services
Vocational Services
Educational Services
Behavioral Management
Psychosocial Education
Online Curricula
Group Counseling
Individual Counseling
Confrontation/Aversion/Desensitization
Domestic Violence Curriculum
Alcohol or Drug Education
Self Support Groups for Substance Use Disorders
Medication/Pharmacological Interventions
Personal Development/Life Skills
Moral Reasoning/Moral Reconation Therapy
Mentoring
Faith-based Programs
Relapse-prevention Planning
Victim Impact
Meditation/Relaxation/Biofeedback
Motivational Interviewing/Motivational Enhancement
Therapy
Work Release
Medication Management
Drug Testing
Other
Unsure
Average number of aftercare services per program
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Frequency
78
28
13
51
41
39
60
48
3
89
71
11
14
68
83
25
58
9
45
11
77
11
26
52
5
29
35
20
19
2.33

Percent
16.5%
5.9%
2.8%
10.8%
8.7%
8.3%
12.7%
10.2%
0.6%
18.9%
15.0%
2.3%
3.0%
14.4%
17.6%
5.3%
12.3%
1.9%
9.5%
2.3%
16.3%
2.3%
5.5%
11.0%
1.1%
6.1%
7.4%
4.2%
4.0%
--

Implementation
Program implementation is important for good outcomes. Components of
implementation include: presence of completion criteria, who overseas the program, staff
credentials, information sharing, quality assurance techniques, coaching for staff, use of
treatment manual, and type of program evaluation in which the program engages. The
following section describes the features of implementation across the sample of
programs. A majority (66.1%) of programs have specific completion criteria (see Table
41). Eighty-four percent (84%) of Group A programs, 79% of Group C, and 72% of
Group D have specific completion criteria, compared to only 57.8% of Group B, 55.9%
of Group E, and 13% of Group F programs. Of the 312 programs stating they have
completion criteria, 163 (52%) provided additional information on what is required to
successfully complete their program. The two most frequently reported completion
criteria are attendance (27.6%) and successful completion of goals detailed in a case plan
(28.8%). Length of time in the program without infractions was also common (13.5%).

Table 41: Completion Criteria (N=163; 309 missing)
Frequency
8
22
45
47
12
29
163

Length of Time
Length of time without infractions
Attendance
Successful completion of case plan goals
Improvement in individual symptoms
Other
Total
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Percent
4.9%
13.5%
27.6%
28.8%
7.4%
17.8%
100%

Most programs are administered or overseen by clinical staff (see Table 42). This
is consistent with the types of programs that are represented in this sample of programs.
Fifty-seven programs reported their estimated proportion of clinical staff. Approximately
40% of those programs report having less than half clinical staff. Approximately 90% of
the 55 programs reporting their estimated proportion of criminal justice staff have 50% or
less criminal justice staff.

Table 42: Program Administration (N=286; 186 missing)

All Criminal Justice Staff
All Clinical Staff
Mix Criminal and Clinical

Frequency
48
162
76

Percent
16.8%
56.6%
26.6%

Table 43 details the types of training and credentials staff providing services in
the programs have. All staff in the programs sampled has at least one of the following:
certification in the program curriculum, training in administering the program, and
experience in these types of programs, and half of staff has advanced degrees, addictions
counselor certifications, Bachelor’s degree, or other generic credentials. Of the programs
reporting having staff with mental health or medical degrees, a median of 13.5% of staff
with these degrees were mental health administrators, a median of 35.5% are therapists, a
median of 25% are social workers, and a median of 22.5% have advanced mental health
degrees. Of those program reporting having medical staff, a median of 20% are nurses, a
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median of 10% are doctors, and a median of 15% have other medical degrees. Twenty-six
programs reported having medical personnel on staff. Of these 11 programs reported
contracting out medical staff services, and 19 reported having staff hired within the
program.

Table 43: Staff Credentials
Credentials
No Specific Credentials
Advanced Degree
Medical Degree
Addictions Counselor Certification
Bachelor’s Degree
Program Certification
Training in Program
Generic
Experience
Other
Unsure

Frequency
12
211
29
98
181
113
141
36
156
74
68

Median % of Staff
25%
50%
17%
50%
60%
100%
100%
50%
100%
66%
--

Both criminal justice and treatment agents benefit from regular, consistent, and
coordinated communication. The RNR Program Tool uses information sharing as one
measure of program implementation. Of the 352 programs answering the question on the
tool about how they share information between staff, agencies, and organizations, most
share information with some form of contact between parties (see Table 44). These
contacts are typically weekly (17.3%), monthly (12.2%), or as needed (35.5%). Only

196

6.8% of responding programs have a standard release of information that allows
treatment staff to share information with correctional staff or vice versa creating the
option for more consistent flow of information.

Table 44: Information Sharing between Correctional and Treatment Staff (N=403;
124 missing)
Frequency
13
33
24
61
43
125
7
3
43
352

Not applicable (run by correctional staff)
When required
Standard release of information
Weekly contact between parties
Monthly contact between parties
Contact as-needed
Varies by program stage
Varies by participant risk level
Other
Total

Percent
3.7%
9.4%
6.8%
17.3%
12.2%
35.5%
2.0%
0.9%
12.2%
100%

Just over half (52.1%) of all programs reported having ever had their program
evaluated. However, 90% reported a type of program evaluation. Of those programs that
have had an evaluation, 18.3% were evaluated by an external researcher, 12.4% by case
reviews by a third party, 27.0% using performance measures, 17.6% using client
satisfaction, and 14.6% by internal case file reviews. Formal program evaluation was
more common in Groups A (59.8%), B (51.6%) D (62%), and E (50.8%). Program
Groups C and F had fewer than 50% of respondents report having had evaluations of
their programs completed. External evaluations were more often conducted in programs
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in program Groups A, B, and F (19.6%, 23.4%, and 27.8% respectively). Evaluations
conducted on individual case outcomes by a third party were most commonly reported in
program Group A (30.2%). Evaluation using performance measures were reported in
32.2% of Group E, 29.9% of Group A, 28.1% of Group B, and 25.4% of Group C
programs. Using client outcomes to measure program performance occurred in 23.4% of
Group A and 24% of Group D programs.

Table 45: Type of Program Evaluation (N=426; 46 missing)

External evaluation by a researcher
Review of individual case outcomes by a third party
Review of program outcomes by licensing organization
Evaluation of outcomes internally using performance
measures
Evaluation of outcomes internally using client satisfaction
Internal review of case files
Other
Unsure

Frequency
78
53
0

Percent
18.3%
12.4%
0.0%

115
75
62
37
6

27.0%
17.6%
14.6%
8.7%
1.4%

Other important aspects of implementation focus on continuous quality assurance
and coaching. Quality assurance is an important practice for programs to continue to
improve their services. Programs use a number of techniques to ensure the services
provided maintain a high level of quality (see Table 46). Nearly 60% of programs
reported having specific quality assurance techniques in place. About one-half (50.2%) of
programs with quality assurance processes use an internal quality assurance team. As
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with other features of programs, quality assurance use varies by program group
classification. Programs in Groups A, B, and C predominately use internal QA teams and
external audit to assure quality. Nearly half (47.1%) of programs in Group D have
internal QA teams. Over 55% of programs in Group F selected “other” as their
mechanism for internal quality assurance.
Coaching is a way to help improve quality and staff skills. Close to half of all
programs (n=246, 47.9%) report using coaching of staff within their programs.
Supervisors are most often providing coaching (78.8%). Coaching conducted by peers
(37.8%), external coaches (16.3%), and other individuals/entities (16.7%) are less
common. These categories are not mutually exclusive and therefore percents will add up
to more than 100. Other types of coaches include all administrators and supervisors, all
staff trained in the curriculum, persons within specialized training units, program
developers or evaluators, clinical supervisors, and no specific individuals identified as
coaches.

Table 46: Quality Assurance Processes (N=271; 201 missing)
Frequency
55
136
13
11
12
17
27
271

External Audits
Internal QA team
Review tapes
Peer review
Case review
Client Satisfaction
Other
Total
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Percent
20.3%
50.2%
4.8%
4.1%
4.4%
6.3%
10.0%
100%

A final component of program implementation is the use of a treatment manual.
Use of a treatment manual helps to maintain consistency and ensure fidelity to a
treatment model (McGrew, Bond, Dietzen, & Salyers, 1994). The majority of programs
(n=272, 7.6%) use a treatment manual in their programs. Approximately 38% of
programs using a treatment manual use a proprietary manual. Eight programs have
manuals designed by an outside consultant specifically for their program, 148 programs
use internally generated manuals, and 28 use an “other” type of manual.
Domain and Total Scores
All of the previously described sections are scored to create the six domains—
Risk, Need, Responsivity, Implementation, Dosage, and Restrictiveness—on the RNR
Program Tool and the RNR Program Tool Total Score. Table 47 presents summaries of
the domain and total scores for the 472 programs completing the RNR Program Tool.
Consistent with research on correctional programs using the CPAI (see Lowenkamp,
Latessa, & Smith, 2006), the average program score is less than half (45.91) of the
maximum score of 100. The Risk Domain is created using responses to questions on
whether program operations are consistent with the Risk Principle—assesses risk, target
primarily high-risk individuals, and do not mix lower risk with higher risk individuals.
Thirty-two percent of programs do not heed the Risk Principle, 23.9% enact one piece of
the principle (either assess risk or target a single risk group), but only 1/5 or 20% are
fully compliant with the Risk Principle. The Need Principle is measured by assessing to
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what degree programs target a criminogenic need, engage in proper assessment of those
needs, and focus their attention on three or fewer additional behavioral targets. Over 41%
of programs achieved a score of 10 or higher on this measure. Forty-four percent (44%)
of programs score under 50% (score of 7 or lower). Responsivity is the third component
of the RNR Model. In the tool, programs score high on this measure when they use
programming, services, or interventions with better evidence of effectiveness, use both
rewards and sanctions, and adhere to the specific responsivity by targeting a specific
population (e.g. females only, individuals with learning disabilities, etc). Seventy-six
programs (16% of the sample) score above 15 (83%) on this domain. Almost two-thirds
(66.1%) of programs score at or below 50% on the domain. Programs, overall, seemed to
have a more challenging time achieving responsivity, compared to risk or need. This is
not surprising as achieving responsivity is the most challenging of the three components
in the RNR Model.

Table 47: Descriptive Statistics for Program Scores (N=472)
Essential Feature
Risk
Need
Responsivity
Implementation
Dosage
Restrictiveness
Overall Total

Mean (SD)
5.85 (5.46)
7.61 (3.73)
9.15 (5.15)
13.85 (8.46)
6.00 (4.83)
3.44 (2.12)
45.91 (20.43)

Median
7.00
8.00
9.00
15.00
5.00
3.00
46.00
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Range
0-15
0-15
0-21
0-31
0-18
0-10
4-91

The last three domains of the RNR Program Tool address implementation,
dosage, and restrictiveness of the program. Once again, quality programs, implemented
poorly, will not achieve their intended effects (Durlak & DuPre, 2008). Program
implementation includes: completion criteria, program administration, staff credentials,
staff communication, evaluation, use of a treatment manual, coaching, quality assurance
processes, and receipt of technical assistance. Programs completing the RNR Program
Tool, on average, score below 50% on the Implementation domain. Achieving sufficient
dosage is also essential for programs to achieve their desired outcomes. Dosage includes:
total clinical hours, intended duration (in weeks), hours per week, frequency (days per
week), use of phases, and presence of aftercare. Programs struggle to achieve high scores
on dosage. Nearly 80% of programs score below 50% on the Dosage domain. Less than
7% of programs score 75% or better. The final element of the RNR Program Tool Total
Score is the Restrictiveness domain. This domain measures the degree to which programs
use additional programming, liberty restrictions, drug testing, and their setting to
constrain individual behavior. Over 80% of programs score 50% or less on the
Restrictiveness domain, while just 4% score at or above 80%.
The six domains are totaled to reach the RNR Program Tool Total Score. As
suggested above, most programs score fairly low, suggesting improvements could be
made to increase the degree to which programs follow evidence-based, evidenceinformed, and promising practices. No program achieved the highest possible score of
100, however, 2 programs scored above 90 and 34 programs scored at or above 75. The
majority of programs’ (80%) Total Score on the RNR Program Tool was 66 or lower.
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Table 48: RNR Program Tool Scores Across Program Classification Groups
Essential Feature
(Total Possible)

A

B

C

D

E

F

f-test

Risk (15)

6.51

7.20

7.13

2.70

2.87

5.86

10.40*

9.49
13.22
17.94
9.71
4.12
61.00

9.48
11.70
12.03
5.78
3.19
49.38

8.55
8.06
16.49
6.95
3.70
50.89

3.74
8.24
14.32
4.40
2.76
36.16

5.81
9.01
11.20
3.07
2.51
34.48

4.83
1.85
3.59
1.13
3.41
20.68

43.32*
68.03*
34.28*
43.87*
6.49*
57.94*

Need (15)
Responsivity (15)
Implementation (28)
Dosage (20)
Restrictiveness (8)
Overall Total (100)
*p<.001

As with the individual items, scores on the domains vary by program group. The
mean scores on all domains were significantly different across program groups. A oneway between subjects ANOVA found mean Risk scores F (5, 466) = 10.40, p < .0001,
Need scores F (5, 466) = 43.32, p < .0001, Responsivity scores F (5, 521) = 68.03, p <
.0001, Implementation scores F (5, 466) = 34.28, p < .0001, Dosage scores F (5, 466) =
43.87, p < .0001, Restrictiveness scores F (5, 466) = 6.49, p < .0001, and Total Score F
(5, 466) = 57.94, p < .0001, vary significantly across program groups. Bonferroni posthoc tests were also run. Depending on the domain, significant differences between
program group means vary.9 The details of the differences between program groups on
the RNR Program Tool Total Score are presented below.

9

To improve clarity and conciseness the post-hoc tests for each scoring domain are not included in the
discussion. Please contact the author for the results of these tests.
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Total Scores were highest in Group A (M=61.00, SD=15.78), followed by Group
C (M=50.89, SD=17.49), Group B (M=49.38, SD=19.94), Group D (M=36.16,
SD=14.68), Group E (M=34.48, SD=13.35), and Group F (M=20.68, SD=11.47). The
Bonferroni post-hoc test showed Group A’s average Total Scores was significantly
higher compared to all other program groups. Program Group B has significantly lower
average compared to Group A, but significantly higher average Total Score compared to
Groups D, E, and F. Group C programs averaged significantly higher Total Score
compared to Groups D, E, and F, and significantly lower average compared to Group A.
Group D programs average Total score was significantly higher than Group F, but
significantly lower than Groups A, B, and C. Group E’s average Total Score was
significantly lower than Groups A, B, and C, and significantly higher than Group F.10
Group F’s average Total Score was significantly lower compared to all other program
groups.
Discussion and Conclusion
Using the RNR Program Tool to collect data on nearly 500 programs providing
services to criminal justice involved individuals provided an opportunity to demonstrate
the importance of collecting specific information on programs targets, behavior change
strategies, and operational characteristics. These 472 programs responded to questions
that identified key features of their programs’ treatment, implementation, and structures.
This process of identifying and documenting these key features helps get one step closer

10

As above, to improve conciseness the mean difference is excluded from the discussion above, but is
available upon request. All differences referenced are significant at p < .001.
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to closing the gaps in how criminal justice programs document the internal workings of
their interventions, in order that effective programs can be expanded and ineffective
programs can learn from effective ones. Engaging in this practice moves the criminal
justice field closer to addressing the gap in knowledge around what programs do to
change behavior.
The general understanding gained from this research is that programs targeting
similar behaviors use similar approaches and have similar features in their
implementation. What this suggests is that when reviewing the characteristics of
programs that claim to target the same behaviors there should be similarities in their
services. This is consistent with the research on effective treatment, which identifies a
fairly standard set of practices for targeting behaviors (Andrews & Bonta, 2010; Andrews
& Dowden, 2005; Andrews, Zinger, et al., 1990a; Bourgon & Armstrong, 2005; Cullen &
Gendreau, 2000; Dowden & Andrews, 2000, 2004; Ferguson, 2002; Gendreau et al.,
1999; Goggin & Gendreau, 2008; MacKenzie, 2006; McGuire, 1999; Ogloff & Davis,
2004; Smith et al., 2009). Also, inline with the factors that predict criminal offending,
most programs target substance use and criminal thinking (Andrews & Bonta, 2010).
Looking back at the work of Michie, her colleagues, and others in the medical and
behavioral health fields, identifying a process for documenting and describing programs
is an important step forward in ensuring that effective programs continue to operate and
can be replicated. The RNR Program Tool allows for classification, based on primary
target behaviors, to clearly identify what behaviors a program is designed to change.
Which approaches are taken to change behaviors, the implementation strategies used, and
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the dosage sought are dependent upon this identified behavior are fairly consistent with
target behaviors. For example, from this review of programs completing the RNR
Program Tool, almost half (49.5%) of the 472 programs in the sample target substance
use, and 51% of these programs use CBT (this rate combines Therapeutic Community
programs with other CBT-based interventions). Research discussed previously and
common practices as identified here suggest CBT is an important feature to include in
programs targeting substance use in a criminal justice involved population. Programs that
target substance use should have a strong rationale for not including CBT-based
components, and even then, should be carefully monitored to ensure they are contributing
to changing substance use behavior.
Similarly, one would expect programs targeting more challenging behaviors, such
as entrenched antisocial thinking patterns consistent with Group B programs would have
higher dosage compared to those targeting behaviors involving life-skill acquisition (e.g.
those in Group E). For example, only 2.1% of programs in Group E provided services 20
or more hours per week, compared to 12% of programs in Group B, 20.6% in Group C,
and 33% of programs in Group A. Again, what these patterns suggest is programs
targeting behaviors that are more challenging to change should, and do, require higher
dosage compared to programs targeting behaviors that are more difficult to change.
Continuing to collect and discuss the patterns seen among program targeting like
behaviors can assist researchers, program developers, program administrators, and other
governing bodies to quickly identify programs that are more likely to meet their goals.
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No study or dataset is without limitations. Although this dataset contains a large
sample, it includes an overrepresentation of program Groups A and C. This, however, is
not surprising giving the prevalence of substance use in the criminal justice population.
Estimates suggest 53% of state prisoners have abused or been dependant on drugs
(Mumola & Karberg, 2006). However, having the sample heavily represented by
programs targeting these very specific needs, makes it challenging to compare program
features across groups that target different behaviors. A second limitation is the frequent
selection of “other” throughout the tool. When programs select this response on an item,
they have the opportunity to provide their own free form description of their response.
Cursory reviews of these responses identified many of the narrative responses provided
would fit within one of the options provided on the tool. Because self-report tools like
this are new to the criminal justice field, programs may not be certain how what they do
fits within some of the available response categories. Continuing to engage in this type of
data collection process, and providing assistance to programs serving criminal justice
involved populations to improve their comfort in describing their programs in this level
of detail can address this limitation. Overall, this program classification and assessment
tool provides a wealth of information on common features of programs, the behaviors
they target for change, and the mechanisms they use to effect this change.
Future research to improve the RNR Program Tool could focus on two areas:
fidelity to key features of the primary treatment or intervention approach and measuring
return on investment. The RNR Program Tool provides a number of options for programs
to select the primary approach they take to change specific target behaviors. However,
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the tool then asks general questions about program operations, but does not at present
include follow-up questions about key features related to fidelity to this approach
selected. Measuring fidelity to the primary approach would require additions to the tool
to include questions specific to the primary approach selected. For example, many
programs in Group A selected Therapeutic Community (TC) as their primary approach.
Therapeutic communities are expected to have a number of specific features for in-prison
programs including: five phases, a dedicated residential area for TC participants, using
former program participants as staff along with formally trained clinicians, role
modeling, confrontation, and life skills training at the end of the program prior to reentry
(NREPP, http://nrepp.samhsa.gov/ViewIntervention.aspx?id=338 ). To assess how well
programs adhere to the fidelity of the therapeutic model would require some additional
questions about these features, or changes to the scoring to account for responses to items
already included in the tool addressing fidelity to a specific treatment model. For
example, the RNR Program Tool asks about phases. For a program selecting their
primary approach is a TC model, identifying their program has five phases would be
included as a measure of fidelity to the TC model. This could make the tool cumbersome
for users, and these questions would be best included only for the primary approach
selected.
A second area of future work on the RNR Program Tool could include items to
capture outcome and cost data with the goal of providing information on return on
investment (ROI) or cost-benefit outputs. Alternatively, finding ways to connect the
information gathered using the RNR Program Tool to current ROI tools to round out a
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jurisdiction’s understanding of their business practices and effectiveness could increase
the utility of the tool within other efforts to create efficient and fiscally responsible
systems.
With the current push towards more evidence-based and evidence-informed
decision making, programs are expected to be able to demonstrate that they are
effectively and efficiently using funding to achieve their desired outcomes. Initiatives
designed to embed these effectiveness and cost-efficiency goals, such as Evidence-based
Decision Making (Buck Willinson, Lachman, Pope, & Holand, 2014; Serin & Gobeil,
2014) and the Pew/MacArthur Results First Initiative
(http://www.pewtrusts.org/en/projects/pew-macarthur-results-first-initiative) have created
an environment where the pressure to prove that one’s program is working is substantial.
States have moved towards challenging funding for programs that do not fit within
known effective practices. For programs, this means being able to clearly articulate to
outsiders the behavior change mechanisms and theory of change under which the
program operates. The RNR Program Tool provides an accessible option for programs to
engage in these conversations and provide the level of detail needed to meet the demands
of stakeholders.
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CHAPTER SIX: CONCLUSION AND IMPLICATIONS

The RNR Program Tool, a web-based self-report survey instrument, was designed
to capture information about programs use of evidence-based and evidence-informed
practices, within the context of a specified target behavior. This tool is innovative in that
it not only provides individual programs with an assessment of their quality, but it also
connects program targets within the larger context of the risk and needs profiles of
individuals in a jurisdiction and other available programs when linked to the other tools
within the web-based RNR Simulation Tool.
The RNR Simulation Tool is a web-based tool with three portals designed to
provide feedback to jurisdictions about individual offender characteristics, program
characteristics, and the capacity to meet the needs of individuals and the population with
available program resources. To obtain program characteristics, jurisdictions enter
information into the RNR Program Tool portal. To obtain feedback on their capacity to
meet the needs of their population, a jurisdiction enters information on their population in
the Assess Jurisdiction’s Capacity portal including recidivism (measure and rate), type of
population (prison, probation/parole, pretrial, etc.), demographics, and risk distribution.
They also complete the RNR Program Tool for all programs, services, and interventions
in their jurisdiction designed to treat individuals involved in the criminal justice system.
These two portals communicate through the system’s programming and produce reports
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showing the jurisdiction where they likely have sufficient services to meet the needs of
their population, and where there might be a lack of available programming. A
jurisdiction’s capacity is based on the proportion of the population who fall into each of
the six program classification groups obtained from the data entered at the beginning of
the Assess Jurisdiction’s Capacity portal and the programs available to serve individuals
in those program classification groups using the data entered into the RNR Program Tool.
For an example of how these tools fit together using sample data see Taxman and
Pattavina (2013). This unique connection between these tools helps build the potential for
systemic responsivity. Systemic responsivity is defined as the degree to which a
jurisdiction has the capacity to meet the needs of their population (Taxman, 2014). This
concept and the role the RNR Program Tool and the RNR Simulation Tool can play in
achieving it will be discussed below as one of the broader implications and future goals
of this line of research.
Another unique feature of the RNR Program Tool, identified in Paper 1 (Chapter
3), is that it identifies quality in programs such as: treatment matching (including
responsivity, dosage, and restrictiveness) and program operations (including risk, need,
and implementation). These two components, highlight the interaction between
implementation features and program features, as described in the theoretical model
guiding this work presented in Chapter 1. The Program Operations component focuses on
the design of the program and its target population, while the Treatment Matching
component draws attention to the interaction between program design and the program
participant. Each individual component of this approach to understanding program
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quality is consistent with research from the behavioral health and criminal justice
treatment fields. Treatment matching suggests individuals respond better to treatment
when it addresses their unique circumstances (Andrews & Bonta, 2010; Andrews, Zinger,
et al., 1990a), has sufficient dosage to reduce symptoms (Bourgon & Armstrong, 2005;
Landenberger & Lipsey, 2005; Simpson, 1979; Taxman, Byrne, & Thanner, 2002; U.S
Department of Health and Human Services, 2009), and provides structuring or controls to
help increase treatment engagement and compliance (Drake, Aos, & Miller, 2009;
Padgett, Bales, & Blomberg, 2006; Pattavina, Tusinski-Miofsky, & Byrne, 2009).
Program operations that demonstrate fidelity to the risk principle, target a specific
criminogenic need, and are implemented well are also more effective (Andrews & Bonta,
2010; Andrews & Dowden, 2005; Dowden & Andrews, 2000). Yet, this two-prong
conceptualization of quality has not been explicitly identified or tested previously.
Effective programs are likely successful in both matching their services to their
population and operating with high fidelity.
This dissertation thoroughly explored the reliability, validity, and complexity of
using this web-based self-report means of accessing program related information. A brief
summary of each of the three studies, including their respective implications, included in
this dissertation is provided below. Following these summaries the implications from the
work as a whole to theory, policy, and practice are discussed. A final section will outline
a research agenda for the future.
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Paper One: Internal Reliability of the RNR Program Tool
The first paper in the series (presented in Chapter 3) assessed the internal
reliability and factor structure of the RNR Program Tool scoring domains and total score
using tests of correlation, calculation of Cronbach’s alpha, and exploratory factor
analysis. Data from 53 programs in 7 jurisdictions that completed the RNR Program Tool
during initial pilot testing were used. Findings from this first study suggest the RNR
Program Tool has good internal reliability (α = .703 for the Program Tool Total Score).
The results of the exploratory factor analysis suggest program quality may actually be
better reflected in two constructs: Treatment Matching and Program Operations.
Treatment matching includes the Risk, Need, and Implementation scoring domains; and
the Program Operations construct includes the Responsivity, Dosage, and Restrictiveness
domains.
The results of this first study, consistent with previous research (Gendreau &
Andrews, 1990; Lowenkamp, Latessa, & Smith, 2006; Lowenkamp, 2004; Nesovic,
2003), demonstrate the connection between various components of effective correctional
interventions including risk, need, responsivity, program dosage, implementation
processes, and restrictiveness. Although not a true measure of concurrent validity since
the RNR Program Tool was not directly compared to other similar tools like the CPAI,
the study does provide an approximation of what one might expect assessing its
concurrent validity. Studies on the CPAI also found various measures of program quality
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to be correlated with one another and the total score (Nesovic, 2003). Nesovic found
strong correlations between the CPAI total score and program characteristics section
(r=0.84) and the total score and treatment section (r=0.94). This finding is important
because it provides additional evidence that the RNR Program Tool is similar in many
ways to tools already demonstrating predictive validity. Yet, as noted above, the RNR
Program Tool also has a number of features that make it unique and an important
contribution to the criminal justice treatment field.
Findings from study one provide some insights into how program quality might
be structured. Specifically, quality for correctional interventions as measured using the
RNR Program Tool appears to include two components (treatment matching and program
operations). Treatment matching focuses on the interaction between individual
characteristics and program characteristics including responsivity factors addressed,
dosage provided, and additional features or restrictions used to manage behavior.
Program operations include those features of programs that are heavily influenced by its
design and administration including assessment and targeting of risk, needs addressed by
the program, and various implementation components. Programs can use these two
concepts to guide their process improvement efforts. For example, if the program scores
low on the treatment matching components, they might want to look more closely at their
target population, the dosage of services they are providing, and whether additional
behavioral controls might be beneficial based on the program’s target behavior. This two
component structure of quality requires further investigation to determine if it remains
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when more data are included, and what relationship it has to program outcomes. This
future research implications will be discussed further later in this chapter.
Paper Two: Predictive Validity of the RNR Program Tool
Research presented in paper two (see Chapter 4) was designed to test the
predictive validity of the RNR Program Tool using data from the Multisite Adult Drug
Court Evaluation (MADCE; Rossman, et al., 2011). This study extended the RNR
Program Tool to account for unique features of drug treatment court programs including
leverage, predictability of sanctions, routine drug testing, single point of entry, and
frequency status hearings. The results of the study suggest the RNR Program Tool
domain scores and the drug treatment court domain scores are correlated with client-level
MADCE program outcomes (24-month drug and general re-arrests and effect sizes for
24-month drug and general arrests). The strongest correlations were found between
Dosage and 24-month drug re-arrest (r= 0.452, p<0.01), Program Tool Total Score and
24-month re-arrest (r= 0.441, p<0.01), and Total Score and 24-month drug re-arrest (r=
0.405; p<0.01), but the correlations also indicate that re-arrests increase as the value of
the scoring domains increase. This finding is counter to what was expected—higher
quality programs should have better outcomes (i.e. lower recidivism), not worse
outcomes.
An explanation for this unexpected finding is that recidivism rates varied
dramatically across drug treatment courts in the MADCE data, even within those courts
having similar scores on the RNR Program Tool. For example, courts scoring highest on
the RNR Program Tool (Total Score of 61.5) had recidivism rates as low as 24% at 24-
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months for any arrests (Court Q) and as high as 65% (Court C). This wide range of
recidivism rates between programs with the same Total Score created some challenges
for the analysis of predictive validity. Explanations for this variability involve both the
program and the population of the drug treatment court. The individuals in Court C could
be higher risk (for example, nearly 95% had a prior arrest in Court C compared to only
63% in Court Q), and thus more likely to recidivate compared to the individuals in Court
Q. A second explanation is that while drug treatment courts may have reported having the
features in place to score higher on the RNR Program Tool, they may not have been
using these features to full fidelity. For example, a court may have reported that it
provided 20 hours per week of treatment, but if participants do not attend treatment that
often or services are frequently cancelled, rescheduled or inaccessible to participants, the
dosage received may not match what was intended. This highlights a potential limitation
of the RNR Program Tool. Namely, it may be difficult to disentangle the intended
program design from the services received and conditions that exist in everyday
operation. The importance of testing this potential limitation is discussed later in this
chapter.
Correlations between drug treatment court specific measures and recidivism
outcomes are in the expected direction with the strongest correlations between 24-month
drug re-arrest and Leverage (r= -0.482, p, <0.01), Point of Entry (r= -0.487, p, <0.01),
and Drug Court Total (r= -0.404, p, <0.01); and 24-month number of drug arrests and
Leverage (r= -0.420, p, <0.01), Point of Entry (r= -0.472, p, <0.01), and Drug Court Total
(r= -0.384, p, <0.01). Unlike with the RNR Program Tool Total Score, these findings

228

were all in the expected direction. Additionally, consistent with the findings of the
MADCE study (Rossman et. al. 2011), variations in practices specific to drug treatment
courts’ designs were more important contributors to participant outcomes compared to
general evidence-based and best-practices. The RNR Program Tool version used in this
study was designed to measure general consistency with evidence-based practices.
Multilevel models were then estimated using the RNR Program Tool Total Score
and Drug Treatment Court Total domain. The models did not find that these two program
level measures are significant predictors of the total number of re-arrests at 24-months
(coefficients in the combined multilevel model were 0.05 for RNR Program Tool Total
Score and -0.109 for Drug Treatment Court Total). Consistent with the correlations, only
the Drug Treatment Court Total score coefficient was in the expected direction showing
that the number of arrests decreased for individuals in courts with higher Drug Court
Total scores. The results might be interpreted as casting doubt on the influence of general
evidence-based practices on the outcomes of drug treatment court participants; however,
more likely, they are the result of lack of variability in many of the RNR Program Tool
domains, and wide variability in 24-month re-arrest rates across courts with similar RNR
Program Tool Total Scores. The expected, but insignificant, finding for the influence of a
Drug Treatment Court Total Score suggests that features unique to drug treatment courts,
even after controlling for clustering at the court level and individual participant risk, have
a small, but statistically insignificant, impact on the number of arrests participants had
accrued 24-months following enrollment into the drug treatment court. This analysis does
demonstrate that these drug treatment court features are associated with a decrease in
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number of arrests. These drug treatment court specific domains should continue to be
assessed within studies and discussions of drug treatment court effectiveness. General
indicators of program quality or fidelity should be added to evaluations of drug treatment
courts to further understand their impact on the effectiveness of drug treatment courts.
This second study has some important implications to theory and practice. First,
consistent with the conceptual framework presented in Chapter One, the theoretical
relationship between implementation features, program characteristics, and program
effectiveness are supported in the correlations found between various scoring domains
and the effect sizes for the five drug treatment courts for which effect sizes could be
calculated. One challenge to establishing predictive validity in this sample of drug courts
was the quantity of missing data. A number of the items, especially those included in the
implementation domain, used to measure constructs of program quality based on the
conceptual framework in the RNR Program Tool were missing in the MADCE data.
Consistent with the work of Moncher and Prinz (1991) and more recent discussions by
Duwe and Clark (2015), Zajac (2015), and Salisbury (2015), program evaluations do not
always track or assess enough measures on program quality or fidelity. Instead the
primary focus tends to be on program outcomes.
The challenges faced with coding the MADCE data provide some additional
support for this concern. Specifically, most of the data captured were around individual
level factors (risk, drug use history, prior criminal acts, family, education, employment,
etc.). This lack of drug treatment court program information made it challenging to
separate high quality programs from lower quality programs. It is unclear in the
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documentation included in the MADCE study why they did not capture more details
related to implementation at the court level. Emphasis on predictors of the courts’
outcomes instead seemed to focus on what level of services (weeks of treatment,
predictability of sanctions, case management meetings, court appearances, and drug tests)
individuals received and if drug treatment courts had a differential impact for different
types of participants. While these are necessary factors to consider, these measures have
as much to do with participant compliance as they do with program implementation and
design. The lack of detailed data on staff characteristics, evaluation of the program, or
court reported measures of dosage might lead one to make a couple of assumptions about
the study. First, one might assume the designers and funders of the study do not consider
these to be likely predictors of drug treatment court outcomes. A second assumption is
that they did not want to suggest that some drug treatment courts might not be operating
consistently with evidence-based or best practices for drug treatment courts, or for
programs aimed at reducing recidivism and recidivism-related behaviors. Instead, they
focused their study on the standard, well-accepted, and often studied features of drug
treatment courts—court appearances, drug tests, and case management.
Study 2 provides an example of how fidelity can be difficult to measure in
complex interventions like drug treatment courts. These programs offer varied services,
that are layered, and each having their own theory of behavior change. In the MADCE
study, participation in a drug treatment court did have an impact on individual outcomes,
unfortunately few specific court level characteristics appear to statistically contribute to
this effect. This might suggest that while drug courts, compared to treatment as usual
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groups are effective, there was insufficient variance in the MADCE data to identify
differences between the courts on measures of quality or fidelity used in the study. These
constructs were also not specifically tested in the original MADCE study. For example,
drug court specific measures theoretically suggested to affect outcomes—leverage,
predictability of sanctions, status hearing frequency, point of entry into the court—have
some effect (more leverage leads to better outcomes), but do not give clear guidance (i.e.
medium levels use of jail sanctions improves outcomes) on how to replicate these
features in other programs. Many of the predictors are relative to their value in other drug
treatment courts and not measured against a prescriptive ideal. Improving documentation
and measurement of program components and operational features moves the criminal
justice research field in the direction of improving fidelity and having a better chance at
seeing effective programs implemented well.
Paper Three: Common Features of Programs
The primary goal of the third paper in this dissertation (see Chapter 5) was to
determine what common features are associated with programs targeting similar
behaviors. Data from 472 programs across various settings and target behaviors were
analyzed, using frequency tables, and descriptive statistics. The findings from this study
suggest programs targeting similar behaviors have similar features, and some important
differences exist between the program classification groups used by the RNR Program
Tool. For example, programs targeting drug use and anti-social thinking primarily use
cognitive-behavioral theory based interventions, while programs targeting social and
interpersonal skills (Group D) primarily use counseling services and domestic violence
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awareness and education programs. This is important because different behaviors
respond to different types of treatment. Notably, cognitive-behavioral theory based
interventions have been shown to reduce recidivism for individuals with antisocial
thinking patterns (Lipsey, Landenberger & Wilson, 2007; Wilson, Bouffard &
MacKenzie, 2005), while general counseling approaches show a positive impact for
deficits in social and interpersonal skills (Mitchell, Wilson & MacKenzie, 2007).
Engaging in general counseling approaches (e.g. self-help groups, group counseling
sessions), that do not typically include behavioral components (e.g. role playing), with
individuals who engage in antisocial thinking is unlikely to reduce recidivism (Andrews
and Bonta, 2010; Andrews, Zinger, et al., 1990). Therefore, it is an important finding that
programs targeting these varying behaviors use practices that are consistent with the
research evidence on effective types of interventions for the behavior they are trying to
address.
Another important finding from this third study is that program implementation
appears to be particular challenging among these programs. Programs, on average, score
below 50% on the Implementation domain, and generally score low on the combined
measure of program consistency with evidence-based practices—the RNR Program Tool
Total Score. When all six domains (Risk, Need, Responsivity, Dosage, Implementation,
and Restrictiveness) are added together to create a Total Score, most programs (80%)
score below 67 out of 100. This finding is consistent with research using the CPAI
(Lowenkamp, Latessa, & Smith, 2006). Because studies have made the connection
between program quality and program outcomes, it is important for programs to evaluate
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their quality using measures associated with program outcomes. Programs that score low
on quality are less likely to have positive outcomes for their participants (Lowekamp,
Latessa, & Smith, 2006). Once programs have information on where they can improve
their quality, their scores on the RNR Program Tool scoring domains provide this
feedback immediately upon completion of the tool; they can get to work in making the
necessary adjustments. Once adjustments are made, they can reassess using the RNR
Program Tool to see how their efforts have improved their quality.
These generally low scores found on the RNR Program Tool Total Score also
provide some evidence against criticisms that programs would intentionally inflate
scoring of their quality using a self-report instrument. Based on the voluntary nature of
the data collection process used to obtain the program data analyzed in paper three, it can
be assumed that these programs have an interest in assessing their quality and likely
improving it. It would be difficult to believe that programs voluntarily completing the
RNR Program Tool would intentionally score themselves this low. Additionally, the
consistency of these findings with previous research using observational tools (e.g.
studies on the CPAI) suggests that it is likely fairly accurate, or at least less likely to be
inflated. While it is unfortunate that programs appear to be operating with lower quality
than one might like, this finding increases the confidence one can have in the reliability
of the self-report data.
As noted in previous chapters the research on effective correctional interventions
is fairly robust (see Andrews & Dowden, 2005; Caudy, Tang, Ainsworth, Lerch, &
Taxman, 2013). However, an understanding of how this research is operationalized is still
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developing (Ferguson, 2002). Additionally, recent work in the behavioral health field has
detailed the importance of clearly articulating the behavior change mechanisms used by
programs (Michie et al., 2013; Michie, Stralen, & West, 2011). To further both of these
efforts, this dissertation described common practices used by programs seeking to reduce
recidivism by targeting antecedent behaviors such as antisocial thinking and drug
dependence. Of note, many programs in the sample completing the RNR Program Tool
discussed in Chapter 5 focus on behaviors that have a stronger association with
offending, and use program content that is expected to have an impact on reducing these
behaviors (e.g. mainly through cognitive-behavioral-theory based interventions). Based
on the findings described in Chapter 5, while programs seek to use evidence-based
practices, they do not always have the implementation processes in place nor are they
fully aware of the dosage of the services provide. Achieving quality programming is a
matter of having the available knowledge, resources, and social capital to follow best
practices. Programs can improve their operations by acknowledging where their
implementation falls short, and working to improve those specific areas. This may require
the program to: obtain information on evidence-based or best practices of similar
programs; get access to additional funding to train or supervise staff; or work to build
buy-in and support for evidence-based or best practices that may be different from what
staff have historically been doing.
General Implications of the RNR Program Tool and Its Utility
Criminal justice programs tend to focus on the effectiveness of programs in very
controlled settings; seeking to prove they reduce offending behaviors (Miller & Miller,
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2015). A recent issue (Volume 14, issue 2) of Criminology & Public Policy devoted a
section to the topic of fidelity in outcome research in criminal justice programs. Miller
and Miller (2015) claim, “criminal justice program evaluation has largely failed to
understand either the singular value of process research or the methodological
interdependence between process and outcome” (p. 340). This assertion is a clear
message to the criminology community to shift some of its attention in program
evaluation to addressing issues of fidelity. The research study in this segment assessed
the impact of fidelity on the outcomes of women released from prison who participated in
a gender responsive cognitive-behavioral theory based program called “Moving On”
while incarcerated (Duwe & Clark, 2015).11 The elements of fidelity in this study are
similar to those included in the RNR Program Tool and include: facilitator qualifications,
use of risk and needs assessments, targeting higher-risk individuals, focusing on
criminogenic needs, the treatment approached used, length of treatment, group size, use
of incentives and sanctions, completion criteria, and use of modeling and behavioral
rehearsal. Program group size is the only feature in their model of fidelity that is not
included in the RNR Program Tool. Duwe and Clark compared outcomes for participants
when the program was offered with high fidelity (80% of the elements listed above) to
those who participated in the program when it was not conducted with fidelity (only 20%
of the program elements listed above). Their findings suggest that the program only had
a significant impact on recidivism when conducted with fidelity (31% reduction in re11

The “Moving On” program was offered to women in the Minnesota Correctional Facility-Shakaopee.
Moving On is a cognitive-behavioral theory based intervention for women that includes 26 group and oneon-one sessions, in addition to homework assignments, writing exercises, and role-playing. The focus of
the program was on helping women develop communication skills, healthy relationships, and supportive
expressions of emotions.
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arrest and 33% reduction in recidivism, while the low fidelity group did not show any
reductions in recidivism); however, they could not identify which breaches of fidelity
caused the lack of success. This study lends support for continuing to use the RNR
Program Tool to study program quality and fidelity to be able to identify which features
of program quality and fidelity impact outcomes.
Duwe and Clark’s work also provides an example of the importance of assessing
fidelity and quality in addition to assessing effectiveness. Zajac (2015) and Salisbury
(2015) suggest the concern that arises when fidelity is not accounted for is different from
the usual concerns around Type 1 (false positives) errors in outcomes research. False
positive errors would suggest that a program works to reduce a problem behavior, when it
does not. This can occur when other factors not related to a program, but operating at the
same time, affect the outcomes associated with program participation and the program is
given credit for the reduction. Instead, these authors argue that Type 2 errors (falsely
concluding the program doesn’t work) are likely when fidelity isn’t addressed. Programs
using evidence-based strategies, like the Moving On program’s use of cognitivebehavioral theory in it’s curriculum, could appear to be ineffective (as was found in the
low fidelity group), when in fact they are effective when they are implemented with
fidelity. Again, this is consistent with the conceptual model with which this dissertation
began. Program characteristics interact with implementation features to impact program
effectiveness. The program theory may be sound (as it was in the Moving On program),
but if its implementation falters the true effects are not realized leading one to conclude,
falsely, that the program itself is ineffective.
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Specific features of fidelity to a program model, or differentiation, are important
to capture, in addition to general fidelity to principles of effective interventions as
measured in other tools (Salisbury, 2015). During the development of the RNR Program
Tool (see Chapter 2) existing research identifying features of effective interventions
across a number of behavioral health fields, including psychotherapy, addictions
treatment, and criminal justice, was reviewed. This review led to the inclusion of items
that are theoretically and empirically related to general program effectiveness including
adherence to a program model, dosage, quality of services, use of performance measures,
training, coaching, and staff qualifications or abilities (Fixsen, Naoom, Blase, Friedman,
& Wallace, 2005; Durlak & DuPre, 2008; Ogden & Fixsen, 2014), in addition to
including items that are directly related to effectiveness in reducing recidivism (e.g.
targeting higher risk individuals and criminogenic needs) (Andrews and Bonta, 2010).
In addition to the practical application of this research to program improvement,
measuring program quality can also be used to make decisions about which programs to
fund or what factors should be considered when designing a new program. Using the
RNR Program Tool as a guide, funders can assess the quality of programs compared to
one another and make determinations about where to invest limited resources accounting
for program quality. Movements towards evidence-based decision making and costbenefit calculations in assessing which programs to fund create an incentive for programs
to demonstrate their commitment to quality, improving effectiveness, and increasing
efficiency. Using a consistent, objective, and neutral process (i.e. The RNR Program
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Tool) to facilitate funding decisions can improve transparency and increase the likelihood
that the programs selected for funding will demonstrate the desired results.
Based on the research presented in this dissertation, the RNR Program Tool
provides a comprehensive, useful, and practical tool for programs targeting criminal
justice involved populations to assess the quality of the services they provide. Agencies
providing programming and services have many stakeholders to whom they are
accountable. Funders often want to know whether the program is cost-effective and costbeneficial. Clients are interested in services that work, and meet the requirements set
forth by court orders. Criminal justice systems want to see programs that have the
capacity to reduce recidivism. Having a mechanism available to show these stakeholders
the specific behavioral targets the program is designed to address, how they address these
targets, and where they stack up in terms of quality can help to ensure programs are
receiving the right clients and necessary resources to meet these varying demands. The
most interesting theoretical implication of this research is the finding that program quality
includes two components: treatment matching and program operations. This
conceptualization of quality is likely consistent with how program administrators
understand their programs. Getting the right people in the right programs and ensuring
the right programs operate at a high level are critical for success. The RNR Program Tool
provides an accessible resource to engage in assessment activities, communicate the
results of these assessments to stakeholders, and create specific plans for quality
improvement.
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While the RNR Program Tool provides a comprehensive assessment of some of
the general features of core correctional practices and program effectiveness, a few
changes to the tool could increase its utility. First, adding specific fidelity measures for
treatment modalities would allow programs to not only obtain a general measure of
quality, but also a specific assessment of their fidelity to a treatment model. For example,
if a program selects cognitive-behavioral theory based treatment as their primary
treatment modality additional questions could be asked such as: Does the program
include role-play activities? Do the facilitators model skills to participants? Are
participants encouraged to practice skills outside of the program setting and report on the
experience? Does the program connect thoughts with behaviors? Answers to these types
of questions could provide a more detailed assessment of fidelity to cognitive-behavioral
theory based interventions. Similar types of questions could be included for therapeutic
community program, restorative justice curricula, etc. The specific research on fidelity
associated with each of the primary treatment approaches included in the RNR Program
Tool could be added to create an even more comprehensive assessment of fidelity and
quality.
A second change that could increase the utility of the tool beyond assessing
program quality, would be to add the capacity to calculate a return on investment ratio for
programs, with adjustments for their quality as measured using the RNR Program Tool
Total Score. The RNR Program Tool already collects information on individuals served
by the program, and can include an estimate for an effect size based on the primary target
behavior and treatment modality, where available. By adding cost information entries to
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the tool, a cost per participant estimate could be generated. Connecting this cost
information with program effect sizes and general estimates of the cost of recidivism the
RNR Program Tool could help to produce a rough estimate of the costs compared to the
benefits of the program. This is similar to processes such as the Results First Initiative,
which asks programs to estimate the level of fidelity using the program’s own assessment
of whether they operate with high, medium, or low fidelity. Based on this estimate the
calculator reduces the effect size applied to the program. This approach, however, is not
very detailed. Using a more comprehensive assessment of quality and fidelity using the
RNR Program Tool could improve the validity of these cost-benefit calculations.
Additionally, including this feature in the web-based tool increases the access programs
have to this information. Jurisdictions and program administrators could easily estimate
the return on investment for current programs or programs they are considering
implementing at their convenience, without having to rely on an outside group or
agencies to provide access to a cost-benefits calculator.
One of the unique features of the RNR Program Tool that is both useful and
challenging is that it is a web-based self-report instrument. While the tool itself is housed
on a web-based platform, programs are not discouraged from observing treatment
sessions and reviewing their documentation to obtain the answers t items on the tool.
Many of the items on the RNR Program Tool can be reliably answered by a program
administrator sitting in on a few sessions of the program. However, other items require a
birds-eye view of the program operations. For example, observations or review of
documentation on program participants might help to identify whether the program is
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providing both incentives for desirable behavior and sanctions for undesirable behavior.
However, engaging in observations to determine the total dosage of a program would not
be efficient. In this case, a general review of the number of sessions offered, over what
time period, and how long each session lasts would be an acceptable way to obtain this
information.
In-person quality assessment can provide a number of benefits, especially if
specific fidelity measures are added. First, what occurs during a program session can be
clearly identified via observation. This practice provides insights into whether the
program is engaging in the key activities designed to change behavior according to the
program’s theory of behavior change. Observations can also help to identify the skill
level of the provider, and provide an opportunity to engage in coaching to improve
program operations. However, it is not always easy to know what to look for when
conducting observations. A highly trained individual with experience in engaging in
observations of programs might be able to this easily. The RNR Program Tool could
provide guidance to individuals who are not formally trained in program evaluation to
know what to look for during observations. Second, in-person quality assessment can
provide insights to areas not measured on the RNR Program Tool such as the degree of
involvement participants have in the session, and whether there are environmental factors
(e.g. noisy location, difficulty finding parking, etc.) that might interfere with program
operations. These features could be added to the RNR Program Tool as a supplemental
feature should program administrators desire to engage in observing program operations
and obtain this level of information.
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In-person quality assessments can fall prey to assuming that an usually good or
unusually bad program session or provider is the norm. This would provide an inaccurate
reflection of program operations. In general, using in-person observations, interviews,
and reviews of documentation to assess quality are beneficial, however, this information
also needs to be organized in such way that it provides useful feedback to program
providers. Stepping back and using information obtained through in-person reviews to
complete the RNR Program Tool can help develop of comprehensive, objective, and
useful assessment of program quality, while not losing the benefits of in-person reviews.
Future Research
The previous sections detailed the implications of the findings in the three papers
comprising this dissertation. These studies also provide a guide for the development of a
research agenda for the future. Four next steps comprise this agenda to further assess the
reliability, predictive validity, and broader use of the RNR Program Tool.
First, based on the results in Paper 1 (Chapter 3), it is important to take a detailed
look at the two components of the quality construct evident in the RNR Program Tool’s
total score. These two components, treatment matching (including responsivity, dosage,
and restrictiveness) and program operations (including risk, need, and implementation)
have not been previously studied in this way. Although, as described previously, the
scoring domains that comprise them have been shown to predict participant outcomes.
Determining the stability of this two component presentation of quality can be achieved
by duplicating the work presented in paper one. Taking the data used to conduct the
analysis in paper 3 (Chapter 5), the exploratory factor analysis could be rerun to see if
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these same two components are present. Should these two components be present in this
larger dataset, confirmatory factor analysis procedures can be applied. This process could
help determine whether the measures used to define the six scoring domains reflect those
latent constructs of risk, need, responsivity, dosage, implementation and restrictiveness;
and whether the six scoring domains reflect a single construct of program quality, or if
program quality is better reflected in the two constructs identified in this dissertation.
A second portion of this research agenda is generated as a result of the challenges
faced in paper two (Chapter 4) in assessing the predictive validity of the RNR Program
Tool. To reassess predictive validity, outcome data for the 472 programs that have
already completed the RNR Program Tool could be sought. An initial first step might
look at average completion rates, and re-arrest rates already collected by the programs in
the database, if available. Although this would preclude any analysis from controlling for
individual level factors that might impact program outcomes, it would provide a solid
start to determining the predictive validity of the RNR Program Tool overall, its six
subscales, and to what degree the two components of program quality identified in paper
one predict program outcomes. Ideally, future studies would take a sample of individuals
who participated in these programs and track their recidivism, controlling for individual
level risk factors and program completion to determine the true predictive validity of the
RNR Program Tool.
A subcomponent of this second line of future research to clearly demonstrate
predictive validity of the RNR Program Tool would be to identify whether or how much
the different scoring domains impact individual level outcomes. Focusing on program
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effect sizes provides a general understanding of the typical outcomes one can expect,
however, these outcomes will vary across individuals. It is important for future research
to connect the components of quality measured in the RNR Program Tool to individual
participant outcomes. Some program features or implementation characteristics may have
differential impacts for different clients. For example, individuals who are employed full
time might be more heavily impacted by increased restrictions used in a program. As a
result, a highly restrictive program might score well on the RNR Program Tool because it
targets high-risk individuals, but may only have a strong effect on outcomes for
individuals who do not experience the collateral consequences of this added
restrictiveness. Understanding which components of program quality predict outcomes
for which types of individuals would greatly improve our understanding of how programs
effect change. This line of inquiry would help programs in further refining their target
populations and assist them in better understanding the contributing factors when a
participant is not successful in a program.
A second subcomponent of research on predictive validity should investigate
whether and how much of an effect each of the items and scoring domains on the RNR
Program Tool relate to outcomes for various types of programs. It could be that programs
targeting criminal thinking achieve much better outcomes when they have higher
implementation scores, but their outcomes are not as strongly impacted by improvements
in responsivity. However, a program targeting younger adults (18-30 years old) with
severe substance use disorders might find that responsivity is strongly related to program
and participant outcomes. As additional data are collected on programs and program
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participant characteristics research can begin to determine the degree to which program
and individual characteristics mediate or moderate the relationship between program
participation and outcomes. Paired with individual level information, data collected using
the RNR Program Tool can help to increase our understanding of the effectiveness of
treatment services for individuals involved in the criminal justice system.
Third, because the RNR Program Tool is a web-based self-report tool, it is
important to determine the reliability of the self-report data. In order to ensure the tool is
capturing what is happening in the program rather than what the program might have
been designed to do, it is important to pair this self-report with some checks on the
responses. The only way to determine the reliability of this information is to observe
programs, conduct interviews, review program documentation and match this information
with responses provided in the RNR Program Tool. Collecting this type of data can be
expensive and time consuming, however, using a selected set of observations to establish
the general accuracy and reliability of the RNR Program will provide insight into the
utility of using a web-based self-report tool for determining program quality. Tools like
the RNR Program Tool are only as accurate as the data entered into them. As such, this is
an important next step in establishing the full utility of the RNR Program Tool.
Finally, additional research that extends beyond the RNR Program Tool to assess
its connection with systemic responsivity could expand the applicability of this research.
Systemic responsivity is achieved when jurisdictions have sufficient resources to address
risk, needs, and general and specific responsivity factors for their populations (Taxman,
2014). The RNR Program Tool can help identify the available services (and the quality of
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those services), however, agencies also must know their populations. The gap between
what their populations need and what is available can contribute to ineffective recidivism
reduction at the jurisdiction level. Good programs can only help the people who have
access to them. Identifying what common gaps in services exist, and how this impacts
recidivism reductions jurisdiction-wide would extend this research beyond programs and
into a broader area of application. Being able to match quality programs, as identified in
the RNR Program Tool, with the risk, need, and responsivity factors of the criminal
justice population is the end goal of the suite of tools in which the RNR Program Tool is
housed.
Conclusion
In order for criminal justice agencies to provide programming and services that
will effectively reduce recidivism and improve the functioning of individuals under their
jurisdiction, agencies must be aware of how well (or not) their programs are doing. Not
all agencies have the resources to access full evaluations of each of their programs
(including internal and referred services). Providing an online, self-report tool is an
important step in expanding access to information on effective practices to agencies.
Previous research on correctional interventions and programming, and the
research on effective treatment have identified some key features that are important for
programs to be effective in any field. This dissertation suggests that while a number of
strides have been made in assessing correctional programs using instruments like the
Correctional Program Assessment Inventory (CPAI, Gendreau & Andrews, 2001) and the
Standardized Program Evaluation Protocol (SPEP, Lipsey, 2008), there are some
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important limitations and gaps in this work. The preceding research, and the suggested
future research agenda, will extend this past work to advance both theory and practice. In
the area of theory this research continues efforts to document what goes on in behavioral
interventions (Michie, 2004). This requires determining what are the key features
necessary in programs operating in the “real world” to have an impact on individual wellbeing and reduce factors associated with recidivism. In advancing the theory of effective
interventions in such a way, advancements in practice can also be made. Once we
determine what general features are associated with theoretically sound and structured
programs, we can encourage programs to “up their game.” There is a benefit to society in
making sure that the programs to which justice involved persons are referred to clearly
have the capacity to target the behaviors in need of change to promote reductions in
offending.
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APPENDIX 1: SUMMARY OF RESEARCH ON PROGRAM FEATURES
AFFECTING RECIDIVISM

Citation
Andrews & Bonta, 2010

Andrews & Dowden, 2005
Effect of programming
features when treatment is
appropriate

Andrews, Zinger, et al.,
1990a

Bellig, et al., 2004*

Bourgon & Armstrong, 2005

Features of Programming
Studied
Staff Training

Findings

Correlation with effect size
(R=.26; p<.01)
Clinical supervision
Correlation with effect size
(R=.21; p<.01)
Dosage
Correlation with effect size
(R=.20; p<.01)
Printed/taped manuals
Correlation with effect size
(R=.30; p<.01)
Following a specific treatment
Correlation with effect size
model
(R=.23; p<.001)
Correlation with effect size
Involved Evaluator
(R=.41; p<.001)
Integrity of implementation
Phi=.30 (p<.05)
Specific model
Phi=.21 (p<.05)
Trained workers/supervisors
Phi=.30 (p<.05)
Clinical supervision
Phi=.22 (p<.05)
Printed program manual
Phi=.39 (p<.05)
Monitoring process/change
Phi=.18 (p<.05)
Adequate dosage
Phi=.06 (ns)
Involved researcher
Phi=.39 (p<.05)
Setting (Community v.
Appropriate treatment in the
Residential)
community had a Phi
coefficient of .35 compared to
.20 for residential.
Type of treatment (Behavioral
Appropriate treatment
v. Non-behavioral)
following a behavioral model
had a Phi coefficient of .31
compared to .27 for nonbehavioral.
Discuss strategies for monitoring and improving treatment
fidelity including: measuring dosage (number, frequency, length
of contact), standardize training, ensure provider skill acquisition,
ensure adherence to treatment protocol, and developing a specific
plan to monitor fidelity.
Dosage:
Significantly lower recidivism
rates when completing
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Cullen & Gendreau, 2001*
Dowden & Andrews, 2000

Dowden & Andrews, 2004

Gendreau et al., 1999*
Landenberger & Lipsey,
2005
Lipsey, 2009
McGrew, Bond, Dietzen &
Salyers, 1994

McGuire, 1999
Simons, Padesky,
Montemarano, Lewis,

recommended treatment
dosage compared to untreated
group.
100 hours
12.0% compared to 28.0%
(p<.05)
200 hours
29.9% compared to 43.8%
(p=.06)
300 hours
38.3% compared to 59.1%
(p=.1)
Discusses logic and general evidence behind correctional
treatment movement.
Human service
Eta=.37 (p<.01)
Risk
Eta=.16 (ns)
Criminogenic Need
Eta=.59 (p<.01)
General Responsivity
Eta=.52 (p<.001)
(Behavioral Intervention)
Targeting multiple criminogenic r=.69 (p<.001)
needs
Correlation of practice with
effect size:
Relationship
r=.25
Skill
r=.35
Effective reinforcement
r=.24
Effective disapproval
r=.17
Problem solving
r=.29
Structured learning
r=.37
Effective modeling
r=.34
Effective use of authority
r=.17
Advocacy/brokerage
r=.08 (ns)
Discuss 32 principles guiding program implementation that are
included in the CPAI.
Implementation Fidelity
Greater fidelity associated
with moderate to large
treatment effects (β=0.40;
p<0.05)
Implementation Quality
quality of implementation to
be significantly related to the
effect size of interventions
Program Integrity
programs scoring higher on
program integrity (i.e. fidelity
to a specified program model)
is associated with positive
benefits for patients (r=0.60;
p<0.01).
Find notes in notebook
Training
Clients who received
treatment after the clinicians
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Murakami, Lamb et al., 2010

Smith et al., 2009*
Stanard, 1999

received the CBT training had
greater improvement in
depression and anxiety
symptoms compared to those
clients treated prior to the
training (F(2,113)=53.40;
p=0.001).
Summary of Meta-analysis research on principles of effective
intervention.
Training (compared to untrained Increase in quality of life
control group)
(F(1,44)=5.97, p<.05)
Improvement in vocational
and educational outcomes
(χ2= 39.345, p<.01)
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APPENDIX 2: FULL RNR TOOL SCORED ITEM CORRELATION MATRIXPART 1
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APPENDIX 3: FULL RNR TOOL SCORED ITEM CORRELATION MATRIXPART 2
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APPENDIX 3: RNR PROGRAM TOOL SCORED ITEM AVAILABILITY IN
MADCE DATA

Variable Name
program_name
pre_targetpop
pre_eligibleind

pre_enrolled

pre_capacity

Coding
COURT
No data available
ELIGIBLE (1='eligible charge alone') (2='eligible
drug charge alone') (3='positive drug test')
(4='clinical assessment') (7='eligible charge and
clinical assessment') (8='eligible drug charge and
clinical assessment') (9='eligible charge, positive
drug test, and clinical assesment') (10='eligible drug
charge, positive drug test, and clinical assessment')
PARTCURR (1='less than 50') (2='50-75') (3='75 99') (4='100-149') (5='150-199') (6='200-249')
(7='250-299') (8='300-349') (9='350-399') (10='400
or more')
PARTMAX (1='less than 50') (2='50-75') (3='75 -99')
(4='100-149') (5='150-199') (6='200-249') (7='250299') (8='300-349') (9='350-399') (10='400 or more')

pre_completed
pre_staffturnover

P2003GRAD (ELSE=COPY)
No data available

pre_contractors
pre_attendance
Q8 What is the target
population?
Q9 Eligibility screening based on
target behavior, offense, clinical
assessment, risk-need
assessment, legal status, court
order, all of the above, other, or
none?

No data available
No data available
Individuals with substance use disorders:
DRUGCHC2 (1=1) (2=1) (3=1) (ELSE=SYSMIS)
Target behavior: ASSESS1 (1=1) (0=0)
(ELSE=SYSMIS)
Offense: ELIGIBLE NE 3 OR ELIGIBLE NE 4
Clinical assessment: ASSESS5 (1=1) (0=0)
(ELSE=SYSMIS)
Other: ASSESS2=1 OR ASSESS3=1 OR
ASSESS4=1 OR ASSESS6=1
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Q10 Criminal risk level targeted
is none, high, moderate, low,
any, offense-based, unsure or
other?
Q11Target behavior is severe
substance use disorder, criminal
thinking, self-improvement and
management, social and
interpersonal skills, life skills, or
punishment only?

No data available

Severe substance use disorder:
DO IF (DRUGCHC1=1 AND DRUGCHC2=1).
COMPUTE Q11TargetBx=1. END IF.
DO IF (DRUGCHC1=1 AND DRUGCHC2=2).
COMPUTE Q11TargetBx=1.
DO IF (DRUGCHC1=3 AND DRUGCHC2=1).
COMPUTE Q11TargetBx=1. END IF.
Self-improvement and management
DO IF (DRUGCHC1=1 AND DRUGCHC2=3).
COMPUTE Q11TargetBx=3. END IF.
DO IF (DRUGCHC1=2). COMPUTE
Q11TargetBx=3. END IF.
DO IF (DRUGCHC1=3 AND DRUGCHC2=2).
COMPUTE Q11TargetBx=3. END IF.
DO IF (DRUGCHC1=3 AND DRUGCHC2=3).
COMPUTE Q11TargetBx=3. END IF.

Q11.1 Secondary target
behaviors of the program.

Substance use:
Criminal thinking:
Self-improvement and management:
-mental health- SATX4 (1=1) (2=1) (0=0)
(ELSE=SYSMIS)
-co-occuring disorders- SATX4 (2=1) (1=0) (0=0)
(ELSE=SYSMIS)
Social and interpersonal skills:
Life skills:
Punishment:
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Q11.2 Specific behavior targeted
by the program?

Any Substance use disorder in Severe Substance Use
group:
DO IF Q11TargetBx=1.
RECODE DRUGCHC2 (1=2) INTO
Q11a1SubTarType.
END IF.
DO IF Q11TargetBx=3.
COMPUTE Q11c1SA=1.
END IF.
Substance use in Self-improvement and management
group:
DO IF Q11TargetBx=3.
COMPUTE Q11c1SA=1.
END IF.
Q11.3 Primary substance used by Cocaine/Crack:
program participants?
DO IF Q11TargetBx=1.
RECODE DRUGCHC1 (1=3) INTO
Q11a2PrimarySub.
END IF.
Q11.4 Secondary substances
Alcohol:
used by participants.
DO IF Q11TargetBx=1 AND DRUGCHC4=1.
COMPUTE Q11a2SecAlc=1.
END IF.
Marijuana:
DO IF Q11TargetBx=1 AND DRUGCHC3=1.
COMPUTE Q11a2SecMar=1.
END IF.
Q11.6 Primary type of program? Specialized Court:
DO IF Q11TargetBx=1.
COMPUTE Q11a4PrimarySubProg=10.
END IF.

Q14 Supplemental features (e.g.
CBT, MFT, Employment
services, vocational training,
etc.)?
Q15 Are rewards used in the
program?

DO IF Q11TargetBx=3.
COMPUTE Q11c2SelfImprvProg=10.
END IF.
No data available

REWARDS (1=1) (2=0)
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Q15a Type of rewards?
Monetary

Monetary:
RWTYPE2 (1=1) (ELSE=0)
Gift certificate:
RWTYPE2 (1=1) (ELSE=0)
Reduced drug testing:
RWTYPE4 (1=1) (ELSE=0)
Reduced supervision:
RWTYPE4 (1=1) (ELSE=0)
Other:
DO IF RWTYPE5 =1 OR RWTYPE3=1 OR
RWTYPE=1.
COMPUTE Q15aOther=1.
END IF.
Q16 Are sanctions used in the
DO IF SANCTIONS5 =2 OR SANCTIONS5=1.
program?
COMPUTE Q16Sanctions=1.
END IF.
Q16.1 What type of sanctions are RECODE SANCTION1 (1=1) (ELSE=0) INTO
used in the program?
Q16aStructured.
Q18 In what setting does the
No data available
program primarily occur?
Q19 What additional restrictions No data available
are placed on participants’
movements (e.g. gps monitoring,
curfews, daily contact, etc.)?
Q21 Is drug testing part of the
COMPUTE Q21DrugTest=1.
program requirements?
Q22 Total hours of clinical
No data available
intervention included in the
program?
Q23 Program duration?
COMPUTE Q23DurationWks= MINTIME * 4.
Q23DurationWks (0=6) (24=3) (36=2) (40=2) (44=2)
(48=2) (56 THRU HIGHEST=1)
Q24 Does the program operate in PHASENUM (1=1) (2=0) (ELSE=SYSMIS)
phases?
Q25 Number of hours per week
No data available
in court?
Q25Number of hours per week
No data available
in treatment?
Q26 How often do participants
No data available
attend court?
Q26 How often do participants
No data available
attend treatment?
Q27 Is follow-up or aftercare
AFTERCARE (1=1) (2=0)
required?
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Q28 Does the program have
specific completion criteria?

Q28 What is the program’s
completion criteria: length of
time, attendance, time without
infractions, attendance at all
sessions, successful completion
of services, other?

Q29 Who administers or
oversees the program: Criminal
justice staff, clinical staff, both?
Q30 What type of credentials do
staff running the program have:
none, advanced degrees, medical
degree, certified addictions
counselor, bachelor’s degree,
program certification, training in
the program, generic
certification, experience, other,
unsure?
Q31 How is information shared
between corrections and program
staff?
OtherInfoShare

DO IF GRADOTH1=1 OR GRADOTH2=1 OR
GRADOTH3=1 OR GRADOTH4=1 OR
GRADOTH5=1 OR
GRADOTH6=1 OR GRADOTH7=1 OR
GRADOTH8=1 OR GRADOTH9=1 OR
GRADOTH10=1 OR
GRADOTH11=1 OR GRADOTH12=1 OR
GRADOTH13=1 OR GRADOTH14=1 OR
(GTIMCNS NE 0 OR GTIMCNS NE-9) OR (
GTIMNOSN NE 0 OR GTIMNOSN NE-9).
COMPUTE Q28Completion=1.
END IF.
DO IF GTIMCNS NE 0 OR GTIMCNS NE-9.
COMPUTE Q28aCompletionSpec=5.
END IF.
DO IF GTIMNOSN NE 0 OR GTIMNOSN NE-9.
COMPUTE Q28aCompletionSpec=3.
END IF.
DO IF GRADOTHER =1.
COMPUTE Q28aCompletionSpec=7.
END IF.
DO IF GRADOTH9 =1.
COMPUTE Q28aCompletionSpec=4.
END IF.
No data available
No data available

No data available
No data available
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Q32 How is the program
evaluated: externally by
contractor, externally by
regulatory agency, internally
using performance
measures/client satisfaction
scales, other, unsure?
Q33 What type of treatment
manual does the program use:
purchased, contractor developed
for program, internally
generated, other, don’t know?
Q34 Does the program include
coaching for staff?
Q35 How is the quality of the
program assessed: External
audits, internal quality assurance
team, review of tapes, supervisor
review, peer review, case review,
other?
Q36 Has the program received
technical assistance in the
previous 12 months?
Q37 What other types of contact
do program providers have with
clients: appointment reminders,
inspiration messages, newsletter
or bulletin, other, none?
Q38 What types of relationships
exist between the criminal justice
system and community
providers: none, memoranda of
understanding, privacy waivers,
formal contracts, shared
intake/assessment forms, ability
to recommend or refuse services
based on client needs, other?

No data available

No data available

No data available
No data available

FEDFUND (1=1) (2=0)
No data available

No data available
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APPENDIX 4: RNR PROGRAM TOOL DOMAIN AND TOTAL SCORES FOR 23
MADCE DRUG TREATMENT COURTS

Court

A
B
C
D
E
F
G
H
I
J
K
L
M
N
O
P
Q
R
S
T
U
V
W
Avg

Risk
Domain
Score
7.5
7.5
7.5
7.5
7.5
3.0
3.0
7.5
7.5
7.5
7.5
3.0
7.5
3.0
7.5
7.5
7.5
7.5
7.5
7.5
7.5
7.5
7.5
7.2

Need
Responsivity
Domain
Domain
Score
Score
12.0
8.0
12.0
8.0
15.0
10.0
12.0
8.0
15.0
10.0
10.0
10.0
7.0
8.0
12.0
8.0
12.0
8.0
12.0
5.5
15.0
10.0
10.0
10.0
15.0
10.0
10.0
10.0
12.0
8.0
12.0
8.0
15.0
10.0
15.0
10.0
15.0
10.0
15.0
10.0
15.0
10.0
12.0
8.0
15.0
10.0
13.5
9.1

Dosage
Domain
Score
15.0
15.0
15.0
12.0
15.0
13.0
15.0
11.0
12.0
13.0
15.0
15.0
12.0
12.0
12.0
15.0
15.0
12.0
12.0
12.0
12.0
15.0
12.0
13.6
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Imple.
Restrict.
Domain
Domain
Score
Score
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
5.0
6.0
7.0
5.0
7.0
7.0
7.0
7.0
7.0
6.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
7.0
6.9

RNR Tool
Score
56.5
56.5
61.5
53.5
61.5
47.0
45.0
52.5
53.5
51.0
61.5
52.0
58.5
49.0
53.5
56.5
61.5
58.5
58.5
58.5
58.5
56.5
58.5
57.3

APPENDIX 5: DRUG COURT SPECIFIC ITEMS FOR RNR PROGRAM TOOL

Variable
Case management conducted by
an employee of the court?
Clients regularly participate in
drug court hearings?
There are specific consequences
for dropping out/failing drug
court

Coding
CSMGMT1 'CSMGMT1: WHO IN THE DRUG
COURT HAS PRIMARY CASE MANAGEMENT'+
' RESPONSIBILITIES'/
CTRMAPPR2 'CTRMAPP2: IN PHASE 1 HOW
OFTEN DO PARTICIPANTS APPEAR IN COURT'
Based on what happens to charges after individual
completes drug court successfully.
GRADCHRG (1 and 4= 2 for leverage; 2 and 3=1;
else=0)

Consequences are put in writing
in a contract.
Official schedule of sanctions.

'CONTRACT3: ARE PARTICIPANTS REQUIRED
TO SIGN A CONTRACT -A CONTRACT
AGREEING TO THE ALTERNATIVE SENTENCE
FOR FAILURE TO COMPLY'
SANCTION1 'SANCTION1: DOES DRUG
COURT HAVE A WRITTEN SCHEDULE OF
SANCTIONS'

Schedule almost always followed SANCTION3 'SANCTION3: IF YES, DOES THE
JUDGE FOLLOW THE SCHEDULE'
Clients are given the schedule
SANCTION2 'SANCTION2: IF YES, DOES THE
DEFENDANT RECEIVE A COPY OF THE
SCHEDULE'
Routine drug testing
No variation, all courts are “yes” on this measure.
Q21 (from Program Tool)= yes
Case management
CSMGMT3 'CSMGMT3: IN PHASE I, HOW
OFTEN DO PARTICIPANTS SEE THEIR CASE
MANAGER'
less than once per week (0)
once per week (.5)
multiple times per week (1)
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Status hearings

Single point of entry

CTRMAPPR2 'CTRMAPP2: IN PHASE 1 HOW
OFTEN DO PARTICIPANTS APPEAR IN COURT'
4 or more times per month (1)
2-3 times per month (.5)
1 time per month (0)
less than once per month (0)
DCENTERMAJ 'DCENTERMAJ: POINT OF DC
ENTRY FOR THE MAJORITY OF CLIENTS'
Pre-plea (1)
Post-plea (1)
Both pre-and post-plea (0)
Don’t know (0)
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APPENDIX 6: DRUG COURT SPECIFIC DOMAINS AND DTC TOTAL
SCORES FOR 23 MADCE DRUG TREATMENT COURTS

Court

A
B
C
D
E
F
G
H
I
J
K
L
M
N
O
P
Q
R
S
T
U
V
W
Avg

Leverage
0.50
2.00
1.50
1.00
1.00
2.00
1.50
2.50
3.00
1.50
1.00
2.00
3.00
2.00
2.50
1.50
2.00
1.00
2.50
3.00
2.50
2.50
1.50
1.89

Predictability
of Sanctions
0.00
1.50
0.00
0.00
2.00
0.00
0.00
0.00
1.50
1.50
1.50
2.50
0.00
1.50
1.50
2.50
2.50
0.00
3.00
0.00
2.00
1.50
1.50
1.15

Routine
Drug
Testing
1.50
1.50
1.50
1.00
1.50
1.50
1.50
1.00
1.50
1.50
1.50
1.50
1.50
1.50
1.50
1.50
1.50
1.00
1.50
1.50
1.50
1.50
1.50
1.43
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Case
Management
0.50
1.50
1.00
0.50
1.50
1.50
1.50
1.00
1.00
1.50
1.50
1.00
1.50
1.50
1.50
1.50
1.50
1.00
1.50
1.00
0.50
1.50
1.00
1.22

Status
Hearings
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50

Point
of
Entry
0.50
0.50
0.50
0.00
0.00
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.50
0.00
0.50
0.50
0.50
0.50
0.50
0.43

DTC
Total
3.00
7.00
4.50
2.50
6.00
5.50
5.00
5.00
7.50
6.50
6.00
7.50
6.50
7.00
7.50
7.50
8.00
3.00
9.00
6.00
7.00
7.50
6.00
6.13
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